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Editorial
From Simple Tools to Strong Foundations — The Great Rebuild of 2026

As we close 2025, the Journal of Information Systems in Business is observing a massive shift in how
the world uses technology. For the past two years, we were in a phase that could be called the "Great
Synchronization." During this time, companies in every city—from London to Bangkok—started using the same
basic Al tools. They synced their businesses with technology, making "IT" and "Business" work as one team
[1].

But as we move into 2026, we are entering a new, challenging phase: The Great Rebuild.

2025: The "Easy Part" is Over

In 2025, the global economy grew by a steady 3.2%, showing that businesses are resilient [2].
However, companies have already finished all the simple automation projects. Now, they must tackle much
harder technological challenges to stay ahead

In 2023 and 2024, it was easy to get ahead by just adding a chatbot to a website or using Al to write
emails. These were "simple automations." Today, almost everyone (88% of organizations) uses Al in at least
one part of their business [3]. However, a recent study showed that while 38% of companies tried out advanced
"Al Agents" this year, only 11% actually put them to work in their real business operations [4]. The simple truth
of 2025 is you can't just "add" Al to an old, broken business process and expect it to work. You have to rebuild

the process from the ground up to be "Al-native."

The Southeast Asian Leapfrog: Building the Future
Southeast Asia (SEA) is currently the best example of this "Great Rebuild." The region is not just
copying the West; it is building something entirely new.
® A $300 Billion Economy: In 2025, the SEA digital economy officially passed $300 billion in value.
This is 1.5 times bigger than what experts predicted ten years ago [5].
® Video Commerce: While the West uses traditional websites, 25% of all online shopping in SEA
now happens through video commerce (shopping directly through live videos and social media) [5].
® The Digital Backbone: To support this growth, Southeast Asia is rebuilding its physical
infrastructure. Data center capacity in the region grew by 180% this year—much faster than the

rest of the Asia-Pacific region [6].

As we look toward 2026, the focus for both researchers and business leaders is shifting. To survive,
companies must stop looking for "tools" and start looking at their "architecture."

1. From Assistants to Agents: In 2026, businesses should move away from Al that just "talks" to us

(like ChatGPT) and toward Al Agents that actually "do" work—like managing a whole supply chain

or handling a customer’s entire travel booking without human help [3].
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2. Digital Immunity: Companies will focus on building "Digital Immune Systems." These are Al-driven
defenses that can find and fix security bugs or system crashes automatically before a human even
knows there is a problem [1].

3. Regional Unity: 2026 is the year the ASEAN Digital Economy Framework Agreement (DEFA) is
expected to be signed. This will create shared rules for 10 countries, potentially growing the region's

digital economy to $2 trillion by 2030 [7].

Conclusion: A New Goal for Research

For our academic community, the "Great Rebuild" means we must change our research. We shouldn't

just study if and how Al works; we need to study how to redesign organizations to work alongside it. 2025

taught us that syncing up was easy, but rebuilding for 2026 is where the true value lies.
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The Role of Fear of Missing Out in Digital Marketing: A Case Study of

Thai Air Asia’s Influence on Consumer Purchase Decisions

Jakapong Varabuntoonvit*
Digital Economy Promotion Agency (depa), Ministry of Digital Economy and Society
Assoc.Prof.Dr. Peter Rachtham

Thammasat Business School
*Correspondence: jakapong.var@gmail.com doi: 10.14456/jisb.2025.7

Abstract

Fear of Missing Out (FOMO) has been implemented in digital marketing across various industries with
different strategies. Understanding how customers respond to these marketing strategies allows marketers to
adjust the campaigns to suit individual preferences, resulting in more efficient use of digital marketing
resources. However, studies on low-cost carriers and FOMO in the Thai context are limited. The main objective
of this qualitative study is to identify and categorize FOMO strategies used in low-cost carriers’ digital marketing
and to investigate their impact on consumer decisions to purchase a plane ticket. Data were collected from a
cross-sectional study of Fly AirAsia Facebook posts from September 2024 to January 2025; words, sentences,
and pictures of the posts were kept for content analysis to identify themes for thematic analysis from in-depth
semi-structured interviews from participants through the lens of Prospect Theory, Scarcity Theory, Social Proof
Theory, and Impulse Buying Theory and to examine their responses to various FOMO-driven marketing
strategies, including limited offers, pricing tactics, destination attractions, influencer endorsements, event-driven
campaigns, and service promotions. The findings revealed that among highly frequent posts and many post
types, ‘Book Now’ and ‘Reserve Now’ are most frequently used. Limited offers and pricing strategies effectively
trigger urgency and impulse buying, whereas influencer endorsements and destination imagery evoke
aspirational desires and social proof, reinforcing consumer engagement. Additionally, thematic analysis
identified key patterns of FOMO techniques, such as the prevalence of urgent language, scarcity cues, and
visually captivating content. The study concludes that while FOMO-based strategies can effectively drive
consumer purchase intention, their impact varies depending on the nature of the promotional content and
perceived value. Implications for digital marketing practitioners and recommendations for future research are

discussed.

Keywords: FOMO; Digital Marketing; AirAsia; Low-Cost Carriers
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1. Introduction

Digital marketing is essential for business success, especially in Thailand, where people spend an
average of 7.58 hours online daily—above the global average of 6.4 hours (Kemp, 2024). Social media offers
a powerful platform for businesses to increase brand awareness, influence consumer decisions, and drive
sales. Fear of Missing Out (FOMO), a psychological principle based on humans’ tendency to compare
themselves to others and avoid missing out (Przybylski et al., 2013), is widely used in digital marketing through
strategies such as limited-time offers, flash sales, exclusive access, influencer campaigns, social media teasers,
contests, giveaways, and real-time updates (Chiu et al., 2016; Hodkinson, 2019). FOMO strategies can create
urgency, boost engagement, enhance brand perception, increase customer loyalty, and provide social proof
(Fiveable, 2024a).

Thai AirAsia, one of Thailand’s most successful low-cost carriers, provides an ideal case for studying
FOMO in digital marketing. Known for its attractive campaigns and cost-efficient approach to reach a wide
customer base, AirAsia aligns with its motto, “Now Everyone Can Fly.” With over 13 million Facebook followers
as of November 2024, frequent posts, high on-time performance, and extensive route coverage, the airline
achieves strong business results (AirAsia, 2025). Despite frequent use of FOMO strategies, the flood of social
media content can overwhelm consumers, and the most effective strategies for different Thai segments remain
unclear.

This study aims to examine how FOMO on Thai AirAsia’s Facebook page influences consumer
purchase decisions and how the insights can help optimize low-cost carriers’ social media campaigns for local

audiences. The research addresses the following question:

® How does FOMO in Low-cost carriers’ digital marketing campaigns influence consumer decisions

to purchase airline tickets?

2. Literature Review
2.1 Theoretical Foundations of FOMO

FOMO refers to the persuasive that others might be having rewarding experiences from which one is
absent. It is often exacerbated by social media, where individuals are constantly exposed to others having a
good life (Dinger et al., 2022; Ilvantchev & lvantcheva, 2024). Alabri also mentioned that the critical point of
FOMO is that the need to belong is a significant driver of FOMO, as individuals seek social validation and
connection (Alabri, 2022), which is similar to the social proof theory by Robert Cialdini, that people are likely
to do what other people do in a given situation (Cialdini, 2001a).

FOMO is strongly rooted in social psychology, particularly in the need for social validation and peer
influence. This provides the theoretical foundation for examining how social media content can trigger FOMO
and influence consumer behavior, particularly in the context of AirAsia.

2.2 Digital Marketing Strategies Leveraging FOMO

The techniques have been used in Digital marketing, which also depends on the platform

characteristics. Facebook and Instagram can use FOMO to amplify the limited-time offers or exclusive content.

Personalized messages can create a sense of urgency, such as countdowns for sales or exclusive access to
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events. In addition, focusing on high-quality content that highlights scarcity, such as limited product releases or
exclusive insights, would enhance customers’ trust and loyalty (Kumar & Kumar, 2024).

Prospect Theory, which includes the concept of Loss Aversion, helps explain the psychological basis
of FOMO by suggesting that individuals are more sensitive to potential losses than equivalent gains. In the
context of marketing, consumers may perceive missing out on a deal as a loss, prompting quicker decisions.
Scarcity Theory further supports this mechanism by proposing that items or opportunities appear more valuable
when they are limited. Integrating FOMO in digital marketing content, such as “Limited time offer” and “Only 3
seats left!” can create a sense of scarcity, making consumers act faster, and Thai AirAsia usually uses this
tactic on its social media channels. Digital marketers have different tools to elevate consumers’ FOMO to
encourage faster decision-making, such as limited-time offers, exclusive deals, and countdown timers (Good &
Hyman, 2021; Hodkinson, 2019).

The content on Facebook posts is also important to convey what the company wants to communicate
to customers based on its objectives. Loo adopted the Stimulus- Organism-Response (S-O-R) to study
customers' social media reactions on different carriers' Facebook pages (Loo, 2020). The type of post stimuli
affects Facebook users’ cognitions and emotions that lead to various behaviors. Posts about an airline’s
achievements often get negative feedback from customers who use the platform to complain about their
experience with the service. While relationship-building posts, such as thanks and festive greetings, received
more positive responses.

2.3 Consumer Decision-Making and Psychological Impact of FOMO

FOMO strongly influences consumer decision-making, particularly in impulsive purchases. Impulse
Buying Theory suggests that consumers sometimes make sudden, unplanned purchases driven by emotions
or situational triggers (Stern, 1962; Chauhan, 2024). Factors such as price, promotional strategies, and service
quality can trigger impulsive buying, with price and destination availability being especially important for low-
cost carrier customers (Yurawan, 2014). Research on Southeast Asian passengers indicates that attitudes,
subjective norms, and perceived behavioral control significantly shape purchase behaviors for low-cost carriers
(Buaphiban & Truong, 2017).

Social and digital environments further intensify the psychological impact of FOMO. Social media
exposes consumers to influencer recommendations, trending promotions, and peer consumption patterns, all
of which can create heightened purchase urgency and emotional tension (Yaputri et al., 2022; Kumar & Kumar,
2024). These behaviors align with Social Proof Theory, which explains why consumers look to others’ actions,
especially in uncertain situations, when forming their own decisions (Cialdini, 2001a). Cultural dimensions, such
as collectivism and power distance, also moderate how consumers experience FOMO and impulse buying,
resulting in different levels of susceptibility across markets (Jayasuriya et al., 2022).

Overall, FOMO shapes both cognitive evaluations (e.g., perceived scarcity, time pressure) and
emotional reactions (e.g., anxiety, urgency), influencing consumers’ likelihood of making immediate purchase
decisions. These insights provide the foundation for examining how Thai AirAsia’s social media content
activates FOMO among Thai consumers and how such psychological triggers translate into ticket-purchase

behavior within a culturally collectivist context.
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3. Conceptual Framework

Prospect

T Scarcity

Theory

o9

Decision to Destination
Purchase LCC Attractions

Ticket

&8

Social Proof

4

Impulse Buying

Theory Theory

Figure 1: Conceptual Framework

The conceptual framework (Figure 1) is derived from 4 main theories: Prospect Theory, Scarcity
Theory, Impulse Buying Theory, and Social Proof Theory, which were mentioned in previous studies related to
FOMO from the literature review section. Associated Digital marketing strategies have been leveraged regarding
the 4 main theories, and were matched from the observed Fly AirAsia Facebook posts to come up with the
most frequently used strategies as shown in the second layer of the circle, and it affects the consumer's FOMO
feeling that triggers the decision to purchase of low-cost carriers ticket.

This conceptual framework helps guide the research to discover the digital marketing strategies related
to FOMO, which the selected theories can explain, and further explore the consumers’ feelings towards the

strategy used by LCC.

4. Methodology

This research aims to identify and categorize FOMO strategies used in Low-Cost carriers' marketing
efforts and to investigate the impact of FOMO on Low-cost carriers’ digital marketing campaigns on consumer
decisions to purchase. Hence, the study employs directed content analysis and inter-rater reliability (IRR) to
ensure coding credibility, followed by participant interviews to explore their feelings in depth. The following

subsection discusses the research methods to find the answer in accordance with the objectives.
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4.1 Directed Content Analysis and Inter-Rater Reliability (IRR)

The 196 posts were collected from “Fly AirAsia” Facebook posts, including descriptions and pictures
from September 2024 to January 2025. The Directed Content Analysis will be used to focus on existing theories
or frameworks to guide the analysis (Hsieh & Shannon, 2005). The related theories will be categorized and
extended to explore FOMO phenomena in digital marketing, resulting in the decision to purchase LCC.

Starting by defining the initial category based on the conceptual model, then analyzing the social
media posts and data segments into predefined categories and creating subcategories if a new theme emerges.
Later, Thematic analysis was used to identify, analyze, and interpret patterns or themes within the context of
interview transcripts (Braun & Clarke, 2006).

In addition to the coding process, Inter-Rater Reliability (IRR) is implemented to ensure the study's
credibility, trustworthiness, and reduce bias, following Cohen’s Kappa (k) metric, can measure the agreement
between 2 coders, can be adjusted if needed, and is suitable for categorical data (Landis & Koch, 1977).

The coders are randomly coded from random posts. A contingency table was created, and the
observed and expected agreements were calculated and then derived into Cohen’s Kappa formula, where 0.8

is considered acceptable:

PO_PE
1- P,

Cohen’s Kappa (K) =

Where:

Po = Proportion of observed agreement where both raters agree.

Number of agreed classification

o

Total Classifications

Pe = Proportion of expected agreement by chance. It uses marginal totals (row and column totals in the

contingency table) to calculate the likelihood of random agreement.

Number of agreed classification

o

Total Classifications

4.2 Participant Interviews

This is to follow the objective to investigate the impact of FOMO on Low-cost Carriers’ digital marketing
campaigns on consumer decisions to purchase by leveraging a purposive sampling technique to interview
participants.

Semi-structured interviews were conducted with the prepared interview questions, and participants
were asked to elaborate more on their answers. The duration of the interview will be approximately 40-60
minutes for 15 participants.

Interview participants were selected using purposive criteria, including Thai nationality, age between
20 and 60 years, prior experience making flight-booking decisions influenced by FOMO, and active use of

digital platforms to access promotional content.
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The interview has 2 parts, which are general demographic questions, including age, gender, education level,
geographic location, and travel frequency, and interview questions showing the post’'s sample that follows the
5 main themes as defined in the conceptual framework, with another Service promotion theme newly derived

from the coding process.

5. Research Findings and Discussion
5.1 Coders Agreement

The results from 2 coders are shown on the table below.

Table 1 The Expected Agreement Value for each Category

Pre-defined Category Results
Limited Offers 0.01062057476
Pricing 0.0202780091
Destination Attractions 0.0676801332
Influencer Endorsement 0.02332361516
Event-Driven Campaign 0.04589233653
Service Promotion 0.0104123282

Table 2 The Value of Cohen’s Kappa

Measurements Results
Po (Observed Agreement) 0.8520408163
P, (Expected Agreement) 0.1782069971
Cohen’s Kappa (K) 0.8199556541

Cohen’s Kappa result is more than 0.8, indicating that there is almost perfect agreement.
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5.2 Post Description Section Structure

The structure of description has a variety of usage in the posts, but it can mainly be categorized into
2 types. This can be varied depending on the post context. This helps us see the overview of how AirAsia

structures its description in the posts.

Figure 2 Route Promote Structure of Description

Overview Section

catchy words and sentences are located here. Including influencer's Facebook page, travel plan,
must-go places of the destination, event, discount, and more.

It's the first thing the audience will see, usually tells the overview of the post in short.

Booking link is provided here.

Flight detail Section

Includes the information detail related to flight: flight route, boocking and traveling period,
starting price.
Benefits of flying with AirAsia or with Additional Service

Traveling detail Section
Booking and traveling period.

Sometimes includes AirAsia’s additional services.
* The booking link can also be found here.

Bottom Section
e Terms and conditions and Hashtags. Both can be placed alternately

The main idea of the post is located at the top section, and the rest tells the details of the flights,

destinations, including booking and flying period. It can be found commonly on the campaigns and promotion

posts.

Figure 3 Influencer Post Structure of Description

Upper Section

Attractive word or sentence to capture attention.
Name of collab influencer

Middle Section

Recommendation of places to go and activities to do, to eat depends on the context
Usually divided by day or travel lifestyle bullets

Bottom Section

 Telling the experience of traveling with AirAsia from Influencer's perspective.

» Explain the flight details such as the number of route, arrival time, and duration
* Any benefits of flying with AirAsia

= Booking link (Call-to-action)

¢ Hashtags
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Post related to influencer review is also commonly used. It contains a special review from influencers
collaborating with AirAsia with a recommended travel plan, and ending with flight details.
5.3 Wording Analysis

The analysis of Thai AirAsia’s Facebook posts identified recurring words and phrases that trigger
FOMO among consumers. Words such as “Book Now” (38367%) and “Reserve Now” (384L8%) appear most
frequently, typically near the booking link or during the booking period. According to the collected posts, “Book
Now” (389@2%) was used 37 times, followed by “Reserve Now” (384L88) 31 times. These words, along with
phrases associated with scarcity, exclusivity, rewards, and experiences, are frequently combined (e.g., Urgency
& Scarcity) to create a strong sense of urgency for consumers. Table 3 shows how each word/phrase was

grouped and most frequent words that appeared in the analyzed texts.

Table 3 Groups of words/phrases, their frequency and most frequent words/phrases

Most Frequent

Group Word/Phrase Frequency FOMO Trigger
Words
Urgency “Book Quickly” (38467%), “Book 97 280967% (37), Create time
Now” (384Lt88)), “Hurry to Book” 9LaY (31) pressure that
(%‘Ll’a]ad), “Urgent” (@71), “Last encourages
Day” (fuqmi"’lsl), “Last consumers to
Chance” (Iamaqwﬁ’]sl), act immediately,
“Coming Soon” (L%’J 9 17:), avoiding the risk
“Final Stretch” (Iﬁaq@ﬁm) of missing the
opportunity.
Scarcity “Limited Quantity” (IN43% 13 wudNG (5), Emphasize
31N@), “Only” (whifu), “Within” Wi (6) limited
(n’lslsl,u), “First 100 People” availability,
(100 ¥iNuLL3N) which increases

the perceived
value of the
opportunity and
triggers FOMO.

Exclusivity “Special” (WLAM), “Free” (W3), 16 “Special” (WL#M) (6), | Suggest unique
“Giveaway” (llan), “Cool “Free” (‘V\I%) (4) benefits only
Activities” (NANTINLIY 9)), accessible to a
“Exclusive Privileges” (83 limited
NLA) audience,

enhancing the

sense of

missing out.
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Table 3 Groups of words/phrases, their frequency and most frequent words/phrases (cont.)

Most Frequent

Group Word/Phrase Frequency FOMO Trigger
Words
Reward “Discount” (§74aq), “Pay Fun” 9 “Discount” (§I489) Emphasize
(L‘]JETW%), PAYDAY, “Free (2) tangible gains
Giveaway” (LLﬁmW%), BIG SALE, that consumers
“Within Budget” (VLSJ'Lﬁmll) may lose if they
do not act.
Experience “Fun” (W), “Heartwarming” (13 19 “Fun” (W) (3), Appeal to
#), “Impressive” @Wsznivla), “Great” (ALag) (2) emotional
“Must Experience” (RNW&N satisfaction,
ﬂ%\‘i), “Go Enjoy” (Vl,ﬂ‘?\lu), “Chill” making
(TR), “Chic” (T9), “Snap” (W), consumers fear
“Great” (aLaﬂl), “Go Ahead” (vL‘lJ missing
Lag), “Convenient” (82@3n), enjoyable
“On Time” (§#33L381) experiences.
Social Proof “Everyone Can Go” (lﬂi 9 Al 6 “Top Hit” (1aada) Indicate that
16, “Shop Freely” (ratindn), ) others are
“Super Wow” (q@]’i”]’;), “Top Hit” participating,
(aade) motivating
consumers to
follow the crowd
to avoid social
exclusion.
Emotion “Wow” (111), “Impressive” 10 “Wow” (117) (2) Using emotional

Wsznula), “Heartwarming” (13
W), “Fun’ (Fw), “Great” (Fian),
“No Delay” (vl,liamﬁ), “Unique”
(vl,ajﬁlgiuﬂm), “Release Joy”

(Usapaag)

triggers
complement
other FOMO
strategies by
motivating users

to act quickly.
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Table 3 Groups of words/phrases, their frequency and most frequent words/phrases (cont.)

Most Frequent
Group Word/Phrase Frequency FOMO Trigger
Words
Urgency & “Most Urgent” (@hu‘ﬁlﬁ;m), “Last 9 - amplify FOMO
Scarcity Time” (ﬂ%&g@lﬁﬂﬂ), “All Out” by
(ff@ll,ﬁ&l), “Packed” (3N 9), simultaneously
“Grand” (édl%fyj) targeting
Exclusivity & “Special” (q@ﬁm‘iﬂ), “Free 6 - multiple triggers,
Reward Giveaway” (LLﬁm‘N‘%), “Cool making posts
Activities” (NAINTTNLII 9)), especially
“Discount” (§I1489) compelling.
Urgency & “Don’t Forget” (aginfa), “Don'’t 8 -
Experience Miss” (WIUWa1a), “Only”
(winiiw), “Last Chance” (lama
gavng)

5.4 Sentence Analysis

The analysis explores the specific language and messaging techniques AirAsia uses in its digital
marketing content to evoke FOMO and influence consumer behavior. The sentences in posts often leverage
scarcity, urgency, social proof, and emotional triggers to encourage quicker purchasing decisions.

5.4.1 Limited Offers

The sentences emphasize that the offers are only available for a short time period by highlighting
countdowns and deadlines, leveraging loss aversion techniques, and driving customers to act quickly for fear
of losing the special deal that will soon expire which is matched with Scarcity Theory, more sensitive to potential
losses than gains, leading them to respond more intensely to messages that imply scarcity or exclusivity
(Kahneman & Tversky, 1979). In AirAsia’s post, these techniques usually come with steep discounts or zero-
baht fares that lead to higher conversion rates during the final hours of a campaign. Time-limited offers create
urgency and scarcity, motivating consumers to act immediately to avoid missing out.

“Last 3 Days” (3 Tuga¥Ne)

“Last of the Year’ (ﬂ%ﬂg@ﬁwsmaaﬂ)

“Final Stretch” (Idagarig)

5.4.2 Pricing (Special Discounts and Loyalty Rewards)

AirAsia constantly creates content based on its partnership’s special offers, such as credit card brands,
destination partnerships. Pricing strategies in AirAsia’s digital marketing are tactically framed to highlight
exceptional value, effectively combining Prospect Theory’s value function and Impulse Buying Theory’s
emotionally charged ads and bundled offers. Highlighting exclusive or limited offers motivates consumers to
act quickly to gain rewards they might otherwise miss.

“Special! Only for KTC credit cards, get a 500 THB discount” (WLeii#! law1zaslaTaa KTC JU
FIWAA 500 UN)
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“Special activity: Receive AirAsia points totaling 3 million points, 187 prizes available” (ﬁﬁ]ﬂ‘;‘iﬁJﬁLﬂH
JU AirAsia points 338 3 SBWBET 31w 187 31978)

5.4.3 Value Proposition Beyond Price

Beyond affordable pricing, AirAsia emphasizes other benefits such as convenience, comfort, and
unique experiences. Sentences promoting these aspects create emotional appeal and highlight the value of
acting now, especially for extra services like in-flight amenities.

“So convenient! Don’t forget to book and enjoy” (azmmmuﬁt amﬁmadvlﬂﬂuﬁ'uﬁmuz)

“Direct flight from Bangkok (Don Mueang) to Seoul” (J%a3931N NILNNY ((ﬂamﬁa\‘l) Eﬂﬁlja)

5.4.4 Seasonal Campaigns

AirAsia’s seasonal posts highlight attractions and events at specific times of the year. By showing
time-limited or seasonal experiences, consumers feel they might miss unique moments if they do not act. This
strategy aligns with Scarcity Theory.

“Year-end overseas travel: 6 dream cities you must visit at least once in your life” (L“?i gawandaed
Tuuda 6 Wasluiudiesnlilusnessludsa)

“During the festive season, cities will be decorated with millions of lights, offering a super chill
atmosphere and nice weather. Plus, they are nearby with no visa required” (IuﬁadLﬂﬂﬂﬁaLLﬁdﬂaﬁwqm Fash
drzauanuddluda lwiuduals UTIMAFA Ta 0INNANA wondulng lidasldian)

5.4.5 Destination Marketing

AirAsia also promotes destinations using influencer content, showcasing unique experiences tailored
to each influencer’s style. Posts often include action-oriented sentences that encourage immediate engagement
and highlight social proof, making consumers fear missing out on experiences others are enjoying.

“Simple travel plan for Nha Trang, Vietnam with the page ‘ASA PaPaiLong’ — 3 gray banknotes got
you covered” (LLwauLﬁmnunma Baawn 418 9 Ao twaananw lnad 3 IULwWLaﬂagj)

“If watching this makes you want to travel, pack your bags and book your ticket with AirAsia now”
(lﬂi@LLﬁ'saﬁ'lﬂLﬁmLﬁuﬂi:Lﬂﬂ laassnunedieds ldasasy)

5.5 Picture Analysis

This section analyzes the visual content of AirAsia’s Facebook posts to understand how images and
graphics are used to evoke FOMO and influence consumer behavior. Pictures can reinforce urgency, scarcity,
social proof, and emotional appeal, complementing the wording and sentences analyzed previously.

5.5.1 Limited Offers

A total of 24 posts were categorized under Limited Offers. These posts strategically emphasize
scarcity-driven marketing, impulse buying inducements, and social proof mechanisms. Visuals often highlight
countdowns, limited availability, or promotional banners, creating a sense of urgency and scarcity that
encourages rapid consumer action. Consumers viewing these images may fear missing out on limited-time
deals, prompting immediate booking behavior.

5.5.2 Pricing

41 posts were categorized under Pricing. Pricing visuals are often combined with destination attractions
or other themes, which sometimes caused ambiguity between coders. After discussion, the primary theme was

determined for each post. These images convey urgency, highlight perceived value, and induce impulsive
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purchase behavior. By presenting steep discounts, special offers, or loyalty rewards visually, AirAsia
encourages consumers to act quickly to avoid missing out on these valuable deals, aligning with Prospect
Theory, Impulse Buying Theory, Scarcity Theory, and Social Proof Theory.

5.5.3 Destination Attractions

Destination-focused visuals showcase culturally significant locations and compelling imagery to
promote domestic and international routes. By emphasizing unique attractions, these posts appeal to travelers’
desire for memorable experiences. Seeing these images can create a fear of missing out on enjoyable or
culturally significant travel experiences, motivating consumers to book promptly to avoid missing such
opportunities.

5.5.4 Influencer Endorsement

28 posts are considered Influencer Endorsement. AirAsia utilizes influencers to enhance brand
credibility, foster emotional connection, and increase engagement. Visuals often feature influencers
experiencing destinations or interacting with products in unique ways, which highlights aspirational or relatable
experiences. Consumers observing these posts may feel that they are missing out on the experiences others
are enjoying, strengthening the social proof effect and motivating bookings.

5.5.5 Event-Driven Campaign

43 posts are considered Event-Driven Campaign, often tied to festivals or seasonal events. AirAsia
uses these images to promote timely and memorable experiences, emphasizing events or attractions that exist
only for a limited period. Consumers viewing these visuals experience FOMO, feeling they could miss a unique
opportunity if they do not act quickly, which drives engagement and encourages immediate booking.

5.5.6 Service Promotion

The new Service Promotion category includes 20 posts highlighting additional services, bundled offers,
or premium in-flight amenities. These visuals emphasize convenience, value, and enhanced travel experiences.
By showing premium offerings visually, AirAsia creates a sense of exclusivity and scarcity, motivating
consumers to upgrade or purchase additional services to avoid missing out on a better travel experience.

Across all picture categories, AirAsia strategically uses visual content to trigger FOMO in different
ways. Limited offers and pricing images emphasize urgency and scarcity, destination and event images highlight
experiences that may be missed, influencer posts leverage social proof, and service promotions appeal to
exclusivity. By integrating these FOMO triggers, AirAsia encourages quicker consumer decisions, higher
engagement, and increased bookings.
5.6 Results from the interview

The interviews were conducted from April to early May 2025, with a total of 15 participants. The sample
consisted of 7 males and 8 females, aged between 22 and 50 years old (average age = 32.87). Most
participants resided in Bangkok and the surrounding metropolitan area (Bangkok = 8, Pathum Thani = 2,
Nonthaburi = 2), while three participants lived outside Bangkok but had previously relocated from other regions
for work or study.

In terms of occupation, 9 participants worked in private-sector companies, 3 were government
employees, 1 was university staff, 1 was a college student, and 1 worked in a family business. Their travel

frequency with low-cost carriers over the past 12 months ranged from 0 to 10 trips across all low-cost airlines
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operating in Thailand. The interviews were conducted through both online platforms (13 participants) and in-
person sessions (2 participants), depending on participant availability and convenience.

These demographic and behavioral characteristics indicate that the participants represent typical
users of low-cost carriers in Thailand who actively engage in digital platforms for travel-related decisions,
making them appropriate for exploring FOMO-related booking behavior.

The Interview guide consisted of 2 parts:

(1) General demographic questions

(2) Reactions to FOMO triggers identified in the content analysis

The questions were derived from the literature review, including Scarcity Theory, Social Proof
Theory, Prospect Theory, and Impulse Buying Theory, as well as the themes identified during the content
analysis. This ensured that the interview explored both cognitive and emotional responses to FOMO triggers
relevant to digital airline marketing.

5.6.1 Keywords

Participants were shown the selected FOMO-triggered words and needed to choose those words that
triggered their FOMO feeling the most. “BIG SALE”, “Last Day” (’?u’sj@] ¥ine), and “Final Stretch” (IFT\‘J g9 Yine)
are the most selected words in the frequency of 9, 8, 6 respectively.

5.6.2 Facebook Post Recall

When asking participants what is in their mind when thinking about a Facebook post from Thai low-
cost carriers, based on their experience. Most of them remembered that they saw the post related to low-cost
carriers and remember the 0 baht promotion and the urgent feeling triggered keyword (“Free” (‘V\l%), “First 100
People” (i?ail‘ﬁ’lul,l,iﬂ), “Hurry to Book Before It's Gone” (%‘Llﬁ] 2INannua), “Last Day” (fuqmﬁ"m). However,
some participants feel no motivation to book the flight after seeing the new route to various destinations includes
a landmark or a must-visit place.

5.6.3 Thematic Analysis Results

(1) Limited Offers

® |mpact based on travel plans: The study revealed that time-limited offers, such as “Last 14
days” or “Last 3 days,” elicit mixed emotional responses among consumers. Participants who already had travel
plans reported feeling a sense of urgency to act quickly, aligning with the scarcity principle (Cialdini, 2009).
The plan also includes the people who go with them, family members, or friends; some participants don’t want
to go alone. Available period and pricing are also important to decide, not just the pressure-triggered strategy.
This is also aligned with Przybylski’s research that the urgency is context-dependent (Przybylski et al., 2013).

® Effect of Specific Phrases and Language: Specific words such as “Last Day,” “Final Call,” and
“Last Chance” were perceived as more compelling than longer-duration offers like “14 Days Only. Most
participants felt compelled by the terms indicating immediate action, but a few perceived such language as
exaggerated or manipulative.

® |nfluence of Visual Elements (Colors and Formats): Color usage also emerged as a significant
factor in driving urgency. Red was commonly associated with urgency and time-sensitivity interpreted as a call-

to-action, while yellow was perceived as indicative of limited stock or final deals. This insight aligns with color
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psychology in marketing, where it influences the likeability and familiarity of the brand (Labrecque & Milne,

2012).

® Skepticism and Perceived Authenticity: Several participants expressed skepticism about the
authenticity of limited offers, considering it a marketing strategy, particularly when similar promotions have been
repeatedly seen. Then they feel no pressure to act quickly or decide to give up because they think that the
seats are already filled up. It can be considered as the cry-wolf effect, where overuse of urgency leads to
diminishing the brand’s credibility (Hodkinson, 2019).

(2) Pricing

® Completed travel plan more than seeing super cheap prices: Participants often feel excited
initially when seeing the promotion associated with super cheap prices, but decide not to purchase a ticket yet
since it requires lots of preparation before booking the flight right away. They need to prepare the travel plan,
available period, people who are going with, etc., before making a final decision. This behavior aligns with the
Planned Behavior Theory (Ajzen, 1991), where intentions are influenced by perceived control and situational
factors.

® Urgent booking behavior: price and timing synchronization. However, some participants have
experience booking flights right away when they see special prices that are cheaper than usual, and when they
see posts on Facebook. This happened when they had an available period, such as on a weekend or holiday,
and needed some vacation.

® The synchronization between promotional prices and specific travel periods acts as a powerful
motivator for immediate booking. This finding highlights the effectiveness of time-limited promotions targeting
weekends, holidays, or common vacation periods as a tactic for increasing conversion rates. The decision-
making process here resembles the Scarcity Principle (Cialdini, 2001b), where perceived rarity (e.g., limited-
time offers) accelerates purchase behavior.

® Specific price points as immediate triggers: Many participants express the attractive feeling of
seeing the discounted price. Specific price points, clearly displayed in large fonts or vibrant colors, capture
attention more effectively. It evokes a stronger immediate response than percentage-based. They explained
that numerical price tags are more transparent and relatable.

® Skepticism and perceived deception of unmatched prices: Comparing and contrasting prices
before making a decision has also been recommended to ensure that they get the best price. Some participants
have experienced a mismatch between the promoted price and the actual price, which makes them feel
negative towards the band. This aligns with the Attribution Theory (Weiner, 1985), where consumers are
exposed to negative experiences in marketing tactics, potentially reducing brand credibility, and also matched
with the theory of Expectation-Disconfirmation (Oliver, 1980), where unmet expectations result in negative
consumer experiences.

® Consumer segmentation: price sensitivity and convenience priority: Pricing can gain higher
interest from participants who are students and early to mid-career professionals, where budget friendliness is
the priority of concern. At the same time, older people tend to have less concern about the budget. They can

pay a little bit more to trade for convenience and comfort throughout their journey.
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® Younger participants (20s-30s) are highly price-sensitive and likely to book immediately if the
price aligns with the available period. For older participants (40s-50s), they are less likely to be affected by low
price tactics, but more inclined to pay extra to gain more comfort.

(3) Destination Attractions

® Destination relevance and personal connection: Participants are more likely to engage with
promotional content when the destination aligns with their personal interests, bucket list, or hometown, as some
of them need to fly frequently to their home. Destinations that hold emotional or personal significance are
perceived as more compelling. This is influenced by personal relevance and emotional attachment, which can
be explained by the Theory of Planned Behavior (Ajzen, 1991), suggesting that personal relevance amplifies
the intention to act on promotional offers.

® Visual appeal and emotional resonance of destination images: Showing beautiful pictures of
the destination, such as scenery, activities to do, and creating the excitement of going to the destination. They
see themselves in the destination’s picture and want to see more information about the post because of the
fear of missing the special deals.

® Using destination imagery to showcase the different scenarios is a powerful motivator for
engagement. This tactic follows the Visual Persuasion Theory, where visual cues effectively evoke emotions
and drive decision-making (Messaris, 1996).

® Unexplored or lesser-known destinations as attention grabbers: Destination promotions
featuring unfamiliar or lesser-known locations generate curiosity and attract more attention, especially for
participants who actively seek new travel experiences. Unexplored destinations act as novelty triggers that
captivate attention and inspire curiosity to click. The Exploration Motivation Theory can explain this
phenomenon, that novel stimuli are more attractive and give a stronger sense of behavioral responses (Berlyne,
1960)

® Recommendation-based destination marketing: In addition, recommendation posts related to
places to go and activities to do give the audience the idea to go to each place based on individual preferences.
This creates a sense of personalization and relevance, increasing the likelihood of engagement.

(4) Influencer Endorsement

® Contents align with participants’ desire: Participants are more likely to engage with influencer
content when the destination aligns with their pre-existing travel interests or desired travel list. If the featured
destination is already on their bucket list, they are more inclined to engage and consider the content for future
reference. Moreover, detailed and informative content that includes travel plans, itineraries, and specific travel
tips is perceived as more valuable and actionable than general promotional content. Participants appreciate
structured itineraries and practical information, such as transportation options and dining recommendations.

® |nspirational and aspirational influence: Influencers who present destinations with visually
appealing, aspirational content can evoke a desire to visit, even if the destination was not previously considered
by the participant.

® Post-purchase content as travel planning inspiration: Some participants also mentioned

engaging with influencer content after purchasing a ticket, using it as a source of inspiration or itinerary guidance
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for their upcoming trip. This strategy leverages the Post-Purchase Reassurance Effect, where content that
affirms the consumer’s choice fosters positive brand associations and reduces cognitive dissonance.

® Credibility concerns and perceived authenticity: Several participants express skepticism
towards influencer content, perceiving it as overly promotional or insincere. They tend to seek more authentic
reviews from non-sponsored sources such as YouTube, Pantip, or independent travel blogs. Trustworthy and
unbiased sources hold more persuasive power than overtly commercial endorsements (Hovland & Weiss,
1951).

(5) Event-driven Campaign

® Negative feelings towards seasonal events: Participants generally expressed a negative
sentiment towards event-driven promotions, perceiving them as crowded, expensive, and inconvenient. These
participants actively avoid traveling during festival periods, associating them with stress rather than enjoyment.
This indicates a potential misalignment between promotional messaging and actual travel intentions for specific
traveler segments.

® Participants who have personal or emotional connections to specific festivals or destinations
show a stronger interest in event-driven promotions, particularly when the destination has personal significance.
This highlights the importance of targeted event marketing that leverages personal connections to destinations
rather than generic festival promotions.

® The convenience-price-availability triad: Event-driven campaigns that emphasize a combination
of convenient flight schedules, affordable pricing, and reliable return flights are more likely to gain traction
among participants.

® L ow appeal of onboard activities: Activities involving AirAsia staff or celebrity appearances
onboard are generally perceived as unnecessary or even undesirable, especially for travelers who seek
relaxation.

(6) Service Promotion

® Service promotion as informative detail: AirAsia’s Facebook content also promotes its services,
which are limited to AirAsia’s flights. When these services are added together with booking, customers will earn
more benefits at a cheaper cost. Participants mentioned that they feel nothing or dislike seeing these posts,
compared to other types of posts would trigger the feeling of booking much more.

® Service promotion content is perceived as functional but uninspiring. It lacks the emotional or
aspirational triggers that participants respond to in destination-based or price-focused posts. This indicates a
potential gap in marketing strategy, where service promotions could be reframed to emphasize convenience,
comfort, and peace of mind rather than basic product information.

® Preference for full-service carriers over low-cost add-ons: Participants weigh the perceived
cost-effectiveness of full-service carriers against AirAsia’s add-ons. The additional effort required to assess,
compare, and purchase multiple add-ons detracts from the appeal. This finding aligns with the Cognitive Effort
Theory (Payne, 1976), where consumers seek to minimize cognitive effort in decision-making. For AirAsia,
there is an opportunity to reframe add-ons as all-inclusive bundles that simplify booking and present a clear,

consolidated price.
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® Trust and perceived service quality: Participants also expressed their feelings towards airlines
because of the good quality service that makes them trust AirAsia and choose to fly with it next time.

® Positive service experience can be a brand differentiator, reinforcing perceived reliability and
encouraging repeat purchases. While AirAsia’s add-ons may not be the primary attraction, highlighting positive
service aspects (e.g., punctuality, courteous staff) can strengthen brand loyalty and increase willingness to
consider add-ons.

Table 4 summarizes study results and groups them into key themes.

Table 4: Themes of study results

Themes Study Results

Limited Offers Generated the strongest scarcity-based FOMO responses. Participants reacted most
intensely to urgent phrasing and time-sensitive colors, which heightened perceived
pressure to make quick decisions. However, overuse of such tactics also caused
skepticism and reduced credibility, showing that scarcity-induced FOMO is effective but

fragile.

Pricing Produced value-driven FOMO, particularly when prices were extremely low and clearly
displayed. Participants experienced excitement and fear of missing a good deal, but
purchasing was often delayed until travel plans were feasible. This shows that pricing

triggers FOMO only when aligned with personal readiness and available travel periods.

Destination Activated experiential FOMO. Visually appealing images, recommended activities, and
Attractions unfamiliar destinations stimulated curiosity and a desire not to miss unique experiences.
Participants imagined themselves at the destination, demonstrating how visual

persuasion and novelty cues strongly fuel FOMO.

Influencer Created social-comparison FOMO. Influencers showcasing appealing trips made some
Endorsement participants feel motivated to travel or save ideas for future trips. However, perceived
insincerity reduced trust among others, indicating that authenticity significantly

moderates FOMO in influencer-based promotions.

Event-Driven Produced mixed or negative FOMO effects. While participants with emotional
Campaigns connections to specific festivals responded positively, most associated event-season
travel with crowds and inconvenience, reducing interest and in some cases creating

avoidance rather than FOMO.

Service Generated little to no FOMO. These posts were seen as functional, informational, and
Promotion not emotionally compelling. Although positive service experiences contributed to trust

and loyalty, service add-ons themselves did not trigger urgency or fear of missing out.

Overall, the cross-theme comparison shows that FOMO is most strongly triggered by scarcity, value,
and experiential imagery, while authenticity and personal relevance influence how effectively the message
translate into intention to book. Themes lacking emotional or experimental appeal-such as service promotions

produce minimal FOMO effects.
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6. Conclusions
6.1 Research Finding Summary

The study analyzed the short and impactful words collected from “Fly AirAsia” Facebook promotional
posts and revealed that AirAsia employs a multi-layered FOMO strategy, integrating urgency, scarcity, reward,
exclusivity, and emotional appeal to compel immediate consumer action. Urgency was picked as the dominant
strategy, with phrases “a8467%” and “2 @48 &”, which mirrors digital marketing practices that employ time
pressure to accelerate decision-making (Kumar & Kumar, 2024). These cues directly reflect Scarcity Theory,
which states that consumers perceive scarce or time-limited offers as more valuable, and are therefore more
likely to take immediate action. The wording also supports Prospect Theory’s loss aversion, in which individuals
act quickly to avoid missing out on a good deal rather than to seek gains. This confirms earlier studies showing
that urgency-based appeals are central to FOMO-driven marketing (Good & Hyman, 2021; Hodkinson, 2019).

Sentence-level findings further show strong reliance on scarcity-oriented messaging such as “3 days
left” (3 fuﬁ;mﬁ’] ¢/) and “Last chance of the year” (@ %\‘1 ga RN ERR ), reinforcing the psychological triggers
identified in FOMO literature. AirAsia also employs numerous exclusive or partnership-based pricing messages,
for example, “Exclusive KTC credit card offer — 500 THB discount” (ALeii#! LaW12UAILATAG KTC JURIHAN
500 unn). These tactics align with Impulse Buying Theory, which highlights that clear, specific, and immediate
savings increase the likelihood of spontaneous purchases (Stern, 1962; Chauhan, 2024). This is particularly
relevant in the low-cost carrier context, where consumers exhibit high sensitivity to price promotions and limited-
seat deals (Yurawan, 2014; Buaphiban & Truong, 2017). Destination-based phrases that rely on social
validation, such as “Lﬁm%dﬂiﬂ%ﬁmn’jﬂm dasduwasiardy ,” demonstrate the use of Social Proof Theory,
where traveler popularity and collective behavior influence consumers’ destination choices (Cialdini, 2001a;
Yaputri et al., 2022).

The picture analysis shows that Thai AirAsia often integrates multiple themes—most notably Influencer
Endorsement, Destination Attraction, and Event-Driven Campaigns—within a single post. This blended
approach aligns with Loo’s (2020) application of the Stimulus—Organism—Response (S-O-R) framework, which
posits that visual stimuli trigger emotional responses that subsequently drive online engagement and purchasing
behaviors. Scenic landscapes, iconic landmarks, cultural imagery, and festival-related visuals are used to evoke
emotional resonance, consistent with literature indicating that vivid and high-quality imagery heightens FOMO
and strengthens consumer desire (Kumar & Kumar, 2024). Additionally, AirAsia’s maintained visual identity,
through consistent color schemes (red and white) and recognizable brand elements, supports findings in digital
branding studies stating that coherence enhances trust and reduces perceived risk during online decision-
making.

Interview results reveal that Limited-offer messages only influence behavior when participants already
have pre-existing travel intentions, which aligns closely with the Theory of Planned Behavior (Ajzen, 1991),
particularly the role of intention and perceived behavioral control in shaping actual behavior. Participants also
emphasized that precise numerical prices seem more credible than percentage discounts, reinforcing Impulse
Buying Theory’s proposition that clarity reduces cognitive load and increases the likelihood of spontaneous

bookings. However, inconsistencies between promotional and actual ticket prices generated perceptions of
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dishonesty, underscoring Hodkinson’s (2019) argument that transparency is crucial in building trust in digital
marketing.

Among all visual themes, Destination Attraction emerged as the most influential. Destinations
associated with personal nostalgia, bucket-list aspirations, or previous positive experiences significantly
increased consumers’ intention to browse or purchase, a pattern consistent with the emotional and social
dimensions of FOMO highlighted by Dinger et al. (2022) and lvantchev & Ivantcheva (2024). Pictures of lesser-
known locations also elicited a sense of curiosity and adventure, demonstrating how novelty can amplify FOMO-
driven exploration. By contrast, participants expressed skepticism toward overly curated influencer content,
aligning with recent findings that consumers increasingly prefer authentic, experience-based recommendations
over promotional endorsements (Yaputri et al., 2022).

Event-driven campaigns generated mixed reactions, reflecting cultural nuances identified by Jayasuriya
et al. (2022). While some participants were attracted to culturally meaningful or nostalgic festivals, others
avoided peak periods due to high prices and crowding, illustrating how cultural values, social expectations, and
perceived inconvenience interact to shape FOMO-driven motivations. Finally, Service Promotion was viewed
as informative rather than emotionally engaging, which corresponds with earlier studies showing that functional
content generates weaker affective responses compared to experiential or community-oriented posts.

Overall, the findings not only confirm but also extend prior research by demonstrating how FOMO-
related theories, including Scarcity Theory, Prospect Theory, Impulse Buying Theory, Social Proof Theory, and
S-O-R, operate simultaneously within Thai AirAsia’s digital marketing ecosystem. Integrating these perspectives
provides a comprehensive understanding of how psychological triggers, digital content design, and cultural
context jointly influence Thai consumers’ flight-booking decisions on social media.

6.2 Research Benefits and Implications

(1) Academic Contribution

This study can enrich theoretical understanding of how FOMO strategies influence consumer purchase
decisions within the low-cost carriers, particularly in the context of Thai AirAsia. It also extends existing literature
on digital persuasion by examining scarcity, urgency, and social proof cues shape decision-making in high-
frequency, price-sensitive travel purchases.

(2) Implications for Airlines

The findings offer airlines practical guidance for developing more effective FOMO-driven marketing
initiatives. Specific strategies include implementing real-time seat availability indicators (e.g., “Only 3 seats
left”), incorporating countdown timers in time-sensitive fare promotions, and sending personalized notifications
based on users’ past search behavior. These applications can enhance message relevance and stimulate
quicker purchase decisions among consumers. Blending different approaches gives more impact to induce
attention.

(3) Implications for Digital Marketers

Digital marketers can utilize the results to design targeted, psychologically aligned campaigns that
resonate with consumers who are sensitive to FOMO cues. Effective approaches include segmenting audiences
by behavioral tendencies, integrating social proof statements (e.g., “1,000 people booked this destination

today”), and optimizing push notifications and email content to highlight limited-time opportunities.
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(4) Responsible and Ethical Marketing Practices

The findings also emphasize the importance of ethical considerations when employing FOMO-driven
strategies. Marketers should avoid excessive pressure tactics or misleading scarcity claims, ensure
transparency regarding offer availability, and establish boundaries that prevent emotional manipulation.
Adhering to responsible practices can sustain consumer trust and mitigate potential backlash.

(5) Implications for Hospitality Businesses

Hotels, and other tourism-related businesses with limited marketing resources can apply FOMO
principles to enhance booking conversions. Potential strategies include displaying real-time demand signals
(e.g., “12 people are viewing this room”), offering flash promotions during low-demand periods, and
collaborating with airlines to create limited-time bundled deals.

(6) Implications for E-commerce Platforms

Most e-commerce platforms have already implemented FOMO-based such as low-stock notices,
limited-time deals, and personalized recommendations. The findings of this study support the refinement and
optimization of these strategies. Platforms can enhance effectiveness by improving the precision of scarcity
signals, tailoring urgency cues to individual consumer behavior, and ensuring transparency to avoid misleading
pressure tactics. Additionally, the insights encourage e-commerce operators to evaluate the ethical boundaries
of their current FOMO-driven mechanisms and make adjustments that sustain consumer trust while maintaining
conversion performance.

6.3 Limitations and Future Research

The research focuses solely on Thai AirAsia, considering that other Low-cost carriers might learn more
about their digital marketing strategies and their impact on consumers from different perspectives. In addition,
future research should consider cross-cultural analysis since cultural perspectives may impact on how people
perceive and respond differently to FOMO campaigns.

The study collects data from consumer perception at a single point in time. Using longitudinal data
could provide more comprehensive insights into how consumers respond to FOMO strategies over time or
during different marketing campaigns.

Future research should consider quantitative analysis to validate the identified themes, including
necessary metrics, which could provide a more extensive analysis of FOMO strategy effectiveness. It should
also compare the results of findings across different social media platforms.

Cross-industry comparison is also recommended since each industry has its conditions and unique
response to the strategies. And behavioral dimensions and new theory should be included to earn a wider

range of insights.
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Abstract

This research aims to develop a model for classifying emotions expressed in user comments related
to deposit products. A total of 7,245 comments were collected from the official Facebook pages of commercial
banks and Specialized Financial Institutions (SFls) in Thailand. The comments, originally written in Thai, were
translated into English and used to fine-tune the BERT-base-uncased model for multi-label emotion
classification across ten categories: Joy, Anger, Sadness, Fear, Trust, Disgust, Surprise, Anticipation, Positive,
and Negative After training the model for five epochs, the results demonstrated strong performance, with a
Precision of 0.9194, Recall of 0.8526, F1-score of 0.8847, ROC AUC of 0.9614, and Accuracy of 0.6796.
These findings suggest that deep learning techniques can be effectively applied to emotional analysis of
customer feedback. The model can be integrated into real-world applications such as sentiment dashboards,
automated alert systems for negative feedback, or marketing campaigns that respond appropriately to users’

emotional tones.

Keywords: Emotion Classification; Comments; Social Media; Multi-label Classification; BERT Model; Deposit

Products
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N 1 Ylf]ﬁ:rﬁ’sdﬁamsmﬁﬂlad Plutchik 31N The Emotion Wheel: What It Is and How to Use It.
Wws9fian: Karimova (2017)
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anumandd anliwala wWisanuianizaiudauuIud
fmIvansuaidinuandssy wivzldldaglunguensuainanuas Plutchik wifinnudAtyatnabs
TulE3u5un lesanausnasvion "ﬁﬂmwaammjﬁni@mm” nIalwa13avestannuldatrstaian
lasdsanuuaa Polarity of Words §134 NRC Word-Emotion Association Lexicon (Mohammad & Turney, 2013)
A o o A « { & A ' % a o
Fanazrunuansacadnnudadnnnululananuduass LLa:msﬂ,‘mmmsmLﬂi’]:ﬁmimﬁmm;ﬁm’m
= a Qo a v 1 Al &/ a v { o { { U
1umu°n°naaNa@mmsﬁwml’mvlmamamauﬂqwmnmmuT,ﬂuluusuma:mammuuﬁamﬂuaauvlaﬁﬁl,ﬁmmaa
AududinfianuddyedisbslugadinafigauinuaasnnufaduiioinunianusiuazuIn1IH %
& &€ & € o Aa A L2 A o @ A
wwaanasuaaulail Ltu LBnd, wein, BugaunI (Instagram) Waz 136N (Reddit) T9ANNMAYLHDIN
fansaFINANTENULaz Rz ok lituluaaans3uld (Chan & Chong, 2016) Toyanunnunasnaisag
) > a U ™ =Y Qs v v I} A‘ g: ]
Iandunsdumunindilariauaduazanuaenisvasgnatldadid nds naluudvasanuianwalauas

anulunaladanaa A miiSuwen 11w aasaantds n13lruIny vialuslutuiiae n13IeTzRdan11uaIn
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%a&aﬂuaau"l,aﬁﬁqUL%LNﬂﬂaga‘ﬁ'Lﬂuﬂsﬂwﬁ@iamimaﬂaqm‘mommmﬂ MIIudsime uwaznIahe
anuiswalauiand
ludududhnmadiensdenaiindunumaaylunshsldsnanmisanidunsduaaninzy
mwﬁ@Lﬁuﬁazﬁauﬁaﬂszaumizﬁa‘%wmgnﬂ’w viw wnfiglFuinslnaddaninudy “aantdoIurnd1nin
UIANTANUIN" W3B ‘mudadyTeaulaionuazduden °1Tammmmf:mmm%lﬁl,ﬁuﬁaq@a'awnaa
P A

mﬂ’ﬁ‘nmaﬁaﬂ@i’%’umiﬂ%’uﬂga (Wei & Dihong, 2024) lunsnaunudaanuifiansmadauin 11w “su1an3

v v
AA o

uwumaumnﬂ@ﬁrﬁﬁdwULLa:a:mr]" %30 “Iﬂﬂufuﬁumﬂqﬂﬁuﬁlﬁ@aﬂLﬁﬂgd” uaadnanuNIwalavas
anen %aﬁagamm‘f':mmmﬁﬂﬂﬁ’lumi?ammawmﬂNammé’nL‘%ﬁmaw%mﬂﬁasmﬁﬂiz%ﬂ%mw
(Gutiérrez-Fandifio et al., 2021) mﬁLﬂﬁ:ﬁﬁamwummﬁmﬁ'ﬂmﬂiﬂaﬁﬁguga % MU IENINN BT TINTG
(Natural Language Processing: NLP) Lm:miﬁﬂuﬁmaam%a (Machine Learning) I@ﬂawlﬂmmﬁugm
L1 Naive Bayes %38 Logistic Regression landsluiaafgudounin 1 Transformer-Based Models 8£14
BERT uaz RoBERTa 1184 uuSun1asdannuuazuenugzatsualluionnuldagnsudng (Liu et al., 2019)
uanNHEIa1anTalF Lexicon-Based Analysis ﬁﬁawwg’mﬁaHaﬁwﬁwﬁﬁﬁmﬂ%awimﬁum‘smﬁmmﬁmﬁu
| SentiWordNet w38 Financial Sentiment Lexicon S9inansdwniunisdiamzidaanufifianuifiordasniu
n33ulagians (Araque et al., 2019) Sentiment Analysis i g9g28lui309n153a Tz NA AL 1
luﬂagﬂ‘u udgsaunsadaaauwilinvasanuaainluszezendlaals ww mil,ﬂﬁﬂul,l,ﬂaammfénmaa
Qnﬁ’nﬁmﬁ‘ulﬁml'mn'ammwé’anwaaniﬂﬂw%‘u ‘m%amsm%ﬂuLﬁmum’mﬁmﬁmzwjwaﬁmmsgjl,m ﬁa%m
L%d'ﬁnmshf:mﬂrl,ﬁﬁmmimminﬂ%’uﬂyN’&(ﬂﬁmﬁua:u’%mﬂﬁmaﬁumﬂmTaam?uaagnﬁﬂé’aﬁlﬁu T
I%Lﬂmi”agaﬁw'ﬁﬂumsﬁwmnaﬂq“nfmmm@ﬁLﬁummauauadmwmwi‘waagﬂﬁﬂm%ﬁﬂ (Wei &
Dihong, 2024) T4n1W373 Sentiment Analysis %\1Lﬂum’%aaﬁaﬁwﬁrga%m%"uamﬂ‘umsﬁulumsﬁwmmL°ﬂ”’11ﬁ1
andnacnguainen Frufiudsransawlumslwnsnms USudgsquninsasniaimet uazaianudunuizo:
§1NLNEN S'fi\‘lLﬂuﬂafﬁ'ﬂﬁwé’zylumimid{fusluqﬂﬁmwuﬁ@Lﬁuuuéaﬁaﬂmaﬂaﬁﬁuwmwéwé’tg@iami
andulizasguslng
2.3 HAAA W InEN

naanmsiIudnlukdad A E A aITUIAT Lﬁaamn“ﬁaULﬁuam‘wmiaamam‘sﬁmm:aﬁfum&u
N30t HnTINIVBITUIANT (Mohamed Zaki et al., 2024) lagndanmaiiduednanuisainarslszinn

n@aeTw 1) UryTaauning (Savings Account) Hinnautant wRzEnIUMsITuluiiadszdiniu 2)

'
A o

1BH1N1U3231 (Fixed Deposit) @amﬁsgan’haam%'wﬁ wAGaININANTEBZIANTRUG 3) VTNIZUE
3787% (Current Account) W IUTINTINLTITING Tiviuaenids 4) TuT3ud1n@3Na (Digital Account)
YNEINTTUAIUULALWALATY §2A2N 320132 5) T TIan1engy (Specialized Account) L% LRy BdnIuLgians
wianansuszlomiians %aiagaﬂimmﬁm\hﬂmminﬁnmlﬁﬂumu%ﬁalumﬁwm@myj’LLafim‘swzﬁ
amudadinldainfilszanimwainniu dathatu mndaaunsnis “ToFeaunind” wia ‘aanidodudn”
luwansdenzianuianaansnduun ldideanuamnanasisuiisanufiswalaniannulifanelazas
§nﬁﬂvl,@1”mh\ﬂ,l,ajus‘héﬁu
2.4 Wit asmdadmridudinendaanauniadianaanlak Tﬂﬂ1§mﬂﬁﬂﬂ’]‘st§ﬂ%§mﬁ)dLﬂéad
Abdulrashid et al. (2024) l@Anwnansznuaassnsmlnsduniadsnuaanlarl laganz33ereen
mwaum’uuggﬂﬁﬁ@ia@m’;mﬁ’n%mﬁaﬂ’nuﬁwmmmaamwﬂ%@%ﬁauﬂwstﬁm'm Lﬁaﬁwiﬁgw’ﬁmmwwm‘
wazinasnuaunInaadulaldadefideya Tasldia3asila Machine Learning #ia Random Forest (RF) L&

SHAP (SHapley Additive exPlanation) a3z iaduniiiniwadannudiFaniennuduinaizasnInewa s
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Tawl4 Bayesian Optimization lun13U5uuasfmIndiaadiieindszansawmsrimsliadetn uazls
SHAP lumsafunsanudagveudazlaeds wansdnswudiiiadmadunmouaiuwgnlianuduiusiy
seldvasnineuad lagamiziass 15u $1uaunssuTa FasudiBiuindeidsan uazszauanuailalu
mstatastunnena’ Setfasamsnfimansaiiwsanudunainiannudnseesnneualdasneg
U3eaNTNIN

Meng et al. (2024) Vl,@TﬁﬂMLﬁ'mﬁ’umsm@mmimwLémqjﬁé"smwaa;ﬂﬁuuﬁaﬁmuaaﬂaﬁ
ﬁi’mqﬂizmﬁlumsm@mirﬁmmL’émsl,ummhﬁumwad;ﬁﬁdﬂﬂa (Weibo)I@mﬁumiiw%agaam
TaaU IWFFLAZAN U AN UFUNBINIFIAND DM IALE Lﬁaﬁ'@uuﬁ%miﬁmmsmzyﬁa;ﬂ“ﬁmu‘ﬁ'ﬁmwmﬁm
I&egnausindruinin laglfinaia Word2Vec tiautasdaninuiiiuianiaad uazld PageRank Algorithm
lunisdszdiudnswazasdlduluiaiadnodian uazaranisoidasluiaa TCNN-SN (Text Convolutional
Neural Network based on Social Network relationships) t3suiisuluias TuiaaniaiFousy DILA3BILAZNNT
138 uiL"Tjd an (Deep Learning) 'éﬂllu 9 LT Support Vector Machines (SVM), Naive Bayes (NB), TextCNN
Fonaansugaslifininluiea TCNN-SN sasaivanuuiudrlumsmglaaniluesildtannuegiodon
Tag'le Accuracy Sauaz 88.57, F1-score Satiaz 88.75, WAz AUC Sataz 94.25 %agaﬂ'jﬂm@a TextCNN

Wasguily Sowas 12.18, Sauar 10.84, uaz Souaz 10.85 MUEIAL

o A

=1 U U @ @ d‘v dl dl v et v 15
Bae et al. (2021) ﬂﬂ‘]:}'lLLﬂZ@]iQ'ﬂﬁ]UﬂﬂBmzﬂﬁx‘mTﬂ’lLL&&%’J“USL%Q%’I‘Y]LTWEI'J‘IIa\'iﬂllﬁd‘ﬂ&ll,l,u’ﬂulﬁluﬂ%
Iiﬂ%@Lﬂﬂiﬂﬁiaﬁ’ﬁ'aﬂ?’mﬁ]’mlﬁﬂaﬂ LLE]:W@N%’]?:UMTNSL%&I%?Eadm%ﬂdﬁﬁ’]&l’l TndunnuazItnTERa

Lmn@msm’mmjuﬁﬂﬂiﬂ%@lmmm:nsjwmuqu"lﬁ ﬂszﬂqﬂ@ﬂﬂumamn’%wiuuuﬁﬁaau 1¢uA Random

o a

Forest, Support Vector Machine, Logistic Regression iL8s Naive Bayes WWadunnlwada a\‘lﬁdﬂmm’ﬂﬁf&llﬂu
liadannainnguaiugy lasluaaniilsz@niniwgigafia Random Forest Nlanuududigigalunis
Fuunlwad (Fasas 96) H. Han et al. (2024) Ansuissfifatszifindseintnnaesdanasiiy MIsou3

{ o Aa o A a & & @ {
vaaiaIad (ML) lumiasadung@nssunisundamalauat (Cyber-Troling) Aivinauwanmafiviayalufe
saavaanlai lasidSouiivuluiea Random Forest, Light Gradient Boosting Machine (LightGBM), Logistic
Regression, Support Vector Machine (SVM) a2 Naive Bayes @18 FITIANRANT (Matrix) fa Accuracy,

.. A o V] o ° v A )

Precision, Recall Uz F1 Score SIHaawsf lddaluiaa Random Forest viaulddngauazianuuiudigga
Abdullah et al. (2024) ld@nwin1iianzidayanfedianaanlabifoszyuwildulundiod

a & A 6w < A Yoo 1A & o o o a a ¢ Lo
dlnniafindduun Ty Setreldgdruinamaunsnamanisaiuwaliy Uiudsimadanislaia@ng (Logistic)
LazaauAkaIANGaINITaIRUTIne JagagniiununiuriunzuIunIdstayadalud@aniolad
i . w o A o & = & A €a & A & a &
(Web Scraping) lanunastayadsznaudinfadiauaaulaiuaziivlodwidizddianniafing uaziiaazy
anuEnBILInuaniIauaslnaciuaziia lauld vader Polarity Score naawsusasliirudnlasuanuiiou

< %Y

wasnaasm A wAnoulwy teiin lddduanaansndiunagninsamauszlaiafndlimaandasny
wpdlaialer

uaﬂmﬂﬁ%mﬂmu'i%'ﬂ"l.@ﬁ"l‘*ﬁﬂ]”agamﬂLLwa@wmfanifaé’f\muaau"l.a‘1I L% 18N, 1306 uaziWan
Lﬁ'a%Lﬂi’l:ﬁﬂ’ﬂ&lfﬁﬂ%adQifdﬂuluﬁ?fa@iﬁd 9 1% NIURAIBENTINNLTNAIT (Bae et al., 2021) #38n5
#13733U9121a88 (Meng et al., 2024) ’%of:aa@ﬂﬁaaﬁ'umﬁLﬂi’]:ﬁmwﬁ@Lﬁwuaagﬂﬁnﬁmﬁuw%mﬁwﬁﬁu
H1n Immsmmmm’mﬁ@Lﬁumahf:mmwsnﬁnﬁ%auwamﬂa%uﬁu toldTmansansndhfsyuueives
gﬂﬁwvl,@?aﬂ’mu,ﬁa’%a ﬂ']i%’@ﬂi:l,nwmmj?ﬁn (Sentiment Classification) 915398 &%l ajliwn1390152107
dfonann 1w wiadwEiuan, ey wiatdunans 499udsoilesnfensiemeiuuy Multiclassification

‘ﬁﬂiﬂ‘].lﬂi}llﬂ’ﬁ&lﬂi 10 UseLan vL@TLLﬂl ﬂ’)’]&l?q(“ll, ﬂ’J’]&IIﬂ‘S‘E, ﬂ’J’]&JL?I%/’W, ﬂ’J’]&Jﬂﬁ’], ﬂ’J’]NVL’S/’J’NSLﬁ], mm%’mﬁm,
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ANUUEAAAle, ANUANARIY, 1TILIN LATLTIAL %ﬁﬁaﬂ‘l,ﬁm‘sﬁ‘hLLuﬂmwfﬁﬂL%dﬁﬂmmmﬁﬂﬂﬂs:qmﬂ%
Iatuluusunuasnaasimai@udn lagszydsziananuiininanufaiiugndi 13u anuiisnaladedan
aaniily wiannulinelasau3nns mﬂffﬂumeiﬁﬂuf‘uauﬂ%aa NWILLTU Negru et al. (2025) Laadl#
Lﬁum{l‘ﬂumamsﬁ'wj"uaqm‘%'aal,l,azmif%wﬁl,%aﬁﬂ 1% BERT, RoBERTa, az XLM-R lumsduuiunaad
Faanuuszinanauduivasmiinneimsiamstszniuns wisvsulngUszniunaluieadiodaia
wan lewA Accuracy, Precision, Recall, F1-score, Laz ROC AUC WadaanuudnduazUsziniaanlums
Funndays wananii 593 Training Loss W&z Validation Loss é’n%%’uaﬂmuwn%ﬁMﬁL’%Wﬁ%dI&JL@&
FRINIMIENAB
3.1 NT2UUBIANIIIVY

;ﬁ%’ﬂﬁﬁwadmauumﬁmm NN =29890130DkwaY Plutchik (Plutchik's Wheel of Emotions, 1980)
6’1‘%\‘1Lauadﬁmmfﬁﬁugmmawgwﬁﬂi:ﬂauﬁm 8 dazian ldun anwgy, anwulnis, anuai, anuna,
aulinala, awsafies, anudszratala wazauaAIanis msurﬁmﬁhﬁgﬂaanLLuanﬁaa:ﬁau
woAnssuuaznIuEadeanvesuysiaiaTaungy uazldsumsihanlgedisun snaslunuwidodiunis

a [ wR . . ¥
UAEHAMANINN (Sentiment Analysis) UnVBAINN

aa ~a o

4. 75N1373¢

A o % 1 s 1 I v dl dl v a a v € Aa ﬁ =3 v 6 6V

didvlinguaradraduteanaufiioadesiunianmeiidulin Ssdedayaanunaanafuinain
A & A o AN wa A A A
insnniudedsanaanlaifldiuanuiisuinnigalulzinalng mnwavessinasmdizdludsznealng
fla TWIAINTINW SIAT Inorndled swiaInTeeteysn sKAINTYIing suaInansing wazswaning

A 'Y Aa A Aa A o Aa

U@ uazaniuMIRKaNZAY fa suaIeandu JufunuTndaysvadlnadluiwaressuiasniinig
Inadaiud unaay 2567 — nunvius 2568 lasld Exportcomments.com Milwivloddsagddwinasdaya
anudainnFefiauaanlal NanuaTdinuazaTauAgumRIUM TN TZR

ANIWA WA UIZLAUNAINLART 3 UUADWANN A% 1. iagaﬁmmgmmuaamﬂu 3 70 leun
q@ﬁagaﬁlﬂ (Training Data) 388/a¢ 70, TAT0daATI9TOUANNYNADY (Validation Data) Souaz 15 UazTaTaya
nagay (Testing Data) Sawaz 15 miutsluanwuzifithnanoieldinilailuaasainsnSouinndayasn
Ing) wiaunidgadayadnivdiuwisdiaed (Parameter) 331i19n138n uazgadayausndsnIndniy
Ussifnnaansosnadusssy Icﬂmgm]”agaﬂﬂgﬂﬁmﬂﬂum:mumiﬂ%’uLwiﬂmﬂammﬁmumsﬂmlu
samialdmaniniFouiansusianzrastannuiinoadasiunuids u miuaasarsuailuanufaiu
WNuRAaAMIudIN gadayansrareuanugnedas lEdniuaaseuanuududisznininfinuag
flasriudgynilaiiaifads (Overfiting) lusmznyadayanasevazlfidudayansndraminlunisdeziiin
UsrENTA 209 luLaanaIanmTENLESaa% 2. MsEnuaznasouluias WWalssuIaNaRazINLRNaNTN BN
PRI ;ﬁ%’mlﬁaﬂl“ﬁIm@am‘mﬁmumiﬂﬂmuﬁadwﬂﬁh (Pre-trained Language Model) annuwaawasy
Hugging Face @atJuuias7u lutaadunsUseuanan B 53INTIA N LU T0eusUatdunIras luiaa
nlFluiuidbiide BERT-base-uncased T97043ulamzn1mainns uaz ldasunilndudiadayasuialng

1 1 = v = v I} J U @ o = 1 U ]
Mnunasds 9 Jlanumansnlunsdilavionvesnmldeinedngs fiiluaadindaanlinudim
laua3 Transformers 1849 Hugging Face laslwaaithgniialauaduazdivudsluaaifiuifudisgatayanaa
thoivensusiud eldlueamansnifouiorsualandennuanizneiiioadasnuniadmiidudn
P895UIA1T NMITIURIU Hugging Face I7aldiSoudasansnidnfislutasszauanasgiuldagnimais
o v o M e oA . LY ¢ & o

wazaansnhandszgndlinutayalnaldainsdandulashidasiinluaaingud Sativaanaiuaznineins
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lumsnamluaaadlaatrsunnlasluaaazinmsinmnzidannuiazuisnaansaaniduensuat 10 Yszian
ldun anuge, analnis, anweai, anund, analineda, aneiufss, anudenaals, anuaands,
LTIUIN WRZLTIAL LLa:ﬁwvl,ﬂmaauﬁ'um‘*ﬁa;ilamaauLﬁaﬂizLﬁummLL&iuﬂmazmwummsﬂumﬁwLLuﬂ
Foaw 3. mytszlunaluian lums3soi Idssduwdsansanuesluaalasldsaiia 7 Uszinn Aazrian
ﬁaa’nummmlunmﬁsuj‘*ﬂa\ﬂmm wazanuuind lunsdiuunarsuaianndaainu lawn Training Loss,
Validation Loss, Accuracy, Precision, Recall, F1-score itag ROC AUC

wamﬁme:ﬁa:gnﬁ%aualugﬂLLuwaoﬂiﬁwLﬁameﬁammﬁwﬁuﬁmmiaaa NAAZLUHAINN
wainguasluias LLazﬂsz’ﬁ‘n%mwmaaIuLmsl,unﬁa"m,l,uﬂmmﬁnmaa;ﬁ‘ﬁmuﬁﬁ@iawamﬁmﬁﬁumn laoadd
LL&:‘ﬁaQaﬁvlﬁﬁaﬂﬁﬁaﬂsnﬁummmminmaﬂm@mlﬁaaﬁu uasilwiugudmiumainluealdszgndls
sl,umu%msw:ﬁﬁagaﬁa

M3ANEASI I NNTIIUTINTEANURLAEI ToIT NGRS TS AN %aﬁaﬁa;&ammmamﬂa?mw
sinnnnataisaTndizdludszinalng do swraIngunw swiansinewdiod suianInjeeter s
TWIATINTIINY BUAINENTINY uazswanTinesund uazsnmumduanizia de suiaeanEu 1w
7w laolfivladdnsagudwiudsdayaExportcomments.com Tagsurnldninua 356 Inad 7,245
ANNAAARIALLIEASIW GINNT 2 mwLLamé’@d’m‘*ﬁaa&aﬁwmﬂwaﬁmaaﬁmms ez Wi 3 GREPIRTGEE
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a a
5. HaN13294 wazandsgua
A & v [ a ¢ .
5.1 N1FNATEHVDYIAIYANNDVDIDNIND (Frequency of Emotions)

NNMNWA 4 ANuDVBIaNITNDE (Frequency of Emotions) LEaIaNND89a1 0Bl LuLaaaI N1 TasIwun
VI,GTﬁnﬂ‘*quagamaau FoduanufaiAninoinunaanmaiiiudnuassu1IA1IN leanFaginuaaw balh
I@]ﬂ"ﬁagaﬁoﬂmﬂﬁ%’umia@ﬂwﬂﬁwﬁ'umimﬁmmﬁw LLazgﬂﬁwmﬁﬁmﬁﬁﬁﬁﬂﬂiﬁﬁ'salhlma BERT AIN14N1Y
HndwaTaauu alienefanvaennsnszansvadarsnoii luaamun naadn e nanmsianzinuin

&a ' A v . A o * R a ' = <
arswaifidnnguesfiga ldun Positive uaz Trust Taseviauiisnnuianludwin wu anufanwala anuiula
wazawlinelanglifidenfanmeinianiniiniinisdu equandasarsunt Joy, Surprise uaz Anticipation
luizﬁuﬂﬁauﬁﬁagd lunmenaunu e1suoienuay Liu Negative, Anger, uaz Sadness Usngluszauiunsis
sruasuniniianudedfge Ae Fear uaz Disgust Tvanaacianisanulisugavastoyaluuenguatsut
1 1 v o v g: ldq’ { I o Y o Qs { v A
fanadauwd Ldumsiweuadluaadie nad asanndunmsiwsnuuurasihamiundaanuniesansa

) v

v v ' A { g: v
Bl aumiumﬂﬂmﬂmmmﬂs:mw ANuDTBd mmrﬁm%mﬁaa’mgdmﬁmmumammiwgwagam M|

layRaAARBINUNINA 5 é’@d’ma‘hmuﬂﬂﬁﬁﬂﬁ‘umﬂ“g@ﬁa%mnéuﬁaaamﬁﬁm Positive a2 Trust mnﬁq@

Frequency of Emotions in Predicted Data
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5.2 LAN3NBN13LANTINVBIBN TN L (Emotion Co-Occurrence Matrix)

wnindmafainvasarsunl (Emotion Co-occurrence Matrix) ua@sAMuivaInIsLlingiuiuas
o13unins 10 dszianmeludannudsaiu lasadasalundasgesasuninduaasiiminnsofionsuolaes
Uszianusingaurin ludaanui@ien 1w uad Trust aosun Anticipation Sensawagil 1,106 a3a sxviawlsiifin
i Q‘Iﬁﬁl,mmﬂ'nu"lﬁ'mla}@iawa@1ﬁmsﬁ%‘%au‘%mimamsﬁuﬁnﬁmwumwi’ai’mag@‘hzJ luvinuaadoann
finswuaudvasmaiesiniuszninsersuoldiuangn 9 ﬁﬁawﬁwga LT Trust NU Joy (1,872 ﬂ%:d),
Positive NU Joy (2,196 ﬂ%:\i), U8z Positive U Trust (2,246 ﬂ%y'q) Famzvioudouwilivaasansuolludwnossse
1y awaiila anufiswela uazauiEng deewna Mindnngwiewiwdedliduszaumsalifeuaniy
WA YA 01T DAEIAULNIE 15U Anger AU Disgust (316 ﬂ%&) L8z Sadness NU Negative (686
a%9) Adsngsrutuluszaunils Tavenaazdeuisuuniiiioadasiuanalinals anufands nie
Uszaunisaidliiwluawanuaiands wanani ﬂ'ﬁﬁaguuummmwamﬂ%ﬂ% v Trust (2,749),
Anticipation (1,521), waz Positive (3,512) ugasfsswindaanufiugasansuohinsiiulasianiy lag'ls
$ulludasfaswivanuaiau @h61'\1ﬂma%sl,ﬁl,ﬁmwmsmﬁl,%amﬂmd'ﬁ':ﬁ'ﬂﬂﬁﬂgafjﬁul,@iu%'ﬂsl,um‘ﬁaga
lansw uazifluasddsznavddgpainnuian °uaaQ’L%muﬁﬁ@iawamﬁmsﬁmamﬂu lavagd wnin Siley
ia;gm%oﬁmﬁlmﬁ“'uﬁﬂum:maamﬁ'uj’ua:mmjﬁﬂ maapj‘l‘*ﬁmuﬁ"l,aﬂmuumimﬁtﬁm weLdwnINRNNE B
yasonsuamasuuyluwdaanudsiu Ssmansnin lWlddsslomilunseanuuuszuuuuei MITANFNANY
fAaLAn 138N13219 ﬂaﬂq‘ﬂﬁéam*sﬁlaa@ﬂﬁaaﬁ'uu%uwmamimﬁmadmjuLﬂmmﬂ‘l@?amuﬁﬂ‘naﬂ%mw

:
s =
AILLRAININN 6
Emotion Co-occurrence Matrix
3500
anger- 889 547 316 407 505 352 520 569 644 537

anticipation - 547 1521 133 219 1088 176 978 1106 1204 341 3000
disgust - 316 133 382 307 94 307 118 108 181 373

2500

fear - 407 219 307 616 162 453 181 245 294 519

joy - 505 1088 94 162 [EFRCTA 135 1872 m 208

sadness - 352 176 307 453 135 714 178 213 323 686

surprise - 520 978 118 181 178 1878 1638 256

trust - 569 1106 108 245 187 213 2749 2246 349

positive - 644 1204 181 294 ﬂ 323

208 686 256 349 487 1135

-2000

- 1500

- 1000

487

¥
&
w
4
P
o
=
o

negative - 537

anger -
fear

Joy -
positive

negative -

disgust -
sadness
surprise -

anticipation -

MWA 6 LunIndmaiasInvasansus (Emotion Co-Occurrence Matrix)

5.3 n1ydsziiinnalataa

UsmindszansnmaasTuealaglddriie 7 Uszan ‘?'ia:ﬁauﬁy’amwmmmiumﬂ%ﬂujﬂla\ﬂm@m
wazANLInE luAITIIwunensNel andaainn beun Training Loss, Validation Loss, Accuracy, Precision,
Recall, F1-score uaz ROC AUC laguani1sdsziinlaias 91na1319% 1 ugasnansUszidnlues dnlues
BERT #1wyunuitunnarsualuuunanaihesiny wudn @1 Training Loss Was Validation Loss 81 lila
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aAasagnIdaLiles 910 Epoch‘ﬁ 1 59 5 lapen Validation Loss 8n8991n 0.3201 thaa 0.2094 Gaazranin
luiamunaadouinndeyaldodnalyszininm wazlidnngfyameslymlanesiaasluszniems
#in lugruvas é1 Precision uaz Recall Wuiwagélm:ﬁuﬁ?]azm@imﬁad Tagsn Precision tAnduann 0.844
1 Epoch 74 1 1% 0.919 1u Epoch 71 5 amizfien Recall tAinduann 0.753 1ilu 0.853 Gensmaseniiuulely
ga'ﬁu LLazagluﬁadﬁﬁa’jw “8” (2 0.80) Aaud Epoch 7 3 luduly waasliiAniluaamannazyensuild
azhoLL&iuﬂwLLazmauaﬁgumﬂﬁldﬁmﬁashumsﬂﬂslmwiaziau wana Nt e Fl-score Tatludnanaszning
Precision Waz Recall fitinduagnssaiiosan 0.796 1u Epoch # 1 1w 0.885 lu Epoch # 5 Tagtamnzlu
Epoch 7 4 uaz 5 Gafien F1-score §9ni1 0.88 ﬁa'jwagslmzﬁu “Gan” azﬁau'jﬂwmammsn%’nmaw@a
izmwmmLL&iuﬂﬁLLazmwmamqﬂﬁaﬂwaﬁﬂsz%w%mw N1 @1 Accuracy azag’lwﬁw 0.44-0.68 G‘Eqmﬁ]@
fudafouniuauiuundsznniall walusSunaasmssusnuuuwansihemiuiluesdasiwnsersuol
wa1uUszANanTeauLdss nslden Accuracy dn3ailudasing wazlulddgsananlunislsziin
Useansmwaasluaadszianit ﬁmﬁq@ 1 ROC AUC fusmlsiuifindinasnsdaiauann 0.9249 lu Epoch i1
1% 0.9614 1w Epoch 1 5 I@ﬂaglmzé’uﬁﬁa'jw “&97n” (2 0.90) Gaue Epoch u3n ugasliifininluias

RINTORYNLETIERTINTN DI ARz U TN b BN InanE e TLRE mmwgomaﬂﬂi:mumiﬂn

@15719% 1 wamsdseilinluies dnluiea BERT wsuanuiusnansuaiuuunaaihemnu

Epoch | Training Loss | Validation Loss | Precision Recall F1 Accuracy | Roc Auc
1 0.352900 0.320052 0.844349 | 0.753419 | 0.796296 | 0.442441 | 0.924863
2 0.273100 0.250019 0.878193 | 0.822650 | 0.849515 | 0.553398 | 0.950580
3 0.228700 0.228057 0.908372 | 0.834615 | 0.869933 | 0.636616 | 0.955852
4 0.208800 0.214973 0.908967 | 0.853419 | 0.880317 | 0.656033 | 0.960353
5 0.197800 0.209433 0.919355 | 0.852564 | 0.884701 | 0.679612 | 0.961445

5.3.1 Training Loss lLa Validation Loss

wamsﬂﬂiwmmmmmunﬁwm'%ﬂmﬁm_lﬂ"]mmgtyl,ﬁmzwmqwﬁagaﬂn (Training Loss) uaz e
ia%mmmaau (Validation Loss) FImwi 7 I@]UﬂswwLLamﬂ"}mmgtyl,ﬁmaﬂm@aslmwia: Epoch B3935 %I14
MIHN1WIN 5 30U (Epochs) ﬁ]’mﬂi’W\Iﬁ]:Lﬁu‘lﬁ’hI&ILﬂaﬁwqaﬂiiuﬂﬂiﬁﬂuiﬁﬁmﬁEJ?IT]W 1ag ¢n Training
Loss aaadagnseatitas 91n 0.353 lu Epoch 71 1 1188 0.198 lu Epoch 1 5 %GLLamdﬂumammmﬁ'ﬂuj
stuvvandeysilnldadrefidszd@nsaiw luamndoadu d1 Validation Loss Aanasdatiios 270 0.320
T3 Epoch 71 1 inaatfies 0.209 lu Epoch 1 5 usimaa91n Epoch 7 3 iludulldanisaaas Validation Loss
azSurzaesainion uddslilfyannwesmaAntu SeeTluaamansa generalize 6@ Audeyailaiag
WARNITO % Lm:vl,ajﬁé'ryrynmmaaﬂfymianai’?\l@é@ wanandl n157 Training Loss S9nsanasaatiiosluu i
Validation Loss Suwalituasilugaerig maa:ﬁamﬂwmm’%mﬁwgi"ﬁaamn’%ﬂuﬁﬁﬂam’émmwwzmaﬁaga

= & NI . o e & = 2 A,
WNuINU% LL@']VLNVL@I@\TNaﬂﬂ@]aﬂ')ﬁlllﬁ‘ﬁNqiﬂluﬂqiﬂizﬂqawﬂmaaalﬁw AI%U NITHNIIUIN 5 Epoch 3301871
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LANIERNLASLNEIND ﬁm%‘uvl@ﬂuL@aﬁﬁm’lwmmsnlumiﬁwfmnﬁaQa@TuLmu wazgIgIN1TaNn 1y
ﬂﬁzqﬂmﬂ%ﬁ‘uqﬂﬁagaslmivlﬁa 197U AT N

Loss per Epoch

0.36

—e8— Training Loss
L

0.34 4 ~&— Validation Loss

0.32 4
0.30 4

0.28 4

Loss

0.26 4

0.24 4

0.22 4

0.20 1

1 2 3 3 5
Epoch

MW 7 NTNLRAIAT Training Loss Laz Validation Loss U84luiaaluudas Epoch

5.3.2 Confusion Matrix
N . = . . o {

NANITIIWNATN DS NTUUTHLAN A DAz D HA R RANTIATI 8T DY (Per-Emotion Metrics) AINNN

8 ¢ Precision, Recall, F1-score La Accuracy LLUﬂiﬁUaﬁiurﬂ“HadIuma i’mﬁ\‘m’rﬂ“ﬁ' Confusion Matrix Va6
i a - { . 4, Moo

AzaNSN O NaY ST A UAN WA KEN ANNATAUARY LRZANNARIALARAUY DI LULA R ALARZ DTN DRTITIOT A LA
& ,.: v o @ Aads &
niaudnaztodinavadluaalul@naniu

Per-Emotion Performance Metrics
[ I ] ]

negative W—
WS‘“"“W
‘“‘“W
S‘J'P"SEW_

sadness Jﬁ_-

'“VJ*.

fﬁ”*

disgust J*——

anticipation W- = precision
mm recall

fl-score

anger
9 #—_ == accuracy

0.0 0.2 0.4 0.6 0.8 1.0
Score

AN 8 @ Precision, Recall, F1-score LLaz Accuracy LLﬂﬂiwmimﬂ‘nquma

5.3.3 ROC AUC (Receiver Operating Characteristic - Area Under Curve)

fin ROC AUC 2a3lutaaluldas Epoch aaaanIzuiumIiniIuin 5 5au lay ROC AUC Hudaiia
AldUsdnenuamunsnvasluiaslunisuonuezszninsersualidiuinuazdsay Seendrlng 1.0 snwin'ls
Seazrioninlutaaddszansan lumssuunldudugrBaiuannini 9 é1 ROC AUC waslutaaluudas
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Epoch 3z1%131 @1 ROC AUC fumliuindunainssaiitosnaaatiansiin Guannyszano 0.925 1u Epoch
# 1 waziAudiwile 0.950 14 Epoch 7t 2 Aawazaiuiw 1l 0.956, 0.960 LLazgaqﬂﬁ 0.961 1 Epoch 71 5
W IENAINENI R BUIN TULARRINI TN AUIANUFINITAINNTIwun e as9 Y sz anTawe 19510137
Tuga9du uazdaanansn Snsnanuaiosvesnaans ldalugieie Asayfelufiifyaruveimsaaasmie
AMUAUKINIB9F1 ROC AUC lutnananvasmsiin Sauaasriluasifiymlanesiadienadinanszny
donnuwindwaimydsziluuuradoysniIzey wazANNTILENLEzaN TN 9 laadliiafiosninanaa
n3zUIUMSEN uazn Wi 10 ugasA1 ROC AUC wensnpa1sual a9ltlunsussdiuenuamusnsasluaaln
msugnuezsznistannuiiuss lifonsuohanzld agrsuingt Tasdn ROC AUC fdhlng 1.0 szviauin
Tuteasansangnaaauinuazauldasnefuszansam luvaefidilng 0.5 az1a3 3 Tuaadiszansaw
"L&i@mmnmasqhmm PNNAIWD LATW WU IuLﬂaﬁﬂszaﬂ%mwﬁﬁlﬁwlumi?ﬁwLLuﬂmimﬁLﬁaunnﬂi:mﬂ
lasudazarsualiid1 ROC AUC aglutasszanm 0.92-0.98 %aﬁaﬁmglmzﬁu “GAUINT AWLN A NIAITIN
msdszdnlaes Taganizarsual Joy, Trust, waz Surprise Afien ROC AUC lndidies 0.98 ugasinlaias
mmim‘ﬁLLuﬂmiuﬂImmﬁvléTaﬂ'NLLaJ'uﬂ’]LLa:ﬁmﬁmmwgu wanandi ansu olegn Anticipation, Positive,
Negative, IL8z Sadness

Afld1 ROC AUC agﬂu‘*ﬁ’mﬂi:mm 0.95-0.97 GusasfsnuaN1snvasluiaalunssanisny
nsualndvsunrannuangldadrsningeia Tagliduw lduvssanusususzninsonsualannin a1suainddl
ROC AUC ag”tmzé‘m‘ﬁﬁqmlun@u (wiiazdsiiadngy) leun Fear uaz Anger %oag‘hﬁ’mﬂi:mm 0.92-0.93 U6
fansrerioutlszaninwiialunsusnuszersutiinariiinndannulassun laglkidmngesuailafidan Roc
AUC drninnmsinpaniyle lasagd luieamunnduunarsusiudazdszinnldadnuduiluniney lag
lLifenswailaffilszansawdwiedymnisrhwisansfitbddy ﬁgaf:waé‘wfmaazﬁauﬁdqmmwmadq@
ia;&aﬂﬂﬁﬁmmauqaLLa:maumgu wiansUsuudslaaafinanzgudausunvesnssuwnansnal

Tudaanunising
ROC AUC per Epoch

—e— ROC AUC
0.960 -

0.955

0.950

0.945

0.940 -

ROC AUC Score

0.935 A

0.930

0.925

1 2 3 4 5
Epoch

MW 9 e ROC AUC 2asluiaaluudas epoch
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ROC AUC Scores for Emotions

1o

0.8

ROC AUC Score
o
o

&
=

0.2

0.0

(Y 3 2
& & ¢ b"“zﬁ ao" &
& L4

Emotion

ﬂ'lW‘ﬁl 10 #1 ROC AUC usnyzansaah

6. a@wamﬁ%’m

a a o

NwItshiitagUszaedianauw lulaalseu1anan 11553016 (Natural Language Processing)

q
6 v

fniuduunarsvalinndeainuanufaiusedglinunsiiuada Ausiidudineisuiais TaslFuua
@ ' ' ) L A
n1an1sdTuuasluiaan s uuutnatanin (Pre-trained Language Model) fio BERT-base-uncased 43
v a s 1 J v U a A I |
anusuInlunadilasiunsesmmdingseddngs lasdaanuduatvidumminsazgnudadu
mMuainge wazdaihafiinuansuoinegu 10 Uszinn meldnseuvasilyminmssuwnuuunansihaiiny
X . . A o = Y ' A o )

(Multi-Label Classification) Ssfannunikanansauaadansuailaannninnisdszinnwiauns aanmsiinluiaa
vJutaan 5 38U (Epochs) lasld Learning Rate 1N 2e-5 uaz Batch Size 1Ay 8 wuinlutaafiUs=ansaw
a & ' oA o Ao @ A A o o gad A . @
Waduadadaiaslunndrrianan lasiawizlu Epoch 71 5 Galiuadwiafiga lasiidn Precision Ly
0.9194, Recall 1IN 0.8526, F1-score L¥iNNL 0.8847, ROC AUC Lyiniu 0.9614 ez Accuracy LinniU 0.6796
@hﬂs:a‘n%mwmahﬁazﬁau'jﬂumamminL'%ﬂujﬁ,l,a:usmm:aﬁwmwl,@?aﬂ"ml,l,ajuﬁ’l lasianiz ROC AUC

g a a K2 o o ' & L] A A
Tafldngaiiin 0.96 uaastsdnsniwvasluiaalunisduunszniviensusivinuazayldadnafiiaiiosnan
%aNANH N1IAARIVBIAN Training Loss 311 0.3529 1AR8 0.1978 waz Validation Loss 3110 0.3200 ¥R 8
0.2094 anaAnIzLIUMIEN SatisThluaasunsnidouldadefilssininwlaslifadymlaneiiads
MINATZRNAANTLENTI8a TN AlRINATINYSz AN sa1Inalas Confusion Matrix WU lNLAREINTD
o P ' v ' o ' (% a A A ..
Fuunansuaifinutionldatinauaingt igu anug, analingda, wszersunliBian el Precision uaz
Recall agjluszaugs lusnznonsuninddinadayades 13u anundl uazanuinios deasddediia
Aa o . < oo I~ &l o o & & A a '
laglanne Fear NidN Recall dragradinlasauaziduarsuainluaadnnaiansvinwme nebk lafansandn
ROC AUC u8n318a138iannanIia a:wudmﬂﬂmaﬁmagimzﬁu “GUN” (2 0.92) FeviawiNluLaasINITD
wgnugztananinia darsuollaadriuingr udlunsdlassorsualndansmsudauniaiinisdnng
FwAveIwalduAmy MNEAIWEIIRNG FITumunInde it AgLBilzynd (Implications) 71w
1 a U { L J L a a v v
Ulomidamenifaswansidd luaaiwamnaulidnonwlundaauuazdszidfinumilinarsuatuagnd
' a (% a {a o e ' v ' P’ o a A < o
gandan N NIINTInNlanwusiianideut19lanIziazed 11w NaaAmaLIuen Telasnalddn
drznaudsmunilunauazinsuaasansuaiidsavluszaudr anuaunsavesluiaalumsituunansual
a 6 & v i [ o = ; ' o o A a v
Bavanuazarsualidunansldagniniugn Jndadanmsilddszyndlfifedsziluainuaulavasgné

MIUATIZRAANIINNITUIV89AA1A (market perception) wWianInaunaawiiAutayan1elusasanidu
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m33n tieldenanmsaiuwi iuanudFaussnsasusvvesnaaimeile wenanit uiluiesaziidasina
mm‘s:mﬂumifﬁﬂLL'Lmmimﬁl,%aauLﬁmmﬂ%mmiagaﬁﬁﬁﬁ'ﬂ LL@iNaé’wﬁﬁiﬁﬁammmaﬁfum&ums
AARWINTILIMTIUA UGS 9 LT miﬁmu@naqﬂfﬂﬁéami MIBaNULLLHEW MIIIEURUING AT
aRaAIUMINAWINANEMILIMIANUFNRUSInd (CRM) Vlé‘lmzé’uﬁﬁﬁfﬂﬁwﬁty@iams@‘mﬁm’m atinglafiany
Tumsdniinnuisoassit ;ﬁ%’ﬁmzﬁﬁn'jwmﬂ"ﬁ"ﬁagaﬂamuuﬁmﬂiwaﬁﬁﬁm%dﬁ'ﬂNamﬁmﬁﬁummﬁm
Uszianide 219 naanunaInnazadatInal lasanzan TNl BauIRLsd 1w anulnisnianiny
Fanga %umuvl,aiﬂﬁnglumﬁaga dawalﬁmaumelaﬁTaLauaL%au'%mi"’?imm‘ma@ﬂvlﬁﬁaﬁa‘hﬁ'mﬁaﬁmimﬂ
luﬁaﬁniﬁﬁumaagnﬁﬂimms o mnluammmmm"ummla‘ummmddﬁagavlﬂgm%uﬂ‘é‘uﬁﬁmimﬁ
WANWAIUNTT LT mﬁLﬂﬁ:ﬁﬁagammmaauvlaﬁ nEfiansIme wialnaandldAoatastunaanmed
lasase ﬁa:"lhmﬁummmauaqwaa"ﬁaga LazL80Ma N33Rz TaLaualFIUSHIT (Managerial
Implications) ﬁflﬁaLLazqmm@iaL%aﬂ@ﬁawmﬁﬁu lavayy Tueafiiandumunsniuunarsualndanna
AUAALABNIBIDING Audsanmslng) ldagrsdszansnw lasanzlununvesndadmsinig
339 TIAN WM BLAZITUAAIeaNIa S BIARawINITaLIN ANNFIRNTaTasluesiiaITadasen
lugnsfianzianuifnuesgndt nsfamuanuianela wezmavawszuudansasanudaimdauly
L%d]qﬁﬁfﬂLLazmﬂﬁu’%mﬂﬁaﬂwoﬁﬂs:ﬁw%waluamﬂ@

Fas1iaveudsy 1) niwennsuszutana msiinlueafidawalng 11w BERT-base suiudasld
niwenIlumadszuanags lasawizniisdszaianannin Az lumitinluesldagned
oAy atnelsfona lunsisnil Pidelfunaanasunifalauay Saudazsesiunslinumbiolszuians
nnualitasinaenIzazIa (gIgadszanm 12 LA Rt (session)) WATEY INENNTDIARTIVURE
ﬂszmawanﬁﬂﬂvl,ﬁ'l,uﬁ'mﬁﬁ;ﬁfﬁmm‘hmumnw%auﬁ’u Mlwnszuaunsinluealunnissdamyarzinuie
Sudulnd Sessnadeainudatiiasluniimenss uazenansznudalszintaiwuasnisinluszauniis
2) mIudaniz lasanlaaaiidenldsasiuianiznisndinge daanuduadunisinessdooriin
nizvaumawlaiunwasnguisuwinidngsuy Tuoaudaiild Fanuwsiudluszauiisensule uddidanng
amandaunlunidiideanuiidaniz ﬂaq'uﬁwvlmflumami WIOUSUNIAWIZ A L% AIULEST NTLEUEN 3D
filEluanununeidsensuoiuns %@madawaslﬂuma"l,&immm%'umsmﬁﬁLLﬁﬁ]'%waaﬁamm"lﬁarhagnﬁad
uazvinldnssunnansuaiienanalaine TasianizensuaifiiaziBonson 1% AUN§IRToANNAIARTI
3) e liaugavastaya Tunstinluiaanssil ‘wu:iﬁa%lamamsuﬂiﬁﬁ‘hmufﬁasn'j']mﬂLfial,ﬁﬂuﬁ'umsmﬁ
B 1% anundr, anulsraale wazanuiafes fiwudannuiiuaasonsualmaiiosunn vilwlues
"L&iﬁiamm%ﬁui&'ﬂwmwaammafmmf: Iipone sonalwifoluaatinluvume sneznanidssnisrimeg
orsuohmanil wialwnasnsaluwains (1% U1 Recall @ %%a"l&iﬁmsﬁmmgmaﬂ) LLiT’jﬂm@aaa:Qﬂ
sonuuulisasfumsuunnansansuninfaunuudfionn JTywisoni ‘o liaugazasioya” Fadlu
L%aaﬂﬂa’lumsﬁwmuﬁ'uia%laﬁa waRgINasalransnwsasluassgisdaian lagawizluarsuaiinyle
oo S9o1adamiTiumatiluamamanit wialfinafindu 9 Lﬁa’LﬁTm@aﬁ'mquﬁﬁﬁuluamm 4) 9
ANLAIavada1INE ﬁaﬂamﬁvlﬁmn;ﬁ”ﬁmuuuﬁaamaaaﬂaﬁ dnlileusasansualetnstataunde
A39 b ATINT LTU m’mvl,ajwa‘laﬁﬁauag’mﬂﬁﬂ'mmL%aqmw wiaauaanTInusIniuaMuSaniig
Fesswaldtaanudsrsuisn Jlaunnimisensuol niedmstenrivreseorsuainisnsaslndideein
Wi A218ANan3d nuU annliingla wIe anua Ay a1INallTiay anNAININLAZANATIBEAB e
lusnwasituiinaldiinanuinonslunszurunisdatieiinuensual (labeling) wazlun1silnluias

a9 NWaT LG g‘.}”ﬂi:LﬁusLm:é'umgwﬁLmﬁawamw Nt aa U lauana 19Nk A9t AN liTALI%
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yasansmzartnoiaadunidlutladofisinadaninaldsiiosveslaiaalunssiuunersuaivndszian
I@slmww:‘l,unéuﬁﬁu’%w%’wﬁauﬁ%aﬁmimﬁv\mm:ﬁuwauﬁua%ﬂuﬁammLﬁm wananil landuasnuisy
Tuﬂ%y'af:;jﬁmﬁzﬁmimﬁmﬂﬂamﬁuﬂﬂwa@TLﬁ'mﬁ’uwamﬁmeﬁﬁumﬂmaqﬁmms FlauTITNTIAUa
inlinalWiieesualBaay 11w anuna anaiufisa dudu ilddayalunsensualunylidnngas uaz
seranliiininaaninny lildssiananusansovesluesiieodaaes LAt gaaumMua i
JazRanae LLazmﬂmminL“ﬁﬁﬁﬁayaﬁwmﬂmwﬁu L% NME Social Listening 31nawIa lwad
Alaldfsrdesiuniasmeidudinlasass uiidudosesdoundedymiiatuarnnmsliuinssmens
maﬁ]:ﬂhﬂiﬁlﬁﬁagamimﬁﬁﬂmﬂ%mmm:mamnﬁﬂﬂlﬁme:ﬁmmfﬁﬂmaagnﬁﬂﬁmnniﬂ
JalgnauusdnsuuiIssluauwiaa 1) Lﬁ'wmmmzqmmwmadij’aga witsludlasunaniisonasa
ﬂiz%‘n'ﬁmwmaﬂuLﬂaﬁa?ﬁﬁmuﬁaazhauazmmam;a‘n aa‘*ﬁa;&almwiazﬂizm"nmaamimﬁ Immww:mjwﬁ'ﬁ
mmﬁ@‘iﬂu’g@ﬂﬂ W ANNAT, ANNTIALD LazANNYTZHA %aﬁwalﬂmmﬁwﬂmﬁﬁaﬁa WazNn
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Abstract

This research aims to evaluate the impact of sustainable user interface design on usability performance
compared to conventional user interface design within the context of an e-commerce application. The study
employs a comparative experimental approach with two versions of the prototype, randomly assigning 50
participants into two equal groups to test the prototypes via the Maze platform. The usability testing
encompasses four real-world purchase scenarios password recovery, product search and cart addition, cart
item management, and payment method addition. Usability was assessed using key metrics, including the
System Usability Scale (SUS), Customer Effort Score (CES), time on task, misclick rate, and task success rate.
Benchmark thresholds for each metric were established based on a synthesis of previous research and expert
opinions from user experience professionals. The collected data were analyzed using independent samples t-
tests with a significance level of 0.05. The results indicated that the prototype designed with sustainability
principles achieved significantly higher System Usability Scale scores and lower Customer Effort Scores
compared to the conventional design. Additionally, it reduced time on task and misclick rates by approximately
ten to fifteen percent across all scenarios. These findings confirm that integrating sustainable design concepts
can enhance user efficiency, effectiveness, and satisfaction, while simultaneously reducing system resource

usage.

Keywords: Sustainable User Interface Design, Usability Evaluation, A/B Testing, System Usability Scale (SUS),
Customer Effort Score (CES)
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wananidiaanisdoanuuauauwlanileninan inliglFmansngoninlyAdeysidnldegied
UseRNIN N

2.2.4 mﬂﬁ‘ﬂ'na\uflm%amiwﬁnﬁtﬁmﬁumsﬂéaﬂmi(‘uaml,fi H1% (User Carbon Footprint
Education) ﬂ’ﬁsl,ﬁmmjuﬁg'lﬁﬂu%%ﬁmmémLa'%ulﬁ;&'l"ﬁmuﬁfs'rm‘a"auium‘sa@wam:wumaémmﬁau LT
mnﬁﬁagamiﬂdamw’%uaulmwﬁa:ﬁamm msldduusinAsarungdnssunisldnuiitissanisls
wasaw uazmssasulglfidanlfnulnuadszndandsnwdadniu msldanauddlisieaiiany
mmﬁfﬂqﬁfua:daLa%quaﬂiimﬁl,ﬂuﬁmeiaéaLL'ma”mJ (Kiourtis et al., 2024)

2.2.5 ANABAINAANEUATAILANDs (Diversity and Accessibility) LI uranmsmanylunsaanuuy
ul Lﬁﬂiﬁ;ﬂfnﬂmju Agsnguazdiianuunwiasnmnadumanalinuldaduiiioy wwidjianan
fa 1) 9al#il Inwadaninusuialng (Large-Text Mode) “duldlaslidasgn” 2) I’EQ%LLazﬁammﬁmu
N1A331% WCAG 2.0 \NTW9H 1.4.3 320U AA Lﬁ'alﬁé"sé'ﬂwif’ﬁ'ﬂLauuuﬁuuﬂﬁmﬂamwum (W3C Web
Accessibility Initiative, 2018) 3) Ranld System %38 Web-safe Font 134 Roboto, SF Pro w38 Inter %dgﬂ?}@@%ﬂ
lusznndfienseguda \Nasaniwensanilnaauaznasnuildiswens uaz 4) wanidssaviwndsudan
\I% drop-shadow, gradient-stroke #3auafilutunand :1uddnlas (Kiourtis et al., 2024) lauaaslimAud
%é’ﬂgmﬁaﬂizﬁ‘nﬁﬁﬁuﬁwjﬂ miaammuﬂi:aummipﬂiaai’ms“i‘uﬁu auINIFTNEAN 5 T8 aanInaans
ﬂsiasm%uauvﬂ@w'%uﬁvlﬁﬁa ToadnsnasesdSouifisuuadwiindugasnasiuasa e 1

A A o & &
AN397 1 MINRamMwansuanlasan o

1 1 U 1 1 ¥
o s . m%maﬂ‘s:a’mé‘l% m%maﬂszmué‘l%
aIamsdaniaasnng CO2 & . o A
RULAILAN WU
a & \ A < 4d o )

USunmwing CO2 danikiassndnoy (nu) 0.05 0.03
YSaunawdnes coz detl (Alaniw) 3.1 2.8
ULV NARGNG BT 34 28
WEUWINMITERNIIaIsLaIaIdn 2 T2 lussal) 0.08 0.06

Source: Kiourtis et al., 2024
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2.3 ﬁ'ﬁ'miaammmi’mﬂizmumuﬁ'ué‘li’fumué‘?\nau (Conventional Ul Design)

saudadszanudly FadumIsanuuuuazsninesslsznands 9 vuniheevesualwiiadu iy lae
wialdsunsueng Lﬁalﬁ;ﬁ"ﬁmmmiﬁmaun,l,aﬂ%muvlﬁaﬂ'wa:@nﬂ 710157 uaziidszAnEnw (Christensen
et al .2020) miaammmhmiaﬂizmu;ﬁ"ﬁmuuuuﬁg\ﬁLamaidl,ﬁumm‘s"ﬂmumiaﬂs:mmmgﬂ%ﬁlﬁmudm
H1lsgdndnn LLamauauaaﬁ'swﬁmmﬂaogﬂ%I@ﬂl‘*ﬁ"ﬂé’ﬂmiéwﬁ'zymﬂQL%mmzylummmiaaﬂLLuumu
dovszawiugliuazszaunianigld (Nacheva, 2015) vlﬁmmwumﬁwuao;jL%ﬂa%WEQizﬁuIaﬂﬁLﬂuﬁ
HaNTU VL@TLLﬂ' Jakob Nielsen, Donald Norman, Ben Shneiderman .82 Bruce Tognazzini I@ULL@iazLLWJaﬂQﬂ
ﬁ'@umﬂfumﬂmiﬁﬂmmwuﬁaqmma:wqaﬂﬁwaorﬁ‘lﬁuamumstﬁ@m 9 Gt

2.3.1 Heuristics for User Interface Design (Jakob Nielsen) Jakob Nielsen lasriaue 10 35019
aaﬂLLuumu@iaﬂﬁzmugﬂ%ﬁ?}%dL‘fluLmeoéwﬁrgﬁsl%ﬂiuﬁuua:ﬁmmﬁi'su@iaﬂizmumu%ﬂﬂﬁﬁmm
saandaInUAMIdaIN VR LT

2.3.1.1 Match Between System and the Real World msaammumﬂ%mmLLa:LLmﬁﬂﬁ;ﬂﬁﬁﬂa

2.3.1.2 User Control and Freedom l#g{l#limaienwiamanindeunauludsganauninle

2.3.1.3 Consistency and Standards lfw’lmg’luﬁLﬂuﬁﬁaﬁ‘uﬁbﬂﬂ

2.3.1.4 Error Prevention Hlasiulalsiiindafananaasudusn

2.3.1.5 Recognition Rather Than Recall a@miﬂummmﬁ'ﬁagamm@%

2.3.1.6 Flexibility and Efficiency of Use sao%’uﬁu’a@%ﬁalmiua:é’[%ﬁﬁmmﬁ’mnty

2.3.1.7 Aesthetic aaauTUTauaIninae Laznilan memm’mﬁogmﬂf

2.3.1.8 Help Users Recognize, Diagnose, and Recover from Errors lﬁ/ﬁﬂLLu:ﬁﬁﬁ%’mﬁmLﬁaLﬁ@
JaHAWAR

2.3.1.9 Help and Documentation Slanaswiaszuutiamasiinladng
2.3.1.10 Visibility of System Status szuuaasudsanuzlwyldnnuiaue

[

2.3.2 The Principles of Design for Usability (Donald Norman) Donald Norman tHua N &1A 02 84

o
'

Design for AYUREAIN NI FTI% I@m,aua%é'nﬂ'ﬁﬁag:aLﬁumﬂ,ﬁamdﬂﬂLLa:msa%aﬂimummipﬂiﬁ?]

2.3.2.1 Affordances f1d1iany waneisguautavataddlsznaulunissanuuy fvsuandeRed
Q’lﬁmummmﬁﬂﬁ W% NNIARN N8N ®I38n15Ta G889 QMﬁﬁgﬂiwmﬁauQMﬂﬂ%mau #IDNADI
Faanufisusafiunsaayle

2.3.2.2 Signifiers Qmauﬁ'@maaa\‘lﬁﬂi:ﬂau’lumiaaﬂLLUU"?'iU'waﬂﬁd%aﬁpﬁﬁmummmﬁﬂﬁua:
lannunaneuINITUEIRYaN©aL

2.3.2.3 Feedback n3lmanavsuunuriuiiiiafinisnszdnla 9 1w Lﬁa;ﬂ%ﬂﬁﬂ “Submit” L&)
T3 “Success” HIaTaANLIILAB

2.3.2.4 Mapping f131naaal mﬂ%aﬂmsz%dwmmiaﬂszmmm;ﬂﬁmmaﬁwfmaamim:ﬁ'maa
il Lﬁ"alﬁ;ﬂfmmﬁﬂamiﬁwm fnat ﬂ’li%ﬂg%gﬂﬁ(ﬂﬂizg}LLé’f’JﬂiZQLﬂ@vlﬁluﬁﬂﬂ’ldﬁﬁlidﬁﬂﬂ’]iﬁu‘u

2.3.2.5 Constraints §1411@027% n1siwnnatasnatiailasiudafanaranianganssuilaife
152896 A089 msman*’ﬂ’a;&awa%uﬁﬂ'aﬁusl,ﬁﬂiaﬂmww:éfmaﬂuﬁmﬁﬁmm

2.3.2.6 Discoverability f13170A21%0 ANNENNITALUANTAUNUNIATUANITHN N URIe9RUsenauw s
seuulddsuaziiasy aredng maa‘i’mwLuﬁlﬁpﬁ%\ﬂummmﬁumLLazLﬁﬂﬁdﬁaﬁﬂﬁ'uﬁvammﬂm@slvl,u'

TUTan
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2.3.2.7 Conceptual Model §131naa1u m‘saammuﬁ57\1%3\1mmL‘}Tﬂam%aﬂi:aumsrﬁlﬁwaagﬂ‘ﬁ
RLlHgN "Laaaugﬂuﬂm%w%’mﬁﬂﬂﬁ wWistspse@mnIuMIauTays

2.3.3 Eight Golden Rules of Interface Design (Ben Shneiderman)

Ben Shneiderman l@tiniaua Eight Golden Rules of Interface Design %dLﬂuﬂmmLu’Jﬁ@ﬁﬁﬂ%ﬂmi
aanuuudawiaﬂizmmmﬁflfﬁ

2.3.3.1 Strive for Consistency 1‘*1?3‘1JLLuumsaaﬂLLuuﬁaa@ﬂﬁaaﬁu

2.3.3.2 Enable Frequent Users to Use Shortcuts iaﬁumﬂ“ﬁmuﬁimﬁaém%'u@'l,%ﬁﬁmwwﬁwmrg

2.3.3.3 Offer Informative Feedback l#namausuilnanzauuazidnlaing

2.3.3.4 Design Dialogs to Yield Closure FITuae UM TN uiTaan

2.3.3.5 Offer Simple Error Handling aaanagudanlunsud ldaianaia

2.3.3.6 Permit Easy Reversal of Actions #§{lmunindaunaumanszvildite

2.3.3.7 Support Internal Locus of Control ﬁ’llﬁ;ﬁ”ﬁfﬁﬂmuqmwﬂﬁ

2.3.3.8 Reduce Short-Term Memory Load a@mmfﬁ'usﬁaulumsméﬁ’aga

2.3.4 First Principles of Interaction Design (Bruce Tognazzini)

Bruce Tognazzini v[ajvlﬁﬁﬂﬁﬂﬂ’l‘iﬁ un19n1y wdldlauae First Principles of Interaction Design
%omamqumsaammuﬁﬁﬂizaw%mwua:dwwiam‘mma]

2.3.4.1 Anticipation T*ULAIIANALANANATBIN TR IFEIWI Lﬁ'a1ﬁ;§'[°ﬁ"[ﬁ%’uﬂsmummiﬁsm’%u
uazdUseANTAIW daaeng 3:uuLLu:ﬁwauﬁwﬁLﬁ'ﬂaiaaﬁ%aﬁaﬁ%'umnawﬁagaé’@ﬂuﬁmuwm(w [T LER9Te

g %%E]‘fﬁ]%lﬂﬂ’]i"ﬁ’?i:ﬁ%ﬁLﬂUl%ﬁ’]q@luﬂﬂﬁlﬂ‘iﬂﬂiﬂ%la
2.3.4.2 Autonomy M3l lFN8aszlumdagula wazidondsmafidasmslunisldomn drasnsg Tl
ganInLaenasinialuasuminsluualnietuaunnusey 1w nsUsulnuaievielnuasinslu
waUWRLATI
2.3.4.3 Efficiency miaanLmuﬁﬁﬂﬁ;ﬁfmmmﬁwmu"l,ﬁasj'ms'mL‘%q wasiiszdnsanlaslsidas
Fonmlunsduniviaduiiun dadns mildluaa (Shorteuts) niamsdaFawyliamunaditalaidu

o

fndnldnoluliindn wu nstugmsasefdnisldnonnmiusn
2.3.4.4 Consistency Anuaiaualudiuens 9 vasszun 1iu nslddaanwoiimiawiulunnnih

%‘%amsﬁmia'emLLuuﬁﬂﬁmﬂﬁaﬁ“ﬂunﬂﬁdﬁ%’u

2.3.4.5 Learnability f1d1naa1u msaammuﬁ"ﬁwlﬁ;ﬁ%mmmL’%wjﬁ'ﬁmﬂﬁmuvlﬁdw lasny
sarnlassaanidnlaldisussimslwduusinlumsldom dregrs mslddunsihmdadussonsitaanly
seninam3lEan 1wn mylddeanudiomas niasunsti lumssuduldnuuey

2.3.4.6 Visibility 1517007313 mmamﬁagaﬁﬁ‘hLﬂulﬁ’ﬁ’@LauLLazwaaLﬁuvl,ﬁd'm Lﬁ"alﬁ;ﬁﬂajﬁaa
EHIPERRVVRL IR PR gk ﬂ']iﬁﬂﬁﬂ&l%é’ﬂhLLﬂﬂﬁ%ﬂLﬁuvlsnﬁ@m@iuﬁ'sU%ﬁ%amm@ﬁtmﬂ@m v 1 “qalas
GEY O IR AT e T T Avinlatauunninge

2.3.4.7 Recoverability 13170018 TruUA5IaIsumIuA ladaRanaialadiny wu nmsldnraien
Mmﬁauné’uﬁamaﬁﬁwﬂ'agmﬁmﬁ@mmﬁ@wm@ @28819 mﬂﬁ;ﬂ’ﬁmmmﬁauﬂﬁuvlﬂﬁaﬁgumauﬁau%ﬁﬁ:
luresunsandaya wiamsugastannuusadawdafiadaRanaalunsdiiinng i nsnsandayala

ﬂsuﬁau%%avlajgnﬁaa
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2.3.5 SIUINMAzFIATITARA N Mo anuuUlsraUNTalH 1o

Nacheva (2015) vl,ﬁﬁmé’ﬂmiﬁnﬂQL%‘mmmszﬁuIanuﬁLmﬁ:ﬁLﬁaﬁummmaa@ﬂﬁmLLa:ﬁ;mw
luLLuaﬁmaam‘saammudm@iaﬂizmumu;ﬂﬁuuué‘?\‘iLau FariloR130uwIfiauas Jakob Nielsen, Donald
Norman, Ben Shneiderman Waz Bruce Tognazzini WU SnansU s wA IR R et 1T

2.3.5.1 AuEILENS (Consistency) mmm"iuaualuam’ﬂszﬂawaamu@iaﬂizmumu;ﬂf LT
msldw lanaw ﬁ%aﬁwé’ﬁﬁmﬁauﬁ'ﬂunﬂmwuaaizuu Hosaszuzianlumaiouinalinu uazinldgls
fuNsaAalaIn I uTadTzuuldanautng ara1aitn ms%’mnﬂuﬁauné’u (Back) lﬁa%j@‘ht,mm
Lﬁﬂ?ﬁulunﬂ%ﬁﬂﬂa Fetrpaedzsunmsainnyiueazandafionaialunmsldamu (Nacheva, 2015)

2.3.5.2 mMitlasnudalawaia (Error Prevention) miﬂaaﬁuﬁaﬁﬂwmﬂﬁaﬂwﬁﬂuﬁ'ﬂaéﬂﬁ@mad
mIsanuuudIndalTzauiia i:uumiﬁmméfdLaamﬁa;ﬁ%@mﬁﬁw:ﬁﬁaﬁawdaNaﬂs:‘nu LB NTUAY
\AaunneuauTayadATY %%amﬂl,amﬁwLLu:mLﬁa;ﬂ%&mmanﬁagaﬁﬂwmﬂlmmuwaif&l nN178aNLUY
luéTﬂwm:f:ﬁasaﬂ‘ﬁaﬁcﬂ‘wmmm:Lﬁummﬁu‘hlﬁuﬁ;ﬂ’ﬁmu (Nacheva, 2015)

2.3.5.3 N138AN13EN19ANAA (Cognitive Load Reduction) N1788NKULAITHIAANITENNANAR
VoI I TNU I@]Uﬂ’ﬁ%’ﬂmﬁagaua:mﬁﬂs:ﬂauiué’nwmxﬁ\‘hmiamimﬁla} L% NITAIAUAINEIATYVD
Taya wiansldnnunudratursfidudan wé'ﬂmi‘f:mﬂﬁ@]’l“ﬁummmmiwﬁ'aﬁ'um‘sﬁwmmamu‘lﬁ
laglidaaioalunmsvinanudnlassuy (Nacheva, 2015)

2.3.5.4 aNURILN (Aesthetic) mﬁaaﬂLmu"?immwmhﬂa%”wmmﬁawakﬂﬁuﬁé’t%mu WU ATLE
Flmoandanazinanzan nIlaenWandfanuing LLa:mﬁmNaaﬁﬂi:ﬂauﬁam;a wann s fy
Uszansmwlumsldnuussyinldssuuiianuindefiannniu (Nacheva, 2015)

2.3.55 msaaﬂLLuulﬁiao%'u;ﬁ’E%mﬂ%msm@:u (Flexibility) izuumsﬁmmﬁwsjulum‘s*;aa%‘u
Q’L’B’muﬁﬁmm%mnﬁmﬂuﬁmmwm%mmzyuazmwﬁaams 5% ;ﬂ%‘ﬁ'ﬁmmL%mmruumsmmsmﬁﬁﬁa
WInTuNLAE laT1at5) lumm:ﬁ;Sl'l,‘*ﬁﬁa’[mimsﬁﬁwLLu:ﬁﬂﬂ%amwmzJmﬁaﬁ'mmzau (Nacheva, 2015)

2.4 ANNEINIA TIN5 1T (Usability)

anumanInlunmsldinu gnimualiluanaigiu 1ISO 9241-11 (1998) dudlu “i:ﬁﬂﬁ;ﬁ“ﬁmmml"ﬁ
nundanmailddnise meldusunmsldnuiitiwue” Ussnaudinsadanan fia Effectiveness (U3zan3una)
anugndasuazanuaTudiklunusigimansveld Efficiency (Jazanniw) niwensfildiiafiouny
anudSaflasuanuianalads mwjﬁﬂﬁdwalw%ahiﬁawalwaa;ﬂ’l,%sxmwl,l,amé'dmssl"ﬁ (Lazar et al.,
2017) #ana nit Nielsen (1994) islwarnununsvasdnuaunsalunmsldnuluiafiad de anuiie
nai LLa:mmﬁawahﬁ;ﬂﬂﬁ%‘mﬁaiﬁmauﬁm:uu msaanuluusunds 9 anvveneldfiesdsznaums
3e3nen Tasduannuinden uazinaluladild (Shneiderman & Plaisant, 2010; Krug, 2014)

2.5 MINAFDUAINWUULY 2 29ha (A/B Testing)

MINAFOLFITULUL 2 Tila (A/B Testing) AamimaseuilfidSouifisusanaituvasislafnite
Lﬁag]’j']na%%'uvlmuﬁﬂs:%w%mw?m’h I@ﬂmimaauf:a:ﬁﬂﬁmmmméf@%u’l,avléfamaﬁiagad’n,muvlmu
mm:awﬁqmém%’unQu;&’tfﬁai’mqﬂizmﬁﬁﬁaams (Hynninen & Kauppinen, 2014) msnaassiitaulw
ssdnImanInianaantrainsdaduladnagniidadnuduin uazdaduwuwinslumiamniadiueivie
u’%mﬂﬁmaﬁumwﬁmmﬂad;‘ifl,ﬂﬁmuvlﬁmhwimﬁaa (Kohavi et al., 2009 lagfianuidmlunudans aoi

2.5.1 maviudysdszaunaniyld Lﬁ'aiﬁmauhwﬁmwﬁmmﬂmg}ﬂﬁﬁ

2,52 minawuaznasaufiaeiln misanuuuuanilynsaaasawlard wianafudsiduln

Tuua U waLaT® Liwzvl,@i”maauLLa:Lﬁaﬂﬁaﬁﬁﬁqmlﬁﬁuﬁnﬁw
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253 mﬁ@mam:ﬂumnmim‘&"U%Lmam%maqwﬁf mMIsITeWIamIsanuuLRIInGITa M
MINAFALFIGULUL 2 i (A/B Testing) anlFluuddriatgliesdnsaunindiudmdennudasuuas
pa3amaldsasuss s ininmnanniy (Kohavi et al., 2009; Hynninen & Kauppinen, 2014)
2.6 N1ATIAAMNAINITA BT TINBITLUY (System Usability Scale)

mM3lfunaTiannuaInTalun Tl T usaIITUL (System Usability Scale) lunisiaainuiewalazas
AlFm waviannulfnuessrunifieiassdunnusaninlumsldnuuasszuy (Usability) S‘fjamauﬂquﬁo
anudnelunisldam ausdnignovaswaiTu (Lewis & Sauro, 2009) uazarnuaulavas AlT9u 11a3ia
anusanInlunisldnuaesszuy (System Usability Scale) lasumssansuaghonireansuuaais ilasan
AMuBangu ANTEDINY LLa:mﬂﬁﬁagaL%aﬁﬂﬁﬁﬂiﬂwﬁﬁm%'uﬁfﬂﬁﬁ'ﬁLLazﬁfﬂﬁ'@umi:uu Rlopel
anusansnlumslfuuesszuy (System Usability Scale) Usznaudissnonusiuim 10 98 fasnuuuanls
mamquaaﬁﬁwﬁ@Lﬁmﬁ'uﬂi:aumsrﬁmﬂ%mu LLa:msaamLumﬁa;ﬁfmu (Indriana & Adzani, 2017)
Tanfld Likert Scale lun1saau (1 = Liiudawagneds, 5 = Windawagnebs) lasdnugnaanuuuunli
soandasnUadanLduunuazay (Lewis & Sauro, 2009) 6193 1) dudnirduasldszuuiivasass 2) audEni
sruufifanudutewdnly 3) duAainsuuitdodenisldom 4) aufiaiiduszdasmsanugisnienis
afialumsldnuszuoil 5) suFaniweidudn o Tuszuuiifinmsusunuedneg 6) dfuﬁ”ﬁﬂdﬁwuf:ﬁmm
laigaaadasnuuiniinly 7) dfummmL%Uuﬁﬂ’]isl"ﬁmu‘i:uufmﬁazhas'mﬁa 8) dfufﬁﬂ'jﬁ:uufﬁ“ﬁmumﬂ
9) 5u§§ﬂﬁu1a1uﬂﬁﬁl%awui:uufr 10) dfuéfauﬁﬂufﬁfa@m 5 snunenaufiazaunsnldeuszunitld Taod
1971 2 wasiaguazasdlunslfinariannulfinusasszuy

a7 2 Jaguazasdlunsld anasiaanumanialunisldnuuesszuy (System Usability Scale)

AMNAINITD sgazLdua

U2 UAMUFINITD 17 vasiaanylfusesszuuinadaszauanyelunmslsan

Tumslfuresszuy anumuInlumiGauiiazdssininwlunsldnuuesszuyan
ANNBIVDIL 199

%’uﬁagm%aﬂ’%mmﬁmﬁ‘u 1t mmi’@mmlﬁmumaaazuuhn’mﬁuﬁagaL%aﬂ%mmﬁmﬁu

U U dl Q/ é

mmﬁawaiwaqé‘lf’ﬁ mwﬁawaiwm;;ﬂmammﬂummﬁawaslwm LUU FIRNNI5D

ﬁwvlﬂlﬂﬁ’lumsﬂ%'uﬂ'gdLLa:ﬁmmNamﬁmm"lﬁmamummﬁmmi
&

VU

ﬁﬁfua‘tguﬂ'ﬁé’@au’lﬂuﬂ'ﬁ Tsuanistszan m@ﬁ@mmlﬁmmmszumﬂui@gaﬁwaﬂumi

a a a 6 o A ai v uz A a a a 6 d' 9/0'/ 1

WAl WA 7 U aadulafieanums WawnrTedsudysdadet iwalwiiuladn

a a 6 1 qzdd'
Na@nmmmauauaa@a;ﬁﬂquﬂ

2.7 ﬂ'a'lmmnei'wizwi'mn'ﬁaanu,ufmhzafun’nsrﬁé‘lw}lmzdauﬂs:mum%ﬁuu:‘l%'
miaammumu@'aﬂs:mu;ﬁfwmmuiﬁﬁu LLazmsaaﬂLn_mﬂizm_lmmigﬂfua:muﬂszmmmﬁu
;ﬂ’ﬁuuuﬁ%lﬁw (Conventional Ul Design) m’mLmn@hdizwj'\mﬁﬂﬂ’ﬁmsaammuﬂszaumsrﬁ;ﬁ‘ﬁua:mu
ﬂs:mumuﬁu;ﬁﬁﬁammﬁaﬁu (Sustainable Ul Design) ISEIER (Kiourtis et al., 2024) wazn13paniyy
ﬂszﬁmmsni;ﬂﬁm:d’mﬂi:mumuﬁ'u;ﬂ’ﬁuuuﬁg\n@u (Conventional Ul Design) 31nN1332U3I0LWINNT

2ONKULNIFBILULLIINGIARANNIINTANNUANA 1IN NATNIAY AILEAINNTIIN 3
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@N319N 3 %é’nmiaaﬂuuumuﬂizmuqﬁ%

NI NUUL N30 aNUUULLILAILAN nN3eaNUUUNUTIER
WWINNINNTEBNULL usastayauazEMIIWINAN | BanuULLLUAANakaIAYTZNOL
WHWNNT LR - Tnudidy
sUnwuazAdle lFlWdauazidoags fudalwa LLawﬁmﬁmgﬂmwﬁ
laigin

LUUAIONT - Ifvuassnusaiue 16 Anwwa
Fly

mlwanaungls - RIIANNATTRUNTINANTENLAD
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a5 useay AA 30 AAA

3.35n15998

3.1 IWABWNI5IVY

[V
o A

luns@nsaTedt EL @Tﬁmu@ﬁ"aiaLLaz"i’@qﬂizmﬁLﬁmﬂ%ﬂmﬁﬂu Usability 321319 81468
ﬂi:mugﬂ”ﬁmmmuﬂ"dﬁuﬁmmu AN mu@iaﬂizmumugﬂﬁmug\ﬁLaw duuuy B Tagldea35m anasiiams
lFuszuy, mmﬁawalwaagnﬁm e adslunITnIIRe ke FIWIUNIINARANAIA ANBIITTUNTIN
fifetos uwazeenUULAULUUUBLNAA WD TGN AUNTBNTANNININAN 4 M3 NENEN 50 AL UGy
\u A uaz B auaz 25 Mo aaianglidszaunisallinuuedy lavesndt 1 U idudayann@nvsuriu MAZE
(Clickstream, L1aaa8lun15¥1n1379, NMINARANAA) LazAZIWLUK CES Nufinasinnsne WiauguaaL
Fuuuuiasnand "3mm:ﬁﬁagm%m%mm@hsaﬁamimmuaz t-test (0L = .05) AIUIUAZULL V1A

ANNEN T LUMI TN UVBITZUUAN Brooke (1996) gm‘wﬁ 1

Sustainable Ul Design

besgn rctues || UseLERcasen
; (Minimalist UD | |/Guided Instructions )|~ |
! ont Style _—
; Color Schemes. | | (s:cossinilty WCAG | |
—» Group A ] (Dark Mode) 22) : Metrics 4
: '::‘s'gl:k‘ Customer Efiort
H . Score (CES)
Images & Videos Contrast Color i Metrics 3
(Use Only When Checker i Success Rate
Necessary) (High contrast mode) | | Sk Metrics 5

System Usabilty

Time on task Scale (SUS)

Purposive Sampling |-»{ Random Assignment [—f

Result Usability

T-Test

Conventional Ul Design l

. User Education The Effects of
Dseir poacloss Carbon Sustainable UX in UX
e (No Additional Performance
Instructions)

Graphics, Alternative)

=l Growp B —D
Color Schemes. Font Style
(colourtull Mode) (Standard) —

Images & Videcs Contrast Color
[image-Heavy, Visual-
Oriented) (Standard contrast)

MWD 1 VUADULATNTOLLWIAAINUITEY



'
A

MITNITTVUENTRUNAGIUEIND (JISB) TN 11 aiuh 2 1Gaw nIngIax - Funaw ni 63

AT 1 UEAINTOLUWIAALE WIS DaiTanlpaTzrinedandsdu (sUuuy Ul wuuaEwasau)
Audaudsany ldud anumannlumsldnu (sus), anuwssuvesdly (CES), nanasglumrinisia
LAZIIWIUMINARANANG”

3.1.1 gNBAAATN13I9 (Strategy) NINARDIAILANULLNNINAROUGULLY 2 Tila (A/B Testing)
iaSouifisuanusansnlunisldonu (Usability) szwinamse aﬂLLuumuﬂizmumuﬁuQ'L%Lﬁamm fafn
(Sustainable Ul Design) LAZNIIDONUUURIBUIZEIWITUN L ;ﬂ“ﬁ/LLUU@iﬁLaN (Conventional Ul Design) lag
QL‘*iTﬁ'Jums‘maadLL@iazﬂuﬁlzgmimLLﬂaaanLﬂuaaamju ngw A MIINARRIUIETTU A (MIBBNLLLEIUAS
ﬂszmu;ﬁfwmmuﬂ"&ﬁu) ngu B fnanaaadluieitu B (miaaﬂLLuudm@iaﬂnmu@flf*ﬁmml,uuﬁgaL€m)
Walimunsan3suifsunasnsldatsassluassun lagazdredanmaiianafisaian eadt 1) nafldlums
¥inn13fa (Task Completion Time) Sa3z82198 a8y (3u1#l) ﬁ;ﬁﬂ%mumum:mumwaau,@ia:msﬁfa
2) MInaRanana (Misclick Rate) fﬂ&'ﬂmumaaﬁﬁnﬁ;ﬂﬂ&iéﬁhnmanaaﬁﬂi:ﬂauL‘ﬂwmm Wasutuagn
FIUNINNA 3) 5AT1ANUELSD (Success Rate) '3‘@1nJai%uﬁma\‘iQ‘L’Eﬁmminﬁwmiﬁﬂﬁéu%ﬂm%Lﬁ@
ToNAWAIA 4) ﬂ:LLuummwmmmaagﬂ% (Customer Effort Score) 'S'mzﬁummdmmﬂﬁ;ﬁ%%'uj Tasl#
ATUWUAAIYINANTAD (1% 1 = 18U1A £ 6 = BINNN) UAT 5) ALLBUNIATIAANNENNTAIUATITIUTZUY
(System Usability Scale SUS) Taanuisnalalassindaszuusiuuuugauaiy 10 98 duroduazunun
32319 0-100 UAAIRMWNI LT NUlaTI

3.1.2 FUADWNITANL AW qﬁ%‘saammmﬁuma;ﬂ% (User Flow) lagidannydidnmiiunisde
sumaanlal iasndanududenvastuneniazasdisznaufinainnans 1y MIdumaud madends
F15213% UaTMIAAMUFDIUZNITITD ﬁamm:auﬁm%’umsaammuLﬁumuQ’L%Lﬁaﬁﬂmﬂs:%ﬂ%mwlums
13u laogadnldrimua 4 n1sfianan (Tasks) ﬁ;ﬂ%ﬁamuﬁumi %uﬁﬂﬁ‘ﬂumjuﬁmmu A uae B iold
ganndSoufisunamsldnuldeinadussmn uaasansef 4 uaznwil 2 3 4 usz 5 MuEIEU

ANT19N 4 AN TLAUAINNENN LLazm@lwaﬁLﬁaﬂ

A1sna ANBWTANSND | STAUAIINYIN manaiaan
o o o & ' « o A Aa o @ \

1. M MINDITTUY e dusrizuwiugiunienusagluwians

Naw ﬂaa@ffslLLazaﬂuaWNWinluﬂﬁiﬂé'uL“}T’]g&
seuvldadeTuTunaas AN NTALIN

2. AUBIRUALAZLAY | NITAUKT Yrunand WWNTEUIUWNNTRANVBINIITORUM

Fuanluazn LaISNAN aawlall nagauM Il Search Bar,

o ¢ ) ' A Y A A
NMIRITD Filter LLﬂ:‘lJ‘N Add TIR=TaUDIUTERNTAN

PRINITOONUULIZLLINNIIVIT AN

a9 wazau

3. 9AN15318N1T 11 ImMatoys &9 ﬁmmﬁﬁ'usﬁaumﬂmiﬁmm’sﬁlaaunﬂ’aga
AN FWALRZ T Waguulasswin wiasnidansons
[ NAFBUANNHANEUYBITEUY

4. MItvTasasha mansandaya Uunansg maaumwwmmsn‘tumsmanfﬁagaLLa:
Tnailumstiszdn MILEAINATBITzULNBSY aTIamaUMT

FORIVDITLUULAZANNA DL DIV

NITUIBNNTRITD
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Open Login Screen » Tap Forgot Password Receive OTP > Input OTP

NN 2 Lﬁuma;ﬂ%ﬂwsﬁiﬁamuﬁﬁu

User searches for a
S Found ?
.‘ o

Display product

details Add To Cart

Display product

Display ‘Product Not
Found' message

ANN 3 MTAURIRUAN g"ﬁagauauﬁuauﬁﬂumﬂ%

Nu—l

Peyment
View Cart I Delete unrelated L Check product went Found ?
products wrong

Yes

MWA 4 MITANIIN Uﬂ?iluﬂ:ﬂ%ﬁ LR TIIE%

Add New Card —> Input Name Input Card Number ——» Input CVV — Save Card

WA 5 MTRNTATATaR bra lwn1TE TS

3.1.2.1 NMINAROUFULUL 2 i@ (A/B Testing)

(1) maudangugld

& d' 1 ar 1l d' 1 o i . . ¥ dl

Tuaauil 1 ngudrageflluniImasasgnaudiaganuulanzas (Purposive Sampling) 3nKlEau
a o A o Aaa o wn o o o . . . A
fanuiAugwieriumalulaididng lasfideldlfuuuseuniudansas (Screening Questionnaire) LiNa
ATFIUANARANZANVDINGNUTZTINT

& A ) ° & [ AN v . o ' 1Y g

Tunaufl 2 Random Assignment azgnianlflutuasunasanilandudadtoud laonszuaumaiy

IfiNaudsnguaiadiseaniungunaaas (Experimental Group) WaznguAIuAN (Control Group) 814§y

'
A

walinisasnguiidnsuzAugiuilndidosnunge Seaztrsiuanuindaiiaveinaniimanasuaziiiy
Internal Validity 2899114398 lasiladanguiaiaudazldgitrinummanasadt

' o [ 4 J ' ¥ oA
ngu A imInanadluineitu A (MIsanuuududalszaud IFnuuunibn)

ngy B nmsnaasdluiiassu B (msaammuaau@iaﬂi:mu;ﬁfmmmuﬁaLam)
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Design practices

Not a member?

Forgot Passward ?

@
)
®

NN 6 A8E1NAIDLENANVLANGANAIWLWINIINTEBNULL

3.2 23 In3UaznaNAI8E19 (Population and Sample)
lfuuusaunuaanIad (Screening Questionnaire) % AT EUaENIIN INBLazL IV lrdadnanaly
A A o A A o @ a o = & @ . A
W BUIH UM EINI TR b uA N e T nukaUwR e TR az I U o d I@ﬂnqwmama (Sample) Nllu
L ' ) . o Aa ¢ A o Aaa o
MINARDINNFNMIBLH LU (Purposive Sampling) a’m;ﬂ’ﬁmummmgwugmmmnuLwﬂIuIasJ@awa
I@zl;'TTL“iT'ri"Ju'«a:@Taaﬁqmauﬂ'ﬁ?\mmmmmsﬁﬁﬁmm Teun Huszaunsainsltunalwatatsuniativlad
. o A o A va ° ° v & o @ . od o
agatkes 1 1 uazaunatnlauazd fudawduuzihlunisnesssla smmﬁumm@mgumamdvl,amnmu
50 au
A o o o a a . . o [ ' a
FIRUTFNERTUNIAN B LN B oL TILUTNN M (Quantitative Research) lapdnuinaInaLingdna
a%m%’umnﬁuiagaﬁmamquLLa:a:ﬁauquuawauQl%awuﬁ%mnmm LRSI U UYTERNT AN
maaﬂs:anmmfpﬂfmu szwjngﬂuuu miaaﬂLm‘uehu.@iaﬂi:mu;ﬂ%\imuuuﬁuawu,a: MIONLUURIWGD
Uszaudlgnuuuusin ldadrefidszaninmundudadaligmansusidasdudsil 1. iwa Touaznds
. p Y PR . .
2. 7239918 20 Jawld 3. dszaunsal JUszaunsaimsituadwaiasuatistay 1 1 4.5:0un158n1 52U
~ & d A €T e v o { A =
inanaiauly 5. gdniniflgluniinasas aesiamatasldzuazliain uaze. JUnuunagaudaduinaiiie

Sumaﬁﬁ@mwﬁagam gluara1Inse Wi-Fi NHanNanes

4. HaN13398 wazanlsana
4.1 's“fnumxmaﬂs:‘mnsmam%maamjuﬁmsha

JayanduaaidinIINARaUALLULTZUY $112% 50 an Sauvian 2 naa lawn NaN A Uag Naw
B nguas 25 AL Iml“ﬁ‘%%ﬂﬁ@jw,l,uudw (Simple Random Assignment) LﬁamuquéﬁLLﬂiLLaza@aﬂmu
mMaRennguaa8 iagaﬂi:mﬂimam‘mmmg;uﬁaazhammma@ﬂvlﬁﬁaf:

NHUA LN TINANINATI LR INAR S TaWATI8T91WI% 27 A LAZINARDITIWIN 23 AL
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naueragadid M manasdiwin 50 aularyadluzg 21-40 U (range = 19 1) I@Uﬁﬁhmﬁﬂmq
Winnu 30.1 1 LLazmuLﬁmmummgm (SD) vinfiu 4.7 U fnd583 % (Median) agjﬁ 29 1 mm:ﬁ@hgmﬁw
(Mode) fa 29 T Gﬁoﬂa%ﬁmjué‘samangﬂﬁ’aaglumoﬂmﬂ’fﬁ 20 Tiilusulng) Lfiaé'mu_iuﬂu"ﬁumﬂqwmw
Ny 25-29 T]ﬁé'@mumﬂﬁqﬂ (Sawaz 46, n = 23) Tadadunfe 30-34 U (Seuaz 22, n = 11) 35-39 1 (Sauas
16, n = 8) 20-24 U (50882 12, n = 6) Uaz 40-44 T (FaEaz 4, n = 2) AWAAL

mMaaassidnPudgmMmasauduuuy A Lz B ateaz 25 ﬂusl,ﬁmmﬁls_lmq 29.6 WAz 30.6 1
MNEIAL I@mﬁmﬁﬁﬂgmmaﬁuﬁ 29 1 mmLmn@mﬁaﬂﬁm‘l&iﬁai:ﬁuﬁmaria’l,ﬁl,ﬁﬂaﬂ?]ﬁmmq (age bias)
FONANNINARDY 'ﬁ‘iammmm;ﬂvlﬁdﬂﬁqthmqgﬂmuqulm:ﬁuﬁﬂau‘fuﬂﬁﬁw%’ummﬂ’%muﬂmuﬂi:'ﬁ‘n%mw
PDIFULLLTIREA.

duszaunsinm fidwsulngszduliggieiniaifisumi Suau 37 au sesasanfeszau
Paanln 1w 11 au uazszaulSygen 1w 2 an

lugruvasann wuididhiwaulngdsznavandwnduninnuuism dwim 41 au G191/
Timnfia 6 au uazdsznaussfiadiudidn 3 au usasliiAuihnguameinflianunannnanslundizesansme
N LLa:ma]:a:ﬁaquaﬂﬁmaaé’l%ﬁ"avlﬂvl,ﬁmu‘szﬁu%ﬁd

fnudszaumsallunsldnunadwiiagu W'U'j’lQL*‘IT’]&'Juﬁy'mmﬁﬂi:aummﬂﬁmumﬂﬂ'ﬁ’] 51

o o e ' d v @ ¥ a o o A XY
[ID Uﬁuﬁu?ﬂﬂq&lﬂ? 2 EJ']\‘]ﬁﬂ'J']ll L%U'J’ﬁ'lmu LLﬂzﬂuLﬂ EJﬂ‘.Lm’]ﬂ‘N’]uLLmea Lﬂm‘lﬂuizﬂ'ﬂﬁ |1 miﬂlWﬂ aLRUBLLS

=

‘ﬁuqmmwvl,@? ﬁwﬁq@ NgY A Uaznga B gﬂ%’@aiﬂﬁmaauﬁmmuﬁumn@mﬁ‘u Iﬂﬁﬁﬂ@'m: 25 AULYINNY

'
A

L‘walﬁmsmaaaLiﬁsmLﬁﬂuﬁmmuﬁ%aaaﬁmmqaﬁm wazaunsah lUAezina laagnauaingn
4.2 HANINATDUNITITINN (Usability Testing Results)

ANINAFBUNTLT % (Usability Testing) AUARMINUHATINTIWIU 50 A% Taglfia3asia MAZE
Lﬁmﬁuﬂ”agaL%awqaﬂﬁmmﬁmmu 2 uuy ldun wuy A (Sustainable Ul) Lazuuy B (Conventional Ul)
lagldnseunsUsziiuauunasgin ISO 9241-11 (2018) Fatsznoudsmidssfinanusunsnlunsldom
YoI5EUUFMLLY (Usability Evaluation) luawdssil fRapdsudemstazdin anusannlunisldau saniu
3 aedsznaunan el

4.2.1 UszBnTua (Effectiveness) anuaansnvadglilunisinnisialwdusalaedrigndauas
i35anlHlunuispife saanuénsalunisrinnisha (Success Rate) lagfinaaanuieail drduuuy
Uszinn A uae § daduuuudszinn B wu anudiSalumsrimitafesaz100 no 4 J’]’]Sﬁﬁ]“/i‘iﬂ

4.2.2 1325 (Efficiency) ‘n%"wmmﬁ;ﬁ’ﬁﬁaﬂﬁumimi@Lﬂ'mms;l L% LI AUWENHNN 3D
$nwannsnan srdienltluuiseit nanadefldlunsii uazduiunsnefianaa (Misclick) Ussansanmw
Fziaw USUNTNTNEINT LTH LI81 WIIN1E WD m'm‘wmmwmam'luﬁ@ﬁ;ﬂ%ﬁaﬂﬁﬁamsqmmmsJ Bold
NINENIhaL 5:uuﬁaﬁa’jwﬁﬂi:§ﬂ%mw§d Tumsanuassiifiuiseiadssansnwannassdnisdnen laun
‘a‘:EJZL’JEQ’]“?%E?L“IT’ﬁ’JNI‘EE%’]L%%]LLGiaZﬂﬁiﬁ’s]I@IElmallﬂ ez SnassfuazAadunisuuniiee lagaas oils
Tumarihnisiauaasluansad 5 HaggUdmIunIINalanaa (Misclick) AduuuULlIzAN A uaz B ugadlu

AN 6
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A9 5 aNaRNMluNYNANIAAYsTAN A WSsuHsuAUa e RuA LT lwnsYnANIRaY AN B

L. - anadenlslwasiii anadeilslwnisii
ANl asena
asnadszian A asnadszian B
1 msﬁiﬁamuﬁﬁw 12.7 Awf 19.1 AN
msﬁum%uﬁm%a‘ﬂ’agalu 37 i 49.6 AN
2 sruuuAzRNEuA lwazn
st au waud lusemle 279w 32.7 3w
° AZNIIRUA
4 | madindaslnalumytnszGu 12.6 3wl 15.7 3wl
a13797 6 syldwmaunInaiawaa (Misclick) sewinamduuuuilizian A uaz B
N9z NMINARANARIA A | NIINARANAIA B
miﬁiﬁamuﬁﬁu 6 8
n'ﬁﬁumauﬁ'm%aﬁa%mlm:uuLLazLﬁuﬁuﬁﬂumn%ﬂ 8 27
AMIIAMINEMIIUATN I RUA LR EI TN 22 22
maiintasasaalnalunistis=iGu 4 14
SIHNINARANA AT 40 71

4.2.3 @naNanala (Satisfaction)

anuisnalavasyld (Satistaction) dunilslussdusznaimdnvemstssduanuamusnlunsldnu
(Usability) @13nsauuniIfaaad 1ISO 9241-11 (1998) %a’s:y’h anufanalanuneis “i:é'ummﬁawahﬁ;ﬁ%
ﬁvﬁmﬁasl%mm:uuﬁawamﬁmﬁ Lﬁ'alﬁms@uﬂmmﬂﬁﬁadﬂﬁ”’luﬂ'ﬁ%%ﬂﬂ%ﬁ: Qﬁ%ﬂlﬁaﬂl‘*ﬁﬁa%?@ AT
ANNNWENEIUYBIaNEN (Customer Effort Score) ioUszfiuanuienalenas AlFnulunslfnuszunduuuy
WARzLUU lag AZUBUANUNDILINYBIZNAT 39LEuUN1TI090 ;jfl,%@i”aa “wongnnandasiisala’ lunns
Fuiumvsarinasiadne 9 RamSauussuy f’fjaLﬂu&qlmaaﬁmn@homnmﬁmﬂmmmj}%m’ﬁauﬁavlajwau
20914

4.2.3.1 HAAZURWHAIINNYIBINVBINAT (Customer Effort Score) 2adGranuuulszian A
FMIUAULUUTTULULLY A 9InMIdaziiin AzuusaINeNERaIand R I wIn 25 aw wud ez 64
W30 16 AU PAZLUWI1 “BNn” Tasaz 28 B30 7 Aau IAazuwnii 1o’ Seuas 8 wI0 2 AU LRATUUUIN
‘dhunans lddgldlwazuuuluszau “orn” wia “onun’ WardSouflsudiais azuuwananeeayas
ANA VOITTULUUY A Iddaiurimy 4.6 NAzuwwE 5 %ﬂﬂ@%ﬁﬂQ’L"ﬁammﬂ%nvj'ﬁﬂimuminimﬂ‘fmu
firudu warldanuwensuiaslunisinisiaeing 9 lﬁéﬁL%ﬂi@gﬂﬁ%’[ﬁl,ﬁujwﬁmmuLLmJ A 39810130
@1auauaa@iammm@mi’amaa;ﬂﬂﬁlm:ﬁuﬁﬁ wazliinalifeanuiandudeuniagsonnlunisldam

4.2.3.2 HAAZUWWAIINNYILINVDIQNAT (Customer Effort Score) 289 GaawuuLlIzIAN B
MMNHANTYIZLTL AZUUUANUWENBUBIZNAT (Customer Effort Score) U8IFUILLLITZULLLY B ﬁLﬁmTa;ga
NNl man 25 au wuh WaSeuioudads ATULUUAMUNENENNTBIANA VBITLULLLL B Ieieniade
Winfiu 4.6 nezuwndy 5 Jlinusmlngfsaumsalldnuinuiuessiduten laguadnsmunsauan
wasleasit Sawnz 56 wiosuan 14 au lkazuuuin “e” Youas 20 wiadwan 5 au Tazuuwin “hawan”
Jouaz 24 wiaduwan 6 au Wazuuwi “dhunare ladgldnuldazuuuluszdy “onn” wia “oanun” wans
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Uifiudnanasiauliiinit fldsulngaaunsnlfnuszuyldedilifada lasmuudinirfesss 76 ves
dlfliazuuuluszdy “ie uaz “hown” Fefodudygraniuindedszaunisimsldnuresszuy daude
ﬂszmu;\‘i}‘l%muuuuﬂ"aﬁu‘[mmmaﬂmﬂf: seuvldldiaSasiia Maze Lﬁ'asammﬁa;&a AZUUBANUNEBN
va9gndn fanglivasyinnsiesisuudunny Semelimunsaiannufionaladejiansldeiuinn
uwsslienurdadeluusunaesnsnasay anvamansalunisldng

4.2.4 uan15U521ABAMNEINITAIHAITITINWBILVUABUUY A G28ULLFAUDNN ¥1ATIA
ANuEIInlunI T UBe93T U (System Usability Scale) uuugaunia aasinanalduvasszuugn
ﬁwvlﬂlﬁﬁ'uﬂﬁjuﬁaaaiwﬁwmu 25 o 1asTn15Us 078NN LURANLHINIIGILANVES Brooke (1996)
FINAUUUTINAA 100 AZUUM m?imawmmjw = 85.6 AZUILb Lﬁaﬂm‘;mmnﬁagaL%aﬂ%mmﬂsznauﬁums
ulannununsauuwInnage §isagdldin ssuuduuuy A Sazduanumunsalumisldnuedlu
mmeﬁgamn mmmmauauaa@iammﬁmmwaa;ﬂ‘*ﬁmuﬁ'a"lﬂvl,ﬁaﬂﬁaﬁﬂszaﬂ%mw

4.2.5 uan15U5z1ABANFINITATNITIHINBILUUABUUY B FI8UULFOUDNY N1ATIA
ANEINTITA WA TIFINUVBITEUY (System Usability Scale) Wu73n ﬁaﬁvlﬁﬂumum’é‘ﬁgaﬁq@ﬁa Fafi 5
“WarTuad § vadszuunulaauasitrnule” I@ﬂﬁﬂ:uuumﬁﬁagﬁ 4.32 azuuw e lAARIElF U
anuianalalusuanuasudinuazmsviauiniuuesiatauluszuy luvaed Tof 3 “Sunuirszuudils
amldde” was Tofl 9 “dfujﬁnﬂ"u’l,a]Lfiasl,"ﬁ\‘nu'i:uuf:” ﬁ"L@Tﬂ:LLuum?iﬂgﬂm:ﬁu 4.00 AZUUH LA 4.18 ATULH
AURAL s‘fiaazﬁauﬁumm\‘hﬂsl,umﬂ%muua:mmij"ulwaa;E’L%’Lum'ﬂﬁmauﬁ'm:uuL:fiaﬁmsmmwnu
PoIR U M AANVIFIUVITTUL WU FTUUGWLLLLUL B Jazunmadssiayinny 70.1 azunn s‘fﬁagj
luszay AFnulad” aumaudanaazuunzes saviaanulinuuesszuy szydn asiaanaldnues
SEATRY, ﬁ'aglwm 6880 fiadnagluinmat “vauiule” nasniiasfanliifinit srunduuuuuuy B &
m’mmmmlumﬂf\imag‘iuizﬁuﬁmﬁawah I@m\ﬂ%@mﬁmmﬁﬂa vhlaszoyldie uazaaniniFougld
289N
4.3 MINAFDUANNUANAWNATATLHINABULY A Uaz B

msﬁnmiﬁi’mqﬂs:m&ﬁam’maaum’mLmn@m@T’mﬂszaﬂ%mwrwﬁlﬁmmzuu (Usability) 7e#319
AWLLL A (miaanLmummiaﬂﬁ:mu;ﬂ%mmmuﬂ"aﬁu) LRTAWLLUL B (miaanLLuumu@iaﬂszmu;ﬁﬂﬁmu
LLUU@%L@N) Tagldnsnasaudnsaiauuy Independent Samples t-test Faiflunaiiadiazianuuands
°uaa@hLaﬁUi:mwaamgiwamzmﬂﬁu TagRansananddsasnumsldnunan 4 s19ms ldun azuun e
Taawsunsalunisldinusadszuy (System Usability Scale), AzUIU ATULUUAINUNIIHINVBIQNE
(Customer Effort Score), uaz LIatadafildlunisvinnisfa aanadslunisriinishia) nanmsdansiene
Independent Samples t-test LaAs1HIABIN GATTATI 4 F1HTANUUANFIITERINIFUULY A Uaz B a8l
TufAMIsiafiszau o = 0.05 Fegnantaudanaidoanladil

1. azuuuinavinanulfnusasszuy ngu A ﬁmLaﬁﬂgaﬁa 85.6 %aagluszﬁuﬂumumm A @1uN3
#n1NuV89 Bangor et al. (2009) 1umm:ﬁﬂ§'m B e 70.1 f'fjda%i’l,mzﬁu C amuuanasiiiiidtyadnebs
(p < 0.001) LLamlﬁLﬁu’hmsaammmmuﬁaﬁuﬁaﬂlﬁ;ﬂ%ﬁnﬂ'ﬂaLLa:ﬁqwasl,au'mﬂ'j'w‘l”mmuﬁ"avlﬂ

2. ATUBHAMIUNENDINYDIGNEN NRY A'ldazunmiaiy ATULUUAMIUNENINYDIIN §INIINGN B
ad19dlupdATY (p = 0.002) %aazﬁamw@’lﬂuﬂéu ahum’aﬂi:mu;ﬂ“ﬁmuuuuﬂ;\iﬁuﬁﬂh “seuuldaudine”
LLazﬁaaaanLLiW%mmwmmuﬁamimaq’u duu@iaﬂizmumu;ﬂﬁmuﬁ%Law FailudtsFanuadasdives
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Factors Influencing Grab Application Continued Usage Intention and Intention to

Subscribe to Grabunlimited

Apichart Sompolpong *

Thammasat Business School, Thammasat University
*Correspondence: apichart-som66@tbs.tu.ac.th doi: 10.14456/jisb.2025.11

Abstract

This research aims to study the value factors affecting overall satisfaction and continuous usage
intention of the Grab application by applying the Extended Consumption Value Theory. This quantitative
research collected data from 216 Grab application users who were not yet GrabUnlimited members. The
findings revealed that only three factors positively influenced overall satisfaction: price value, affordance value,
and visibility, while prestige value did not have a significant impact. Factors affecting the intention to subscribe
to GrabUnlimited included continuous usage intention, social influence, point mechanisms, and trial strategy,
with trial strategy having the strongest influence while advertising value did not have a significant impact as
well. The research results provide benefits both theoretically by expanding knowledge about consumer behavior
in the digital era, and practically for application developers and marketers in the delivery and ride-hailing

business.

Keywords: Delivery Application, Extended Consumption Value Theory, Satisfaction, Continuous Usage

Intention, Subscription Intention
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‘nuaﬁmLmeﬂmmmmLLaﬂmanmﬂmmmuwuwhﬂumwmsagjm NANOLDWEIWATIVDITIAUTLININ
1 U 1 é =Y L
painguiltnulubuiissuazmuiiies (Madinga et al., 2023; Weiler & Gilitwala, 2024) wikiluuaUwiintu
t:i v v A a nl'd' 6 1 v ‘:lyﬁﬂ = ‘é &) a o a
AhunlduInsedneInasulandunanudainisnmanisaanaitfie LwnSu (Grab) daiduuSuninalulad
fymasaluinldvnouinmn uddundidssmaGensniusldgmaduuinismssenmsuasiud i
a1 lasunumunsaldvslomiangudlfnunivTnannuazieistnsaudurnuwszuaimaflodiniiems
ldmunsadudadnnusmunisatlaagnimads luamauinsssemsuazsuasasludszmalnadowe
ﬁl%@iua:ﬁmmﬁaamsga siamﬁ@;l,niamanﬁmmﬂlmi 9 [NUINTWIRAREN lagninyadissudlulszine
ng o Jagdiu unfudiguialng 9 iou laiunn (LINE MAN) Haunudn (Food Panda) waz TatT#la (Shopee
A o a ) v a \ A = o v o ) & & 1A
Food) Aianautdnunisuwa siunulumsiusnnssieinis o9 Lm'summ]:mLﬂu;duﬂmm@muuangﬂﬂgLaﬁ
"l,ajvl,ﬁl,aﬂ'hﬁwé'dLw%zyLLiaﬂ@é'umam'smjaﬂ'uag'
FBMANAGINE unTudidatnaswiTing 9 Nazilddesmuiininmaugndiinsuiiom
U ] 1 U é dl = U o L [} = A = {
§ﬂﬂ'ﬂmagvhmua Ta wmiunaqwﬁmammmwLmiu'lﬂumﬂﬁam‘sm‘i:uuam’ﬁmmmwmﬁau FIv0
. & o aa & L. o a & o A o o a 'Y PN o
F132uUUNSUBUANLAA (GrabUnlimited) me‘lﬂ@suﬁ;ﬂﬂi:mﬂmﬂﬂamimwmmnnmaagnm vinsele
@iaﬁ’ammﬂ’[ﬁmu LLa:a@awfu"l,ﬂﬁmmauauaammé’mmwau;‘ﬂﬁ’muﬁlﬁu’%mmn%naﬂ'wm‘hl,aua AUINT
sruvrIInedanhisudnluiisdaiet 2021 ludssinannade waslavoneldgsdszinadu 9 lulaie
[ a o =3 '
axineanidudld Tudidsamalnaluiadann
199 I@ﬂsl,umimﬂquf]ma%mUU%UW}Jaa%aﬁwé’né’u%%aﬁmumwalﬁ;ﬂ"ﬁmmﬁﬂmwﬁadmi
Tunsldnuuadnfindiadingd Snuwidvluadnaguiiuas Kaur et al. (2021) Aildvimsfinmiisdadveng
mu‘m]Hqummmaamiuﬂnmmmiaﬂa@ (Theory of Consumption Value) Lﬁaﬁ'«aﬁ@mﬁuf@gmmﬁ’m@m 9
YaILOUNRLATHLARLIDT Wal batdun1ININITRIASINITALULLRDII U wLaaud I lua Unansuninns
ﬁ@ﬂ"m%mia%iLLﬁaLﬂuvlaLaﬂﬁﬂ'am]”’ml,ﬂaﬂslmiLm:ﬂ'dvl,&iﬁaﬁuﬁﬁﬂﬁﬁﬂmluﬁmﬁ NWITB AT aNfnI
fhinmlddldnuuelwiinduuniuaadulasiasldnunaduauninnodauuniuaudfidalasazdnmly
< o ' a o o v A o v a = @ oA a o A =
Pudnnanitazitatoainlatninazinldinannuisnelawazmshfnudaiitasvasua Unaiatunan Liadnm
lﬂl 1 v dl U s a o ] 1 dl | a 1 v a v dl L a = L aa
m’mLmauimmtﬂ’lm']mhmLLaﬂwammammamauﬂuﬂﬂmagLLmﬁ]:uLLuﬂuum:ammmmmmmauau
L\AAAI8wIe bl

2. nyuHuazawisaluafiafiiadas
2.1 u,mﬁﬂLﬁmﬁ'uﬂquﬁqmeimaamiu'%fnﬂ (Theory of Consumption Value)

Sheth et al. (1991) "L@Tai”nLLmﬁ@Léaaﬂqwﬁqmmmmmmﬂm (Theory of Consumption Value %38
TCV) %umLﬁa’L*'ﬁLfJumauu,mﬁ@éwﬁmﬂumﬁ%ﬂﬁmmmm@LLazwqamwQﬁinﬂ Tasmnugifauaiing
é’@%ulamaag?u’%Inmﬁmﬁ'u?aﬁ%%aﬁ?u ldsuanwangudmats 9 139 laun qm@hmmfﬁﬁ (Functional
Value) iu¢inn19813%ak (Emotional Value) 9muA1M19§9Ax (Social Value) gaenadnaudanlna (Epistemic
Value) LLazqm@hﬁﬁﬁauvlﬂu (Conditional Value) lasdanguf TV ilunitdlunseuumdafiduiifionlfang
wninanglumslitiensddinsldnunienmsdaduladoduduazuinig asniadolungeiiananm
iandanulnilidrsuusunuesdudiniatsnses 9 ldegnswannnansdndas SasuetI vassmadums
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msldnaasmaisnslan WandensldmuuaUwaiadudusnuinune (Chalomba et al., 2019; Mason et al.,
2023

2.2 mwiaﬂﬂﬂﬂﬂﬂﬁ@md’mmmsu%fnﬂéi'm%'ml,aﬂwﬁmifmmﬁnaé (Extended Theory of Consumption
Value in Food Delivery Applications)

Kaur et al. (2021) ¢ TCV sudaidvuaziinnalndiieldidniuusungniunisiadasoies
ﬁnvl'ﬂgj%msﬁ@ﬁulﬂ‘*ﬁuaﬂwam*’f{umama‘% lagldudsnuidndusesdin fe druusndarnisaunuings
(Focus group discussions) lunguaasglfuawiatuiadig a’%ll,‘fluﬂizﬁhLﬁamﬂﬁ]';fﬂmmm@huuﬂmjﬁvﬁ
ihandadulalfrusedndintunan oldnsantaanunin AMAINIITIAT (Price Value) ANMaTagunIw
(Health Consciousness) ﬂﬂ&lﬁ'\‘l’am‘%a\‘iﬂ’a’mﬂaaﬂﬁ'ﬂ"uax‘lm%ﬁ (Food-Safety Concern) Qm@i’l'ﬂ’mﬂﬁ
Lgaéwuaﬂ (Affordances Value) ANNAINTD U TR LAY (Visibility) LLazqm@h‘ﬂ’mLﬁ ma{]ﬁ (Prestige Value)
@ia"l,ﬂ'ﬁ‘iavl,ﬁ@‘hLﬁumidmﬁaaaﬁLﬂumnﬁu‘ﬁagammmuaaummmzm‘sﬂizmawaéhﬂﬂi:mumimaaﬁa
LﬁamnaaummmL%aﬁmlaaﬁa%‘ﬂmdqmmﬁ?]mm%umlmj@iamiﬁ@%uslalun'lﬂﬁmuuaﬂ‘w?aLﬂ%‘um’&
1183 ©9 Kaur et al. (2021)"L@'Twamﬂmﬁ%'ﬂaaﬂmdf']ﬂaf{'fﬁﬁ'mmwuﬁﬁﬁaﬁoqmmw (Health Consciousness)
LazANAIIa509a10LaeA R BU8I81M15 (Food-Safety Concern) la/ledsnsnadonsaaaulaldouuey
WaLATuLAALEI A sla aaaﬁa%’mﬁ%ﬂﬂﬁgﬂmmli’lumuﬁ%’uﬁI@m Kaur et al. (2021) leguiingiuin
mam:LﬁuLw*i'lzéilﬁmuﬁmlmyij’ﬂﬁ]:@maaauﬁdmmﬁﬂuLLa:mﬂﬁ’ﬂzLLuué’ﬁ’mﬁ’mam:é"a %aﬁﬂﬁ;ﬂ*ﬁmu
femnugaiuluduefiawdan

ﬁ”'a‘lfl,ﬁaﬁmqwﬁQmﬂ'waamiu‘ﬂnﬂmﬂi:qmﬂ% H3pudsldinuansevfisuvetudazladnain
nawg Weglusuniiaunsaszndlsldamsunaywiinduadnaiai

2.2.1 AAIN1931A1 (Price Value) AMAINIIINAN (Price Value) Lﬂwﬁﬂuqmmﬁammﬁumﬂmj
il’mqmm“n’lmﬁ’lﬁ (Functional Value) LN WLA8IND m’mﬁ’lﬁdﬁdqwn’lw (Health Consciousness) LLae
ANuRaEeInulaanfsuasa1ns (Food-Safety Concern) %ﬂuﬂa%’sﬁy’wmﬁﬁqm@hmaﬁm (Price
Value) 1itp911as st safinuindaniwadansdaaulaldsuneUnaatuiadiiesluuisuues Kaur et al.
(2021) s'fiavlﬁﬁmum'lwmslvl,"s”’j'lﬁamﬁ‘uﬁqm@i’m’m’m’mamﬂ%ﬁi'mﬁl,ﬁwfmﬁ olFnuneUwituiadiie
WeRasandeiwnduiidgluimeldusnmssomslutetindnaiudunainldwiela

2.2.2 de’m'}dn’lﬂé‘aé’mﬁﬂ (Affordances Value) Qmmmamﬂgaéwmﬂ (Affordances Value)
Huilaspiiaanalndan qmmﬁﬁlﬁlauvlm (Conditional Value) lasfianunansfaanududszlomiannsld
NunaUnatu wiensfifiase 9 ﬁﬁﬂﬁjﬁﬂhLLaﬂwam%’u‘[%dwU%u%%aﬁmmuﬂ%{nuﬁum 1% Msfisiu
ﬁamn%’oagﬂuuaﬂwamﬁumﬁnaé msfifldnanddsanmmiesintiuasinsa uaznsvaluslutueng
InudldnuuaUwiiadu (Kaur et al., 2021)

2.2.3 ANAIN1TAIHNITNILAY (Visibility) Lﬂuﬂaﬁﬁﬁﬁmml%wmnqm@hmwmmanlmj
(Epistemic Value) I(ﬂﬂﬁmmv\mﬂﬁa@]‘mmmamﬁ'uj’ia%lmmmsmnmﬂ%mw,l,aﬂwﬁLﬂ‘f{um'ﬁua% MU
Sulnal 9 wialdslatuuszuininalngd 9 snlasanmeluwedwiindwediies (Kaur et al., 2021)

2.2.4 AUAIN9LNYIAYA (Prestige Value) Hutladeiaarnaludaniis AMAINIIFIAL (Social
Value) Tagfinnunansdaanufifiosd maunnansol LLazmsﬁwmmﬂs:ﬁulaﬁﬁﬁQu’%‘[m"[ﬁ%’umn
saanlaomslduoUwaintuiaiiigs (Kaur et al., 2021)
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2.3.1 8nBwan19d9an (Social Influence) fia n13fiyaaaiuuidalnilulfinnziiuwainia
\AuTaunuLwIAAY8ILaY (Blackbyrn, 2023) lasluuiunvasmahanldiuueUwiatulatiafensldiums
o v A a Q/J d‘ =1 Qs A dl o A v ]
wuzihldldwiaifiansasnldtuailialiausaudmisauniuialdnua (Yan et al., 2021)
® & @ I =
2.3.2 NISINUELANUANULAN (Point Mechanisms) msmuazauuammuLﬂuﬂmluﬂaq'ﬂﬁma
MINNAVBITTUUANNANG (Loyalty Program) Miunfieuldesrsunsnais I(ﬂﬁﬁﬁ;ﬂﬂszaaﬂﬁﬁamvﬁ%agﬂﬁﬁ
LA a%“wmmﬁ'ﬂﬁmadgﬂﬁﬂmi LLazLﬁmLsagdlwiamﬂ“ﬁmmimﬁaaLﬁaﬁum?zauﬁﬁﬁadwmaognﬁw
(Masternak, 2024; Zhang et al., 2022) lagMSAURERNLANLANIAINNNIATHINNUADN AL AN IFR1N
MIReaN MNUUINNINI aTanaaN uri a6 0L a3 LLﬁﬁuﬁnmLLaﬂﬂﬁa@lammuslugﬂuumm 9 L% FINAA
@ va o A PN a & o { = v 2 a
VOITUUUIA T RIOMITIAEUA UM I ANLANIINNIAILUTUALDIRIBUUIUANL T UNIINIUAINIINITAN DIR9
mmﬁﬁlzmminﬁ'@ummwué’uﬁufﬁu;ﬂ’ﬁu’%mm”ammsa%amw;dﬂﬁ'@slﬁl,ﬁa@i‘*ﬁu‘%mijﬁﬂ’j’lﬁl,lﬁua:awﬁ
asnianmilduinrasildifiansnszdunaznauinldvimslniiedesaauduanaansnl Faunan
s w& & J a o v a = d' 6 a . .:l' o 1 v v
i'mavl,ﬂmLﬂmmlmmuﬂmadmimlwmﬂmimmammmﬂumaﬁ (Loss Aversion) 1l lauanuduan
AUA (Chen et al., 2021)
3 L . [ 2 [ ' !
233 naq‘nﬁminﬂaaa‘lﬁ (Trial Strategy) naqmmsmaaalmm"l,mummaulaamamﬂlumu
nAsTNiIu laglawizagnbsluusunueaiasugiauuusan®n (Subscription Economy) Aasdulaadng
= . a Xa a A o A Ao o v a
320137 (Vindicia, 2024) LLmﬂ@umﬂngmmmn‘nqwgmammm@‘nLuumiaﬂmmmmmuﬂmaa;duﬂnﬂ
U U a Q/ ~ ] QI U r=Y L= a v QI lz/ 1
NI LaaadlTHEaN i WIa UM IHN wazmainay sl lund admainIauI TR NN DI URIWANT
[EARUGER (Chen, 2023; Koch & Benlian, 2017; Ramadhan & Belgiawan, 2023)
TurSunvasuetwiiatu nagnimnenaslinuiiunumidylunssgaussinmgls nuidbues
Koch and Benlian (2017) Wy mnaua"ﬁad‘ﬂ@aaal"ﬁmuﬁmmimﬁué’mswm‘it,ﬂﬁf;lumﬂ;ﬁﬂuuvl&iL%Ulﬁu
luwSilioulaias (Freemium model) Tiduglduuuiduiulddneas
234 qm@iwaan'ﬁfmwmﬁ (Advertising Value) Qm@iwaamﬂmwmw (Advertising Value) 131 8119
A ed o a A o a o & A A &
qmmmaﬂiﬂwmguﬂmmaﬂmnwa@mmm U7 730 wuTuala 9 lHuHaN1INANUNENENNNIIANT
Toan ﬂsauﬂquﬁaﬁwuﬁ%’uﬁaa"tﬁuazﬁ‘uﬁaa"lsﬂﬁ LT Qmmwmaaw’&mﬁmsﬁ %a(émmaummﬁgamﬁ%’uﬁ
WazNITBaNluINIsanTu Il Haﬂ'ﬂmHmﬂ@ﬁ'u’éw%wamﬂﬂaﬁ’wm 9 1@ Uszantaiwuaste anulason
ANNUNL TN eV ILRRINN LmzmmﬂjauLLa:ﬂizauﬂﬂsrﬁmuﬁwaa@”u'%lm ’Luﬁq@ Qmmmaamﬂmwmﬁ
ununimaglunisinuansaeiulazesguilaaussduinfananunnddauuIud (Aziza & Astuti, 2019;
Febriyantoro, 2020; Mustafi & Hosain, 2020)

3. ANNAFINNITIVY UATNIDUUWIANITIVY
3.1 NMINAUWIFNNAZIBNTIVY

3.1.1 anadnRsEnIvamAInINMuazanafisne llagsnnnualniiati

NWITWVBY Kaur et al. (2021) duwuiniadsgmaniesian 'ﬁLﬂumsﬁmmlﬁmmﬂafﬁ'ﬂqmmm{l
il fi(Functional Value) a9nn©f TCV FdnTwasdvundanisaafulaliounalwintuiadi 831Ny
pnTuaziaItn lasfAnmiladufiding @iamﬁ'ujﬁmﬁﬁ@iaﬁﬂ%ajﬁﬂ"?'iLﬁ@%ul,ﬁalﬁmﬂwawﬁ'umana’%‘
wiiarnuazldldnesavilasudusadeanuiinalalassananuatwalatuass g uaaunsadnnuain
m‘s‘ﬁl;ﬁﬁmuéf@%ﬂamuuaﬂwaLﬂ%'um'ﬁnaéﬁaﬂ 5 iufanulndidsaiunfanuftonelefideuatwaiadu
568 §AAANEY NUIIWIILYDI Mason et al. (2023) finazeuiadudig 9 VaINguamd119nIuTlng

s a o o : v dd « v o % ' . o o ' g
(TCV) ‘ﬁx‘]llij'%’ﬂEJ@]"I%QMF]’W]'IG%%'WW]LU%{IQQEI@I%LL]J‘U“IJEl\‘]‘jji]'%EIQRLﬂ']Y]']\‘li'lﬂ’] mmisugqmmmau 9
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ﬁ]:dama@ia‘wr]@mmﬁmwi’aiwﬁdmmﬁawalﬁ]@ia%affu 9 3ol Nan1TIsueanunIassULUIAGHI7
IenIwaaudeauyfzin Sn1iafl9MuIsuues Zaitouni and Murphy (2023) Aldvinnsdsamnasey Tasodmu
Qmmmmﬁwﬁ Miuilasodunuuiruiug Nasdniwaaislsdonnufsnalalumsldinaluladusmsaas
(Serf-Service Technologies) LLa"'Jﬁmﬂmﬁ{fﬁaanm'jwqmmmwﬁwﬁfuﬁﬁﬂ‘ﬁwa@iammﬁawalml,azmﬂ"ﬁ
Nudaiiias %dﬁwvlﬂ;jauuagmﬁdff

auuagmﬁ 1 qudmimaasRaninndaanuianalalasnanuadwiiagu
3.1.2 ﬂ’J’lNﬁuﬁ%ﬁ(ﬁ&ﬁ’i’ldQmﬁ’li’l’ldﬂ’lﬂgﬂ5’1%’)21LLRZG\’J’]Nﬁdwai%Tﬂﬂi’)N‘\l’mLLaﬂwaLﬂfﬁt
IWITBVY Kaur et al. (2021) wuiﬁﬂﬁ]fﬁ'ﬂqmmmaﬂﬁlfgaéwmal ﬁLﬂumsﬁmmlﬁﬂmaoﬂﬁ]ﬁ'ﬂqm

o

ANdTenly (Conditional Value) 389nn1f) TCV JdnTwaadrsuindaniaadulaliiuualwiintuiadiied

[

N OFIDNMITHAZLATIAN LauAnENTa N & IHNAG ams%’uj?milﬁaéwm ﬂlﬁi’éﬂqwm@i aMIITINUVBILOUNRLAT Y

fifedwiolfuanaintuadiigs LLafhhé’amuazvllivlﬁmaauﬂ%%'ﬂﬁmqmmmﬂ'gaéwmsJ dannuiinala
lagsunnuadnaaTuaTs 9 Lwimmmﬁmwmnmiﬁ;ﬂ%@mﬁ@%ﬂﬂ%@muaﬂwaLﬂ%’um'&L’Ja’%ﬁaﬂ 9 i
ﬁm’mﬂﬂé’lﬁmﬁ'umiﬁmwﬁuwaIaﬁﬁ@iaLLaﬂwaLﬂ%’uag’@T’aﬂ FOAAABINLINUILDAY Mason et al. (2023)
fivnnuisenaseuiladueg 9 madﬂqwﬁqmmmmmmﬁnﬂ (TCV) %aﬁﬂafﬁ'ﬂqm@hmaamum‘szﬁﬂuﬂa%’m
GTuLLuwadﬂa%'ﬂqmmmumnﬁwaéwmU dwms%’ug?qmmmafz 9 'ﬂ:ﬁawa@iawqﬁﬂﬁuﬁmwfﬁwﬁdmmﬁu
woladedoiu 9 wioli Sadnamvisueenuivasiunmfaiian Idnswaanudeauyfgin Snvflnuiduues
Hassan (2017) fivnawisanaseutfadoeng 9 e 'ﬂqwﬁqmmmaummﬂnﬂ (TCV) %aﬁﬂaﬁmﬁmqmm
nemageswin Miutasoduuuy Srezsinadannuioneladenusudsnoudnield Sonamaisoile
iaa%‘uLLmﬁ@ﬁdﬁﬁ'ﬁﬂ'ﬁwamwﬁaawagm ﬁaﬁﬂﬂg}awagmﬁaﬁ

auu@gmﬁ 2 Qm@hman’m'gaé'lmﬂﬁhmam\imﬂ@iammﬁawaiﬂ@m’mmmmﬂw’éLﬂ%’u

3.1.3 anudaNNnsErIvanumansalwnsaasinuazanaisnalalagmaanuadnietn

NIUITLVE9 Kaur et al. (2021) wudriladsanusunsalunsneadiu Mdunsdanulndves
ﬂa%’aqmﬁ’m’nmmaﬂlmj (Epistemic Value) 109191 TCV fidniwaagrsanndamiaasulaldnuuolwaiesu
LB BT R aFI0IMTUALAT IR I@mﬁﬂmﬂa%ﬁ'ﬂﬁdma@iamﬁuj’éﬂmﬂ 9 elfueynwiintuiadiigs wiin
aruispazlilenasaviladuanusiunsnlunsueadn daaanuianalalassivanualwiatuass 9
Lwimmmammmmﬁﬁ@%aﬂuﬁ@aulaawul,l,aﬂwaLﬂ%'umana%ﬁaﬂ g wuflanalndidserunisiiany
ﬁawalaﬁﬁ@iauaﬂwam%uagﬁm FOAANDINUINUIALVY Hassan (2017) ﬁﬁwmuﬁiﬁ'mmauﬂa%ﬁ'ﬂﬁmqmm
anuuanind Mdudadoduuuy azdinadannuinaladesusudsnoudnseld Sanamsisofldsessy
LLmﬁﬂf‘:'j'lﬁ’éw%wamwﬁaaw?}gm ﬁaﬁﬂvlﬂg'(amagmﬁaf:

awuagmﬁ 3 anumansalunsuadRndinansuIndannufianalalassinannuat watagu

3.1.4 anadanussznivamansiissigduazanaionalelagsimanuadlwies

PMNWITBVDI Kaur et al. (2021) wuiiadsgudmainssand ‘?iLﬂums?}m’mlﬁmaaﬂﬁlfﬁ'ﬂqm@h
N9FIAN (Social Value) VaIngsf TCV f3nswaadrsundamsaasulalfuualnwiinduiadnesiiness
NIRRT O I@]ﬂﬁﬂmﬂﬁﬂﬁ'ﬁhNa@iamsfﬁﬂﬁaamu:l,ﬁmﬁamﬁa’tﬁuaﬂwﬁm%’um’ﬁna’% W99
azliilanaseuiivguarmuios@igd daanuiswelalasmuanuedwieduass 9 udamnsafianuan
mi‘ﬁ;ﬁ“ﬁdﬁuﬁﬂaulaawuLLaﬂwaLﬂ"ﬁ'umana’%ﬁﬁ‘f‘aﬂ 9 iudanulndidssiunsiinnuionelafifideuatnie
Tuagene 8aAANBINLIUIILYAY Chalomba et al. (2019) ﬁﬁwamﬁfﬁ'mﬂaauﬂaaﬁ'ﬂqmmmaé’mwﬁﬂuﬁaﬁ'ﬂ
duiuuadatsgaimaLissanil dﬂﬂﬁ%’uf@!mmmaﬁa:dwa@iawqﬁmsuﬁmwi’amuﬁamwﬁawaim@'a
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andwamuTaauy g Snsflnuisves Zaitouni and Murphy (2023) 71 lé¥nmy3senaseu Jaaenue e
magsny Miudaseduuuuiruiu Issdninasnalsdennuislalunisliimaluladusnseaes (Self-
Service Technologies) LidnadWEIINMITBRaNIINgIAAINIIFIAY iudantnadannuianelawaznmsld
Nudaiiias %dﬁwvlﬂ;jauuagmﬁdff

aundgIud 4 Audmaissinlssnamiindeanufisnelalasinanuedwiiagu

3.1.5 m'luﬁuﬁuﬁ"sm’iﬂaqmdﬂmoﬁmu,azmwgﬂﬂumi‘l?}'uaﬂwﬁmﬁudaLﬁ:aa

NWITLVaI Kaur et al. (2021) ldvimaug TCV mﬁmwimjLﬁ'aslfﬁi'@qmmﬁ;ju’ﬂmﬁﬂ%'ujuaz
Iranuaulaienazldom LLazwU'jwmi%'uﬁmwmjmhﬂmﬁL‘ﬂu msaenulnaivasifasadnunslen sl
Sﬂ’ﬁwaasmmn'ﬁa:ﬁﬂﬁ;ﬂ%@mﬁ@auhl%mml,aﬂwaLﬂ%'um'ﬁna’f} ROAANBINLNIBITLVEI Chalomba et al.
(2019) Adnwnsltuednainduiiefieluauatstuiny fwudndadodrunisltom Mludedoduuny
fenusunuiidsuaniuanuaslalumsldueUnaiadudatiios wngwdsnuiy 9uiseaas Lin and Yang
(2016) AinuinmslEu3N3 Social-Local-Mobile 15% myszydunibidisiniealunalwindusdns 9 Afdads
ﬁwuqm@hmwﬁ'}ﬁmaanﬁl‘*ﬁa’m‘s:qﬁﬁmevl,@i”amul,l,ajuﬂw wnisluusstuedounanlildouwuowaiadu
daiiiag ﬁdﬁwvlﬂ;jawagmﬁaf:

auuag’mﬁ 5 Qmmmummé{uwamumﬂ@iammﬁg\ﬂ,ﬂumﬂﬁl@ﬂwaLﬂ*’ﬁ'mimﬁaa

3.1.6 ﬂ'nNﬁuﬁuﬁs:ﬁiﬁaqm@hman’mﬁya5'1mﬂua:mw&?a‘la‘lun'ﬁsl?htaﬂwﬁmfi’wimﬁaa

91N9WITBVa3 Kaur et al. (2021) lasmgui) TCV mﬁmmlmjLﬁal%‘i’@qmmﬁgﬁimiﬁﬂ%ﬁﬁm:

o o

v { dl L 1 ¥ o 1 U lé I
Iranuaulaunefazldnu uazwuiinisivianuamunnlunnaedwisazaindanisldnu dudunis
?mawlmima\‘lﬂa'ﬁ'ﬂqmmﬁﬁL‘fﬁauvlmﬁfuﬁﬁﬁﬂ%waazmmﬂﬁfﬂ:ﬁ’ﬂﬁ;ﬁ%ﬂué’@%ulaﬂ‘ﬁmmaﬂwaLﬂ"f{umana%
uazlunuwidbas Wang and Cao (2023) Aldrmsiddugudnfidinadannufisnalauazmilinudaiiias

¢ A A a o A . o A o ' @ Ao A
vaslutnsiaaanianfanalniiaduiinztislunmguaguninsastheFeTiuazwui Tadugudnianly
ﬁl,ﬁmﬁ'i_m'mﬁaﬂlﬁmuuaﬂw'ﬁLﬂ%'u‘[ummaa@iﬁaﬂifmﬂ‘@mm‘vﬁam’mazmnmmmda'ﬁw%wa@iamﬁuf

' a o A . o A A ak o ' a o A
AmdnvanalwiiaTudidinadanisltnudaiiiasdni Jah lugaundgiuasis
aUNATIUN 6 rudnmIadwndINanIIndanuaslalunsliualniindudaiiias
¥} @ 1 (=3 & a %)
3.1.7 AMNFNNNBSIZTHINIANF NI BNITNDILABLAZAINAI LD N 1TITwa UNF AT

1 t!l

fAaLitas

NIUITLVI Kaur et al. (2021) ldwmnuf Tov mndanulnieldiagmanguilnaianiviuas
anwsuladefazldnu uaswuihmsiviisudlng 9 ldadnnieene msldidulslatuadsdaiiios
wIanfaaMNE NI lwNTNaIYL NiunsAnnulnivasifaruaiuanundanlug wwARBNTWAL1INAN
szl linudadulalfnuuelndinduadingd uazluuwisuues Wang and Cao (2023) fildvinmyidusu
qmmﬁdwa@iammﬁawalaLLa:mﬂ%\im@iaLﬁawaaIwmﬂLaaﬁw%aﬁﬁmmﬂwaLﬂ%'uﬁa]:mmslumswl,a
gunwzaddthoiFefauszwudy Tadudunatoui nanfefianuiiniduannldlfinnldiouialni 9

A o Aa A ' o o ' Aa o A ' o oA A Aa & o ' a o &

WaldlFnuldninadanisiuiaminasuadwilntudssanadamslinudaiiesdnd e lgaundgiudad
suNdAgIui 7 anusasalunsussiussnanavandannuadlalunisliwalwiingudaiiio
1 1 =) a a qn: v a % 1 d'
3.1.8 szwivamamsiizsfgluazanaaslalwmsizueunfintudaiitas
NNIUITLI Kaur et al. (2021) ldkmnuf TOV andanulndinaldiagmanguilnaifniuiuas

o A A 99 . R R v o A A A &8 @ & A A A a X A 9o
Wanuaulaenazldnu uazwudmignisanauriuadogiindl wiaffejantafurfoaiiniwlalionm
vﬁaﬁﬁamsé’uﬁaﬁaqmmmmﬁmagﬁ °?'1Lﬂumsammlmjmaaﬂafﬁ'ﬂﬁmqmﬁwmaé’muﬁfnﬁﬁﬁw%waasha

unfazrhldglinudaulalinuuedwiintuiadinegd uazluiuiduzas Wang and Cao (2023) fildvinnis
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aAv o LA ' = o oA & . A=A a o
Fapduguifidinad aanuiinalanaznslinudaiiasaslamnoiaatt (Mobile Health) Wiafifauadwiindu
ﬂﬁ]:"ﬁ'asfl,umign,mqmmwmaa;jﬂmﬁa%’mazwuiw T98@NUFINY MNYINUNITLRONITINULOUNILATY
Im_nﬂLaa@ﬁwswzﬁﬂujﬁ'ﬂl%uazﬁﬂﬁlﬂuﬁﬂaw%'uﬁ'mmauﬁa mminda%w%wa@iams%'uqummamaﬂwamfu
A . o A A Ak o ) A o &
FIFINRGONI LTI UG 0L HaIBNT mm"lﬂgaumgmmu
sun@gIuil 8 qudmafosdglismanoindannuadlalumsliuaUnfindudaiiios
[ (% I3 1 =3 a o d‘: v a %)
3.1.9 ANMNFNAKS Iz I9ANANIND Lo laasananua N AT wuazaXNd 1o s lguaUnataze
4
fAaLibae
MNWIIBVBI Wang and Cao (2023) MI8LAenuadsuaigmenidng 9 anngug) TCV NEHa
' ) A o = @ ' YY) a
gaanudwalanaznsttauualndiatuluunuiaayt (Mobile Health) T4 ldHaIIWLAMNFNWUTLTILIN
1 =1 gﬁ ‘:!' % a s 1 d' (% 5 a o
sepisanuisnalanazanuaslafiezlduadniatudallwdes 9 luawina seaadasnuauissues
Chalomba et al. (2019) MIlATNRMITUAMANIRT LAz UAINIFIAN gannuRsnalanazanuadlad
v a e =1 1 = A a o v & a a 1 v
wltuaUnanTuiatada lUve 9t 1ol ITWINUTINGIFLUEAI LA ARDINTHENTWAY a9nuNIwaladanIls
NuasainaNaluawIng wananit Shao et al. (2019) "L@Tﬁ'lms’i%‘sjmmw%’uﬁqmﬁwma@m 9 GanThd
USnsuasanseninaznaliinaanuianalanioly usranuninalanugsdnsnadaanuastalunisldan
1 n:l' A i & &a a = a =S ) 1 a s dq’
GoLHaInIa Ll TINTNA IWAANIILALING muﬂﬂgawmgmmu
suNdgIui 9 anuanalalasswannualniinsussnanmauandannuaslalunisldualwiingy
AaLikad
3.1.10 annadlalunnslrualnaiasuaaLibaduazaNad Nz a ATENIBN
Hamari et al. (2020) vlﬁﬁwamﬁ'cﬁ'ﬂﬁamqwamwé’ﬂa}ﬁgmmwaummﬁmﬁa%a%uﬁﬂumuagamu
° A Av &V v o A o = ' a = ° ° v o A a
FULRND mwammﬂﬂvl,maammmwvl,é’lmmw‘%aﬂﬁmaumuagamaLﬂuﬂs:mfﬂ:mlmLLquumzL@m
A o s & & A @ o a & A o Y = = A
Audh lulwnuidedavesmoluiny lasanaanduiaiastzaulvgd lanundlddnzasudunisiu wia
a A A A A o o v e a A a ' A
SPUULUNARWE (Battle-pass) Ml wszuuaunfinguuuuniie ﬂﬁ]:sl,maasw'sal,l,n;imunas 9 WNINILERAID
lFnuagatadaiiias sanndasnubsdnuiibuas Lin and Wang (2006) 7ildvnuidsfinndadoniianinada
o A o A 6a & A & ¢ A A ) ' A A
mmm@maaEifl,mmwwmmaLanmauﬂauuqﬂmmmaawn (Mobile Commerce) LagWLINANMNULASTUNN
o ' ' A & A o Aa A . o ad o ' A A A o
mﬂmﬂmmammamaaLﬂuﬁmluﬂaawawﬁ‘wa@]ammnﬂﬂmmvlﬂgmwamamamwa’tmmuu
unaaWasunwses 9 uananidelauissvas Kim et al. (2018) ldvinuidudmatsthisnviliiiaany
% = v =1 dl A va Qs = v | = £ ]
ANAINMT T BTN LITHULNT N oW m%umummnnmaaEﬂmﬂmﬂu 2 11238 Aa ATl FINUBL9
] A s & A A 2 2 U L% 1 P A = o v
dalasuaznisswiniaidunwiiiiouvasliim Im"lma’gﬂ"lmwmﬂmmmmammmnmmwaw alaazvinla
o v v Qd‘d =1 v dl Q | =y =) dl J o 1 a Qs dul
ﬂ:wﬂw;ﬁmmuﬂmmLLaszquum:awmi@Lﬂummmmuwsmﬂmum ﬁauﬂﬂgaumgmmu
sundgIun 10 anuaslalumsloualwiietudaifiasssnanavandannuaslanazadassunsn
3.1.11 ANMNFNNWSITHINDNENANIFIANLAZAINAINVLFNATANIBN
ANNTANEIVRS Amalina (2019) tavinn1sisaifsdnuiaduds 9 Asunsarirldifiangdnssy
A v A =a o a o A . A ~ o A a a A A A
NA1anI9 SendansiruLaUndinTuatad@nie (Spotify) TinitsluiladuigsdnInaniduiniae ndwa
o A = A % ° = o @ @ ' A a a o I ~ [
NIFINY mamuavl,mummu:mmaauuagﬂﬂmmﬂuﬁlﬂa@'s nanfe BnswansgIantluwnitsluilade
sausnfimanIananaugltnulildaasldazlslnag 9 ld seandasiunuiduves Xie et al. (2021) uaz Yan et
al. (2021) Anundntwansgsanaansaassanuauielalindiaasld FinTech uwaawasy tivalduSnitu
vodawadled Jah lgaunfgiuasii
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o o ' < & { @ a
3.1.12 ANUFNNHEIZUTINTLAUALANUANUANUALANAS LNz aNATANIBN
MNNUITY Zhang et al. (2022) WUIMTALREANUANLAYN uIaIRagMduazauRanalaldiy
a ) a A A o 2 o a R . =V oA a '
wouwiadunsiuludatia uazhandianuindvasndld 49 Kim et al. (2018) AldlimsfianuiimIsas
L a g; = & a v té v s { Y o
siiasmndnuuuwifiounufiduanuindvesgndunuile Taraaadasny Malik and Annuar (2021) 7ildvin
mM7IBuaz ldnaaniuinmslanaiannmslfnunadnaintuslaalda (E-Wallet) munsavinliisninade
anuadla
fagldle wananndh Saprikis and Avlogiaris (2021) A lawaans llufienadeinuainmsinissns
o a o A o e A ' Y o A = ' PN A A v = £y
lfuatnwAnturedianaan lasTaves Ganuinmsinalafiluauaaifudy wialdifivazauudnlduan
9780% 9 INMIT1RwRBlulalndlaTwieFInuaan laknd andnadenaaruladavadnwualwaLaTY
uin b ldgaundgnuaiiaua@zaui 12 mufuszauuanududinanisindaanuaslafazadasansn
3.1.13 anadnnusszniIwnagnanlinaassisuazanaaslafiozaslasaadn
9IN91W3T8289 Ramadhan and Belgiawan (2023) Nvhms3duiisinunagnimslinasasldluunia
1 A Q e a 1 L3 v ] a
Watwialaaaulaiulng ony (YouTube) TswuanudunusifsuInzninmslanaaaslfuun lidedu
Aouuardvnasulatadiniilionltaelunonas 1 BuAeInY Koch and Benlian (2017) Avin33slulga@sany
Aunslinesssldnunenluniilouudmwoidlaidismmesssldwiinaslivwlivfiaz o loidugls
wuuFsanltanslunenas uananit Jiao et al. (2020) Aldvinmsssisnslanaaasldialavesszuuysinsg
A da A o 1 Aq’ A o A =S o ' a [ dq'
ssswnanazinalulad I8niwathldgnisgeszuuainlilunengeisihlgaundguaii
sun@gIufl 13 nagnimslinaseslisanamindeanuailaiazadaianidn
[ (5 6 1 1 & A %
3.1.14 anadnnus srniIvamazasnslasmuazanuas lanvzadasanngn
NNNUIBVBY Aziza and Astuti (2019) TFWLANMNFNARUTITILINTENININT It Awla s Fuauas
MIfaFnlaTavaslunonad mné’ﬂmwmwﬁmmamLwﬁmw'ﬁu f§aaAN0INU Mustafi and Hosain (2020)
A ) ' ) o @ g wR o a A A A & & a 0 @
nAwudgmdizasnslasanmunneiligioseianhamgnlasanluliofasuninlwuuuiianudary
' a o ¥ . &V ¥ o a o { [ a
Wanla waztiaawasnladuan wanandt Disastra et al. (2019) Ala¥innTIToNTuaans lUlufiang
\@oanudie qudizainlasanfidaunsndsdninaderiauadinsanudlasanuazaiannginaam
d' dlq/ K Dt v K o ' a a dy
nzdaungiuoyld Inhlugaundgiuaad
sun@AzIuil 14 qudrzesmilusandmanisuindannuaslafiszainsaandn
3.2 N39UURIAANTTIVY
NTALLWIANNWITBVRINTANENTAaNTBnTnadansltaudaibaslulaUwiiaTuunIunaznis

RNAIFNTNVAILNIUAURTLAN URAIIAAININ 1
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nagmsnmsiaaaty
Trial Strategy

angwamadaau

MBAUALEUURNLEN (
Social Influence

f AmAEINs Teman )
4 Advertising Value

Point Mechanisms

AALAIATIAN H11{+) H1Z(+) H13(+) H14(+)

Price Value 4
H5(+)

; "
AaATInEEadnng HE(+) (4
{ +) ~H1(+)
Affordances Value ; e

//—\ HZ7(+)
( ArmEmnselumaaaity )
Visibility )
H3(+) .
He(+)

HB8(+)

/_\ HA(+)
f AmAMwLAnsigd
Prestige Valus

"“-""-g-““"""""“""a a v =S a dldn a ' v ' dl a a =
NINN 1 ﬂia‘ULL%’]ﬂ@d’]u’Jﬁ]f_l“IJadﬂ’ﬁﬂﬂ‘l:ﬂﬂ"ﬂﬁ]EI'Y]SJE]‘Y]ﬁWﬂ@]E]ﬂTﬂ"ﬁd’]u@]E]L%E]GluLLE]ﬂWﬂLﬂ“H%LLﬂTU

arwdilaftasatasaundn

fins arudlalunsliruatnindusadas
H2(+) Continued Usage Intention of Application Hi065) Intention to Subscribe

mmfiswalalaorunualndndu
Overall Satisfaction of Application

LATNIRNATRNNTNYBILNIUAUANLAR

=) a

4. 35n1539¢

;ﬁ%’ﬂﬁmu@mjmﬁazha**uaamu”?%’aﬁa:uﬂumjuﬁaaii’mﬂs:m"nuﬁ"avlﬂﬁLﬂu;ﬂfmmmﬂwam%mm%
dasanlinsuswandszaniiuinen a2 slmiﬁmumm@mﬁjwﬁmd'm MNMTIANZAM S UNT
nagau (Power Analysis) Iﬂsﬁnﬁlﬁﬂil,l,ﬂwﬁﬂﬁagﬂ G*Power yilwa3asiaifarimisiwim Gemnua
mwé’naﬁamﬁLmﬁ:ﬁmmn@naﬂwiqg}m (Multiple Regression Analysis) Milunmsitansi Favnmsimue

. a ¢ o &
ATNIINULABDT A

aad

A2 fla AIWAVRIBNDWA (Effect Size) L‘ﬂu@hanmﬂlfuaﬂmm@mmemLﬁawamimaauamagm
dneruatnafiinidyniada laoiunuafiszdunans 0.15

o Ae @hmwL%aﬁuﬁs:ﬁuﬁyﬁﬂﬁzymmﬁa (Level of Significant) ®n3aanuu19zLduuasnw
aanaLaaanlun1IMagay (Error Probability) laginwuafiszeu 0.05 (0=0.05) 1rAuszauanudatuiasas
95

1-B fa ddrunamnasay (Power of Test) laafinual#iad19u9ANURANAALYINAD 0.05 LazAn
mwuﬂwa:LﬂuluﬂWSﬁﬂaulaﬁgﬂ@Taa = 0.95 (1-B=0.95) S1wauaau1ls (Number of Predictor) 11 @auly

o HaaInNIAwImaInlUsunsndniagy ldvuavasngueaiadng 178 1 iatlasiuany
Rananalunsdiaavuuuseuayliasudiu ;ﬁ%’ﬂﬁuﬁmmmmﬂ@u 08198 usouaz 20 FIEHIUIAES
ngudaLng fa 208 18

a

mu”’s%’sf:vlé‘lﬁuuuaaun’mlugﬂLLuu’éLﬁﬂmaﬁﬂﬁ (e-Questionnaire) Lﬁ'aﬁ'mﬁuﬁa%m lasldniia
Wasu (Google Form)

MIATERTaYAFI8N1TATIAFALANNATNVBIULUFOUDY (Validity) Fa8TiaTzriasdlszney
(Factor Analysis) Lﬁa@mmé’uﬁufua:mﬁ@mjmaaéfmﬂi LRE B RBARNREN AL 5F 8N SLaTnEe
2981U32nauLT981323 (Exploratory Factor Analysis: EFA) wnaninminesdlszney vesdaudsdinit 0.5
Q’%%’m:ﬁmsmwﬁ@ﬁaﬁmwfuaaﬂ L8ZAIIIFOLANLTBITBIUULFOUNTY (Reliability) 3NULLEALNN
Hasduasnadrdiwan 30 74 Taglden dudszantasanuiauaani (Cronbach’s Alpha) Wadaeiaay

dl = o 1 L 1 o v & U a 1 Qs a ¢§ a 1 $
Watavasdnonulund azaquils ﬂaumsmvl,ﬂlmﬂumagaasa ANFNUTEENTATA121IN9 0 D9 1 BIln
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NWiTeiend vauiulddasuinnin 0.7 (Taber, 2017) STz unananaiacay 3 Tuaau Ae 1) ROALTI
‘wsimmLﬂuaﬁaﬁugmﬁlﬂumﬁmm:ﬁﬁagalﬁaaﬁummmju frag9 ledun dads (Means) Aranud
(Frequency) finTauaz (Percentage) LLaszfimLuu 4199314 (Standard Deviation) USimﬂqmﬁ'ﬂHmwadﬂéu
#2889 %ﬂﬂumiﬁnLauaﬁagaéw%'uLLuuaaumulumuﬁ 1 foyanaNIBINGUBH1I78INTIL ez Ini
3 ﬁagaﬁ"ﬂﬂ VBINFUMBHN 2) MIFBUMUTEFNNANIFDG msaaumwﬁagﬂahyaaumwﬁa;&aﬁm@mﬂﬂ
(Missing Data) Laz3iamziaruanuasuuudng (Normality Test) s‘fjaLﬂummaumumiﬂszmm]“agmmuﬂna
Tududsnits 9 (Univariate Outlier) asaagauA1aut (Skewness) ARAaINndn +3 niatasnit -3 1Ju
inmaflunnIfiansmn drensldadanisuanuasainud (Frequency) 3) N1INARBUFNNAFIUNIINTIY
(Regression Analysis) mﬁmm:ﬁnmammuwmm (Multiple Regression Analysis) La2N133LATIERINTNA
Paiaaudsinny @Tw’i'%min@naﬁw*qgmﬁa%v'u (Hierarchical multiple regression) NuITuilEaN pvalue

NipanImIainny 0.05 ludinuazau koA IEHa (Significant Level)

5. HAaN15298 nazanUsuua

51 n3AzidayanIaadfiBenssaiu (Descriptive Statistic)

o
- |

nwidpifingudnadnedwain 216 au daulnajiduwends dadusavas 55.00 fgsandulngjar
321119 31-40 1 Aardudasaz 59.72 Harawinnsmywinnuigianiaunniga Aaiduiasaz 65.28 na
é’aamﬂ"ﬁmm‘i’m'aumﬂﬁa@ 3 UAU A8 mﬂ%ﬂ%miﬁﬂﬂm%'udumnﬁq@ Soua 89.35 589898 TUNNT
UIMIFIARIBT Saua 74.54 LLa:mwméﬁm.f%ms%a%uﬁﬁmnﬁgl,ﬂa§m§|,ﬁ@1 UREAINTD LazIIUAIN 11
Sauaz 65.28 mui‘mqﬂizmﬁ‘lumﬂfuaﬂwam%’mm%ulumsé’oa'lmil,mum’ﬁna’%fu'lnﬁqm 3 dUAU fa e
AATUMINIARNNG Fa8as 76.39 T09MINILNEANNFZAINELNY Sauas 74.54 uaziNalszndarianlunyls
Aa o o o % A o Y A & o aa & ' o Aa o
FIaU52917U Sauaz 72.69 muungﬂwmhau’tm:uuam’ﬁﬂLmi‘uauam@m WU ﬂgwummaulanumi
uszaunay lUuanuasnaaluiniusiasad ﬁﬁ‘hmumﬂﬁq@ faYauay 82.41 @1UNIAIY NTLARIUAALA
Qﬂauﬁmamam:ﬂuﬁLﬂuam%ﬂ Sawuay 73.61 Waz N3 LT3 INAINTINALAMLANIZRNITA ayj’ﬁi”aﬂa:
37.50

1 { 1 { 1 & % . [ a £
5.2 aade andggiuwaiasgiw a1iInknasAlsznay (Factor Loading) adnilss&nsuaanizag
asanuIALazra1aNnlsImaasedasiatan iy lnuaazilady
a 6 1 :=1' 1 d' d =~ (% a' [ [V
5.2.1 kan13itasziaafguazadsslunaInIgIwsastaIasiiadai g luudazileds

Y o d'
GREVRRII! Llﬁﬂ\‘ilﬂ AIANII9N 1

i i i Y o | a £
AN319N 1 ALl ﬂ?LﬁUOLU%&H@]‘SgW% ﬂ?u’]%%ﬂﬂdﬁlﬂ’itﬂaﬂ ANRNUTEENTUOANIVDIATOULIALAS

AauLUIUTINTBILATBIN AN M luldazifady

AR Mean | Std Deviation | Factor Loading

Qm@i’m’ws’m'l (Price Value) (% of variance = 3.661, Cronbach’s alpha = 0.665)

PIV21 YU ainualwalagwinIusiusamaad1u3n i 4.50 0.778 0.698

LU THUAINTZHZNDENIRNITRN

PIV2 ‘Vimiﬁﬂdﬂ@ UIINLAILDUNRLATY 432 0.645 0.709

me.;‘uﬁmm%mﬁ@mamaﬁmmaum@;ama

PIV3 Yi’miﬁﬂ’jﬂLLE]ﬂ‘W?]Lﬂ%’uLLﬂ%Uﬁugﬂiﬂa(ﬂﬂ"m%ﬂﬂ‘i‘ﬁ 3.96 0.761 0.640
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A ' A oA R o > a £
@19197 1 duady andeauwuaIgin einesalszney AmsulseEnsuaaniTaInIauLIALAE
fanuudsdnuvesaIasiatanlsluidazilady (da)

A0 Mean Std Deviation Factor Loading
PIV4 ﬁmg”?m?hLL@‘}JW’&Lﬂ%’%LLﬂ%UlﬁﬂﬂiU’%ﬂﬂiﬁﬁ 4.27 0.946 0.718
Qmmwﬁmmzamﬁmﬁﬂuﬁumﬁmi
de’mwm‘ngaé’m'm (Affordance Value) (% of variance = 8.347, Cronbach’s alpha = 0.871)
AV waUwaaT NI memINnaInransasaa 4.16 0.785 0.719
ANNGBINTTVRITING
AV2 thfl.fﬁndﬁmﬂ%mml,aﬂwﬁLﬂ"f{mm%umamnmsJ 4.27 0.734 0.859
vulsndansmaawnslufidmemisle
AV3 yusnansaltouiiaaidns 9 lu wadwlietwuns | 4.06 0.840 0.882
vldadnafidsedinsaw
AV4 YhuﬁmﬁLLaﬂwﬁLﬂ"fi'ul,m%m:ﬁqmmmﬂﬁuwml% 4.12 0.790 0.671
anlumIssfisitn
AV5 Yhufﬁﬂd’maﬂwam"fi'mm%uﬁﬂ’ﬁéwm BRI 3.91 0.829 0.854
sraanlunmsgsamslaa

AMAFINITAIHNITNDILTA (Visibility) (% of variance = 6.720, Cronbach’s alpha = 0.862)

VIST MuaunInawwuNuamsina g dumanuziin

a a 3
I%LLE]'IJ‘WQ LATWLNIL

4.26

0.765

0.857

AMAFINITAIHNITNDILTA (Visibility) (% of variance = 6.720, Cronbach’s alpha = 0.862)

VIS2 Vimjﬁﬂiwmiﬁﬁmmmina@mmﬁ’]Lmu',am's 4.14 0.795 0.845
AAFILUUESDA Inafldatnsinuan o uLaUwaLATHLNTY

wnduselamiuriaaring

VIS3 thféﬂ'j'm'ﬁﬁﬁmmw'lmLﬁunaﬁ@da 4.18 0.783 0.819
Toodszanmiinaingndmsudadaveriin

vnweUwatasuuniutudUse lomiunaaring

VIS4 ‘vhuféﬂ:i'lLLaﬂw’ﬁLﬂ’fﬁ'uun%uﬁmié'wmwﬂ’agmm: 4.12 0.838 0.751
dauadslnd 9 wdsllslutunazliaailniagiane

Qm@i’m’mtﬁﬂiagﬁ (Prestige Value) (% variance = 5.129, Cronbach’s alpha = 0.812)

PEV1 viwdadmniulduedwiieduuniuilvviug | 3.41 0.890 0.776
W uaunua: :fl,umympﬁu

PEV2 ¥uAainwnvinwluaUnaiasuundy 3.29 0.947 0.757
stpgInWanEofa R TLINulug Ay

PEV3 Yi’mé‘%ﬂﬁmﬂﬁvléjlﬁmﬂwaLﬂ‘ffuLm%‘iJ 3.26 0.935 0.798
TumIssams

PEV4 LLaﬂ‘waLﬂ%'mm%ﬁﬂﬁvimjﬁmﬂu 3.47 0.899 0.820

funiliraIfInNyARINg
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= ' = i oA s @ | e a £
AN 1 AUKREY ALUEILLBNIAIZU fhnrnnesrdiznay maulszaniueaniuasnTowLNaLAE

fanuudsdnuvesaIasiatanlsluidazilady (da)

A0 Mean Std Deviation Factor Loading

aNusna lalagsnainualnilaz (Overall Satisfaction of Application) (% of variance = 10.842,

Cronbach’s alpha = 0.925)

0sA1 lagmuumvinuiidszaumsaimsldauialnwaie 4.39 0.687 0.926
TuwunSuludauan

OSA2 ﬁﬂujﬁﬂwasl,aﬁ'ml,aﬂw'ﬁl,ﬂﬁ'w,l,ﬂfm 4.16 0.706 0.899
OSA3 ﬁﬁujﬁnwalwiaszuumiﬁwml,mvﬂgumau 4.30 0.694 0.847
rmsluseiuaUnaiatuwLnIy

aNuana lalagsnainualnilaz (Overall Satisfaction of Application) (% of variance = 10.842,

Cronbach’s alpha = 0.925)

OSA4 ﬁmjﬁﬂ'jﬂn'ﬁlﬁaﬂlﬁlﬂﬂw'ﬁm%’mm%mﬂumi 4.62 0.715 0.824

ﬁ@%ulaﬁgnﬁad

AN R IwN1T 1T e LN LATWABLILaY (Continued Usage Intention of Application)

(% of variance = 4.607, Cronbach’s alpha = 0.778)

Cl1 Vi'luﬁm']11éiv'aﬁazsl,%uaﬂw’éLﬂfuun%unnﬂ%@Lﬁaﬁ 4.24 0.725 0.690
lama

ci2 vnudamnuslafiezlfruuawatatuuniuagng 3.94 0.616 0.796
1uilszdn

c13 vuaaivuezldnuuadwiiatuuniutasama 4.20 0.797 0.696

Twulu 6 @aurasaIni

Cl4 vinulanudszasanazlfunalwinsuinsudabl | 4.07 0.734 0.743

' dl a v a s dQI
NWﬂﬂ’]WY]’ﬂZLﬂﬂI’HG’]%LLBﬂWﬂLﬂ’Huu

dndwaneFIaN (Social Influence) (% of variance = 9.336, Cronbach’s alpha = 0.924)

si1 ffaunfianuimagnuayiwidusndnunIuouss | 4.28 0.835 0.925

[3 a a [
LAGUDILAUNWRLATWLNTL

T
o Ada A ]

SI2 ﬁ;dﬂu‘n:uEmﬁwaﬂummuﬁLLu:ﬁﬂﬁmuaadaﬁm 4.44 0.705 0.917

FUTNLNTLOWAR LA AV ILAUNWRLATULATL

s13 fifaunlianudmayiuuwidavasriumaniu 4.46 0.798 0.873

FUTNLNSTUOWAR LA AV ILAUNWRLATULNTL

SI4 Uszaun1saimIlTuLNSUaUATLAA 4.44 0.671 0.849

naqﬂffmsﬂﬂaaﬂ% (Trial Strategy) (% of variance = 4.607, Cronbach’s alpha = 0.712)

TS1 Vimjﬁﬂﬁ%aﬁ@:iﬁ'mﬁvl,ﬁmaaﬂ‘*ﬁuﬂ%u 4.38 0.691 0.587

auaNLAALT Iz M RINLA o LU L RO M 81

ﬂsﬂmﬁuaﬂajsjq Tali
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'
A

= ' = i oA s e | e a £
AN 1 AUKREY ANLUILLBNIAIZU frhurnnasndiznay AaulszaniueanizaInTowLNALAS

fanuudsdnuvesaIasiatanlsluidazilady (da)

A0 Mean Std Deviation Factor Loading
TS2 ‘ﬂ"mé’?{ﬂ’i’]ﬂ’]iﬁﬁﬂ’]iﬂﬂaaﬂ‘ﬁlmﬂﬂL%Uﬁ’]l‘]ﬁ’m 4.22 0.628 0.782
ﬁﬂﬁvhu%’uﬁl,iﬂﬁ)ﬁammﬁuﬂ'waaizuuam%mm%ué’u
R
TS3 viufainmMinaaaimaduaunFnunIvawailaa 4.12 0.757 0.793
Lﬂmmznmmmaaufmﬂmwaﬁ%ﬂsuﬁuqm@hmm
MIFNATRNTN o
TS4 ﬂwujﬁﬂ'jwmiﬂ@aaﬂ“ﬁﬂmmznmmuLaauﬁﬂﬁ 3.97 0.834 0.658

YRTIUUTEREAAIENENWLNSUA WAL L6

MINUALFNLANUAN (Point Mechanisms) (% of variance = 6.222, Cronbach’s alpha = 0.867)

PM1 vhudaniinmislduanvasmaiannnsszaauduly | 3.97 0.847 0.817
weUwaladuunudaflugangnunsusuaiifaind

ANUANNFINYNUTINY

PM2 ﬁmfﬁn'jﬂmiﬁmﬂéﬁw%{ﬁﬂﬁmminﬁ,’lLL(?T;J 3.87 0.753 0.793
sranlUuanetaluun3usuaiiGaring

PM3 vhuognnazltuals:lomivasseiaiving 4.03 0.828 0.888
Iduananudniazauanluuniusuadide

PM4 vinudlanuaulaasnnazlfnussuunsrEauLan 4.02 0.797 0.823

LANVBINITUASLOUANLAR

qm@iﬁmaanﬁfmﬁmﬂ (Advertising Value) (% of variance = 5.730

, Cronbach’s alpha = 0.809)

ADS1 TotaualusluzululawanvesunSuauaiiia b 3.18 0.615 0.753
mmﬁnﬁum@iaﬂmmam%n

ADS2 ¥iufainnsa lauanvaIunSusuaIGasaIn | 2.98 0.632 0.831
dl Y U dq/ v & 1 =

gasny Wvihudnlaier ldiduagne@

ADS3 M3 basunulusmnuaIunIuanaiide 3.39 0.659 0.743
V‘iﬂﬁvhuvl,éﬁ'ujiaagawaﬂiﬂmﬁma{lmﬂﬂuam%ﬂ

ADS4 M3 basunylusmnuaInnIuauatLae 3.64 0.571 0.751

o v wt A L e P & a
ﬂqlﬂﬂjugaﬂ L“ﬁauuvh'ir]\‘ll"ﬂﬂ"ﬂZLﬂuﬁN’]ﬁﬂ

ANMUAI RN ILANATANTN (Intention to Subscribe) (% of variance = 3.923, Cronbach’s alpha = 0.693)

ITS1 viwdainmsaNasauTnunIuawadiaaie 4.30 0.738 0.674
Fdanfinanlagnsuriie

ITS2 viwdanudafiszaianiuandnuniuauaiida 4.63 0.564 0.797
melu 1Y

ITS3 vhudenfissiasldrwusmndnunsusuaiife 4.24 0.603 0.588
dollSen 9 doldains

ITS4 viudumilduflazdanldusnisunsusuadife 4.31 0.697 0.755

ANNINITUUFNNTNYDILOUWRLATULARLIDIDY 9
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5.3 NMINAFOUANNAZIHITHIVY

Agulszantnisnanay (Regression Coefficient) iavanfisdninavasdrudsaadiiiadn delu
witaldmalienzdininanaswygni (Multiple Regression Analysis) laglden p-value fitauniviewriny
0.05 HuarrinuanpdanI9eha (Significant Level) !

5.31 mﬁmi’wﬁminﬂnmmﬁ@m (Multiple Regression Analysis)

mﬁmsw:ﬁmsmmaﬁwn@mﬁ'a‘ﬂ@aauauuﬁgmmﬁ%’mmmmLu_iaaam'ﬂu 3 8% ANUNIOU
wdamsIsy et

5.3.1.1 ANUFNRUETVDY QOAAINI9TIA7 qmc&hmamnﬁaa"mm ANNENANTLUANTNA LAY LAY
Qmmmuﬁmanﬁ dgannuianalalassivanuadwiiady HavaIn1TIaNzinIaanay wuin aaudsdase
AouAINITIAN qmmmamuﬁaéwms AMUIANInlUMINA AR LAz A NaAsIEn Tuazaiuliay
fa anuisnalalasTananuadnaati Lﬁ'aﬁmsmﬁs:ﬁuﬁfﬂﬁﬁ@ p = 0.000 (F4, 211) = 18.988 lasaauds
AUAINTIAN qm@hmdmﬂ'gaa’m’m wazaNauNTalumINadAL IuairwanuABLl I U
anwitawalalagmunuatniiadu fiszduinidny p iy 0.000 0.000 uaz 0.024 MaEEU fenanuiius
P09 ILLTaY (Adjusted R2) 1ilusanas 25.20 (Adjusted R2 = 0.252, F4, 211) uazdensuiszaninisaanag
28390 7BaTE (Beta) 1¥1NU 0.249 0.256 Loz 0.147 MWAaL Maududsgudmaiosind laisunsadu
Atnua mmﬁuuﬂsmaaé’hLLﬂiﬂTﬁ%’ﬁJiﬂsﬂmﬁ Lﬁaamnﬁs:ﬁuﬁfﬂéwﬁ@ p LYINAU 0.205 (¥1NN31 0.05
ﬁLﬂué"aﬁmu@ﬁfﬂéwﬁtymmﬁa) waedidulsransnsnanasuasiiulsaase (Beta) iy 0.077 sauaaslu

AN 2 WAz 3

AN319N 2 mﬁLm'lzﬁwamaaﬁammLLaJ‘nJi'aumaa@m:ué’wﬁ’uﬁi:mnﬂﬁsqmﬂ'ﬁmuﬁm qmmmams
LDEIUIY AMVEINITDIUAITNBIL A Lm:qm@hmuﬁmagﬁ daanuninalalaysivanuwa naLaTH

Model Sum of Squares df Mean Square F Sig.
Regression 16.919 4 4.230 18.988 0.000
Residual 47.002 211 0.223
Total 63.921 215

79N 3 mﬁme:ﬁwamdaﬁamaamwé’uﬁuﬁ‘sm'jwﬂﬁ]ﬁ’ﬂqmﬁ’m’mnm Qm@i’]ﬂ'ﬁﬂ’]ﬂ%ﬂﬂo']u?}ﬁ

ANMUEANTALBNNTNELA HRE) UAIN9LA mﬁnﬂﬁ daanufsnalalasmuannuadnaiatu

Variable anaRanalalagTiuanuadwitaTu(OSA)
B |sEB | B T sig.
Qmﬁ'l‘ﬂ’]\ﬁ'lﬂ'l (PIV) 0.242 0.063 | 0.249 | 3.816 | 0.000**
Qmmmamﬂ'gaéwmm (AV) 0.231 0.059 | 0.256 | 3.920 | 0.000**
ANMNENANTD WA TR (VIS) 0.141 | 0.062 | 0.147 | 2.280 | 0.024*
AMAIMINEIANT (PEV) 0.062 | 0.049 | 0.077 | 1.271 | 0.205

*p < 0.05, **p < 0.01

5.3.1.2 mmé’uﬁ'uﬁmmqmdwmamm Qmﬁ’]ﬂ’]dﬂ’]ﬂgﬂéﬁu’lﬂ ﬂ?ﬁ&lﬁﬁ&lﬂ‘iﬂiuﬂ’ﬁ&lﬂﬂﬁ% Qmﬁ']
‘Y]’NLﬁiliaﬂ“ﬁ LLa:mmﬁawaiﬂ@mmmmmﬂw'ﬁm%’u @iammﬁﬂﬂumﬂ“ﬁmuuaﬂwal,ﬂ“fi'mimﬁawamaa

MTILATIERNNTIADEY WULN GaulIBase ﬁaqm@hmaﬁm Qmmmamnﬁaémm ﬂ’J']%Jﬁ’]N'liﬂsL%ﬂ’li
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NadLAY AUATNLABIANE wazanuswalalasinanualwalatuuazdulsana e anuelalumsls
muuaﬂw'ﬁm%’u@imﬁaaLﬁaﬁﬁmmﬁi:ﬁuﬁfﬂéﬂﬁm p = 0.000 (F5, 210) = 22.229 landulIUAINIITIAN
qmmmamﬂ‘gaémm anuaNTalumsnadin uazanuianelalasuanuadwiiadu uaimvue
anudwudsmasdulsanuatlalumsldnuuelniindudaiiies fiszduivédn p il 0.006 0.011 0.016
WAz 0.000 ANENAU AA1aNUABLLITIGLUIANN (Adjusted R2) 1T usasaz 33.10 (Adjusted R2 = 0.331,
F5, 210) uasfiArqudszanin1snanosvasiiudydase (Beta) 1inriy 0.176 0.165 0.151 uaz 0.320 ANAIGL
saududsgudmaissdni limana Wudiimue iflasanfiszausindan p iy 0.497 (NN 0.05
ﬁLﬂuﬁaﬁmuﬂﬁméwﬁ'@mmﬁa) uasfldndulssans MInanevaseaulsBase (Beta) Wiy -0.039 GILEAS
Tua13197 4 usz 5

TN 4 MAAeNzARaMIaidaNNulIUNIRIsIeNuFEITuEEnITad B AT
AmAMINTBas WL anumanInlumMInatin quamMaissdnd uazanuiwalalasiy

ANUWAUNRLATH danNAIb s IFNwLalNRATReaLha

Model Sum of Squares df Mean Square F Sig.
Regression | 16.621 5 3.324 22.229 0.000
Residual 31.404 210 .150
Total 48.026 215

AN39N 5 m*ﬁme:ﬁwamuaﬁamaammé’wﬁuﬁ‘s:mnﬂaﬁ'ﬂqm@hma‘mm qmmmamﬂﬁaéwmy
AMYUENITD AN TN BILTAL AMAIMILAL AN wazaNRIwalalasTInnLaUwaAT

dannuadlalumIltanuioUnainTudariia

AMNAI R NI nualnAlaTwaAaLTad(Cl)
Variable
B SEB B T Sig.
Qmmmdﬁm (PIV) .148 .054 176 2.752 0.006**
Qmmmamnﬁaéwmm (AV) 129 .050 165 2.571 0.011*
ANNENNTDLIUNNINBILAY (VIS) 125 .051 151 2438 | 0.016*
AMAIMINIANT (PEV) -.027 .040 -.039 -.680 0.497
anuRinalalagsinanualwitaTu(OSA) 277 .056 320 4917 | 0.000*

*p < 0.05, **p < 0.01

5.3.1.3 anuduRuiues anwaslalumslduuedwiintudoiios sniwaniadsnu nagning
naaadld MIAURZANLANUGN WAzAIA1TBINTT U BN doanuaslafiazadinsaundn

HAUBINTILATIZRNNTNAR0 WU dauliBasy Aenduaslalunisldnunalniadudatiios
anSwansdau nagninianaaadly uaz mIiuazauuAnuey wazaudsauda anunslaftasadinsaundn
Lﬁaﬁaﬁmwﬁizﬁuﬁfﬂéwﬁm p = 0.000 (F5, 210) = 21.792 lapdaudsanumlalunisldsunalwiiadu
AoLilos BnTwan1sssny ﬂaq‘nﬁmsmaaﬂ“ﬁ wazMTAUEERNLANLAN uaitinueanuRuulsvasaauys
anuaslafazadasanndniissduioddn p Wil 0.039 0.003 0.000 Uz 0.000 AWEIFL HauiuLLls
2oLl sany (Adiusted R2) 1ilusanas 32.60 (Adjusted R2 = 0.326, F5, 210) uazdaaulszaninisnanag

2990718832 (Beta) LYINNU 0.117 0.170 0.452 WAz 0.217 A1NK1GU mué’mﬂsqm@hmamﬂmﬂmﬂ
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limunmndudiminue anuduudsvasdaudsnisiuielood lasaniiszauioddn p 1iiu 0.093

dl I o [ s o a aAa a e a A€ a a 1 ‘14
(®nnd1 0.05 Niludrruaipdayn1Iaia) uaslaanyszantniInanasveidindsdasy (Beta) viniy
0.095 GILEAI AN 6 Uag 7

A139N 6 N1 LﬂswzﬁwamaaﬁammLLﬂiﬂnmadmmé’uﬁuﬁ‘izijﬂﬁymwé’ulﬁﬂumﬂ*’ﬁmu
LaUNRLATUABLIEI BNTWANIIFIAN ﬂﬂﬂqﬂﬁrﬂ'ﬁ‘ﬂ(ﬂaadl“ﬁ/ MIALACRULANLAY LLN$QELL‘F]"]°UBGT]’]§I%JHDL’]

AaANNAIANITRIATRNITN

Model Sum of Squares df Mean Square F Sig.
Regression 16.347 5 3.269 21.792 0.000
Residual 31.505 210 0.150
Total 47.852 215

AN 7 NMFIATITARANIRDAVBIMINFNNUTIEHI1911398ANNAI L UM T MEIN UL UNRLATUADNTNANN

FIAN naqwﬁmiﬂmaﬂ"ﬁ’ AMINURZFULANLAN LLa:qmmmaamﬂmwm AaANNAIRNITFNATENITN

ananslafezadasannin (ITS)
Variable

B SEB B T Sig.
anuaslalunmsldnusalniindudaiiias (CI) 0117 | 0.056 | 0.117 | 2.081 0.039*
BnTwan1esiau (Sl) 0.106 0.036 0.170 2.968 0.003**
ﬂaqﬂfﬂﬁﬂ@aaﬂf (TS) 0.406 0.053 0.452 7.710 0.000**
MINURZFUUANLAN (PM) 0.162 0.044 0.217 3.686 0.000**
qmﬁwaam{[mwm (ADS) 0.044 0.026 0.095 1.687 0.093

*p < 0.05, **p < 0.01

5.3.2 N133LATIZRA1BNENAN19D a4 (Indirect Effect)
A o v a a a & o < o A a & A
Wadwinldianinaniannnmilianzdnanasnngmudy 3nun shdaldldienedinen
FABANTNANISaN LaNaaI
5.3.2.1 ABnswansdanvesfidugmainienen gudmanisidedwin uazanuaanInlung
= A o =< a o o &< o a o A
Yo Nasrwilassanuninalalassinanuaunaaty llgsanuaslalunisldnunal watnTusatias
%] ] o QJ a Q{ dl o v dl 1 1
fadqudmanan dedudszaninanasfidiuanaignuudy (Standardized Coefficients) figinadanIuRy
a “/ 1 Q/ 1 Q a Q{ dl . v
walalagananualwiagu tMany 0.397 uazd1sulszantnisnanssNUsuuIaIgIuLas (Standardized
Coefficients) 2841/338auRInalalasTinanuaUndiatui dsnadannuaslalunsldanuuaywaatu
@aLiaI NNy 0.497 HINNMNIAUIDE m'ﬁw%wamaéj”ammﬁa%'ﬂqmmmaﬁm NaspiwilaganuNinala
lagmwnnuadwiiedu ldsanuaslalunsldnuuadwiietudaifiasldiviniy 0.187 Jaduquedmians
g s a Af { s v . . w { ! !
adury JaraudszndnanasNUTun1aIgiuuan (Standardized Coefficients) Nasuadanauiinala
a o @ @ a £ { o [ .
lagyiwannuawitadu 1vinny 0.403 uazd1gulszdnsnisnanasNUTuanaIgIuLas (Standardized
Coefficients) 2a91faduanuisnalalasinanuadwitntunasnadannuaslalunsltnuueUnaiatuaiilos

> s

VINAL 0.497 TINNNITRIUIDE mﬁﬂ'ﬁwamaﬁawadﬂaiﬁ'ﬂqm@hmamﬂﬁaa"mw NFIEIWTIAINY

=

wawalalassrvanuadwatatu lldsauaslalunisldauuatlwitatudatitasldvinnyu 0.200 11238

s a £ { o [% . - { '
AMuEN1Inlunsuain JaraudseintnanosNUSun1aignunan (Standardized Coefficients) NgsWasa
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a %] 13 e U g = Q€ dl o k3
audanwealalassivannualwatadwu 1vinny 0.324 uazdraulszininisnanasNUTuuIaIgIULED
(Standardized Coefficients) 2841/a3aanuRswalalagsinanuadnwdinsuiasnadaninuadlalunslaon

P’ o { . @ =~ ° A A o [ &
WAUNWRLATWEBLIHILYINAL 0.497 FIINNITAIUI DL ANBNTNANIISDNVDITATLANNRINIIDIUNITUDILAY
A4 o = a o o & o a o ., A >
AgsrnlasuaNnuNanalalagsinanuananty ldsanuastalumsldnsieUniiatudatitad beivinnu

0.161 LAAIANTIIN 8

P a > a Sa a o o o . aa I .
a7 8 HaMIIANzAfENL AN TENENanwauLazzautEa AN 9aidasdiibg mamnITen
AmdmIMaBas Wy wazanuamanIalunInaniu Assudatvanuianelalagrnanualndindu
ldgianuaslalunsldnuneUndiatudaiiad

Indirect effect of Sobel test One-tailed Two-tailed
Variable
Standardized Score statistic probability probability
Qmﬂ"m’mi’lm (PIV) 0.187 5.412 0.000** 0.000**
Qmﬁ’m’mﬂ’mﬁaa"’mw (AV) 0.200 5.789 0.000** 0.000**
ﬂ?ﬂllﬁ’]ll’]iﬂl%ﬂ’]illﬂdl,ﬁ% 0.161 4.605 0.000** 0.000**
(VIS)

*p < 0.05, **p < 0.01

5.3.2.2 ANANTWAN9I8010I9BAMUAINIITION QUAINIINTLEDE WAL WRZANEINITDLUNNT
o IAY NEIHIRITABANNAI I IwmTI TN wwal WaATUAaLd W dsanuadlanazsiasanian ﬂaﬁ'ﬂqm@h
PR a £ A o o A ' & o
193101 VeaudszdnsaanssNTunnasgIunsn (Standardized Coefficients) figswadannuaslalunisls
a g 1 { 1 Q 1 L a Qg dl g v
unalwiiaTudaLkaLMINY 0,408 uazA1RNYIzENTNITNANauNUTUNIAIZIULAD (Standardized
Coefficients) 1843380106l lunslduuadniiatudaibaiNsinadannuadlanaz aiasaundnivinny
A o I a a 9 @ . A @ & o
0.104 Ty NMIAUITE ABNTWANIISaNVeITITHATAAINITIA Agsenlauanuadls lunsldnuwey
a Qs 1 lﬂl o g: lﬁl Qo a U 1 Qs Qs 1 ﬁ‘v o = o a l§
WaLaTwALed lUdinnuaslanasainIgun®n bavrinny 0.042 Taduguamemaibedwie diFulaing
nanauNUIVNIAIZIUUAT (Standardized Coefficients) Agsnadannuadlalunslanuiadnwiinsudaiiias
o @ a £ { | o ) . @ &
Winny 0.392 uazddudszEnoniInanasilIunnaIgIniad (Standardized Coefficients) vasfaduaiiuasla
v a o 1 { { 1 1 g; { Q. a 1 L ld o 1 =) a
TumsltnuoUnsiaTusatioINaInadanNNadlanazglasENIBNWYiNAY 0.104 TINMIFIWIH ANBNTNR
maé’amadﬂ'«aﬁ'ﬂﬂmmmdm'uﬁaéﬂmsl AgseinlasaaNuad b lumsldanuwal wantudariias lUgianu
g; dl L =y £ ' Qs Qs 3 a Q/ a Q‘ dl e £
aslafivzadnianndnldlvinny 0.0410spanumansalumsuein Sardulssansaanasiliuanasgiuuds
A ' & ) a o { . @ @ a £
(Standardized Coefficients) NadHadannuadlalunslanuualniiatudatitadinny 0.362 wazauls=and
N30anaslTuNIaIgIULEL (Standardized Coefficients) 2asifaganuaslalunmsldnunatnintudaiiios
{ 1 1 g; { Qs a 1 Qs ld o A a U Qs
NFINRFDAINNAIRNITANATINITNYINAY 0.104 TINNNIFIWIDH FA1BNTWANII8aNVBITITLAIMNRINITO b
=3 lﬂl 1 1 Qs gj U a o 1 lﬁl o g; lﬁl s a U 1 Qs
MINaIHAK NEIRwTIuaNNad Rl um T T NuuaUNR AT UaaLas Mainnuaslanazaiasanidnbdivinny
0.038 LAAIANIIIN 9
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= a 7 a fa a 'Y > aa 'y ,
AN 9 Nammme:ﬁmauﬂi:amamwamaaamm:‘smuummmgmmnmaaﬂwﬂqmmmdﬁm

Qm%‘h‘ﬂ’]d MBI WIY LazANNENNTIWNTNELRY NFEuTTaauadlalumslfnLaUwaaTw

oA o & P % a
L lel N mm@ﬂam:au AIRUNDN

Indirect effect of Sobel test One-tailed Two-tailed
Variable
Standardized Score statistic probability probability
Qmmmﬁﬂm (PIV) 0.042 1.501 0.067 0.133
Qmmmdmnﬁaéﬂmﬂ (AV) 0.041 1.502 0.067 0.133
ANNFINTO LN T BILA (VIS) 0.038 1.492 0.068 0.136

*p < 0.05, **p < 0.01
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o a £ { 1o o . . { . & % a o
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{ o " e a £ { 1o v . . . iy
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Indirect effect of Sobel test One-tailed Two-tailed
Variable
Standardized Score statistic probability probability
anuRawalalassinanuayl 0.052 1.510 0.065 0.130
WALATW (OSA)

*p < 0.05, **p < 0.01
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5.4 #3UNANINATDUANNAZINITNHIIY AIUAAININT 2 WAL 1579 1 11

AaANIsuSiaALILsEanan
Extended Consumption Value Theory

ALATM IR
Price Value

AaATaATsLE AR
Affordances Value

Aty
Visibility

A aLiesEgd
Prestige Value

SvEwamaedoau ( MAURERULANULEY ( nagmsnmsivaasly i
Sodial Influence Point Mechanisms Trial Strategy \
0.170"* 0.217%*
0.176%*
0.165%N\).240== R2=0.331

audalatumstdnuuaiwiwdusaiag

Continued Usage Intention of Application
0.117%

0.320%*

R2= 0.252

anAmwalalasnuanualwindu
Overall Satisfaction of Application

0.452%=

AMAIIaINI TN "\
Advertising Value /

0.095

R2= 0.226

arudlaiazalasandn

Intention to Subscribe
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Factors Influencing the Continuous Usage Intention of The Siriraj Connect

Application and the intention to recommend
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Abstract

The objective of this research was to investigate the factors influencing Continuance Intention among
users of the Siriraj Connect application, an online healthcare service platform provided by Siriraj Hospital. This
survey-based study integrated constructs from E-Service Quality (Efficiency, System Availability, Reliability,
Privacy) and the Expectation-Confirmation Model (ECM) (Perceived Usefulness, Confirmation, Satisfaction),
along with additional factors: Perceived Waiting Time and Intention to Recommend. Data was collected from
$210$% Siriraj Connect users via an electronic questionnaire. Direct and indirect influences were analyzed using
Multiple Regression Analysis. The results revealed that Perceived Usefulness, Confirmation, Reliability, Privacy,
and Perceived Waiting Time positively influenced Satisfaction. However, Efficiency and System Availability did
not significantly affect Satisfaction. Furthermore, Confirmation positively influenced Perceived Usefulness, and
Continuance Intention influenced Intention to Recommend. These findings are valuable for prioritizing the future

development of healthcare applications.

Keywords: Siriraj Connect, Siriraj Hospital, Intention to Recommend, Expectation-Confirmation Model,

Perceived Waiting Time
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dlFom ;ﬂ‘fﬁ%’uﬁimwamwa%uﬁmﬁnmmwﬂaa@ﬁ'ﬁﬁayaﬁa anfinnnuionalauazdadulunsldusns
AN
2.3 LUUINABINITERIWAINNAIAKII (Expectation — Confirmation Model: ECM)

LuUsaasnsiuunIun1anis (Expectation-Confirmation Model: ECM) tfluuuusnaasfinamlag
Bhattacherjee (2001) a3unsuaziwonwganssunisueniuinaluladdaiiiasnasarnnisldaiuasousn
LLleuf{haaaﬁtﬁﬁugwummﬂﬂqwﬁmsﬁuﬁumwam%‘?a (Expectation Confirmation Theory: ECT) #i14lu
mifnswginTsnveguilnalumuiniiaaa dandszendldiminziuuiunzesmsldinaluladmauna
Feganndasnuawdsuuas Limayem and Cheung (2008) lduuusiaasnmstindunnuamaniniefnsaina
éiv'aslﬁfl,umisl,%mﬂIuIaﬁmiﬁmiaau"l,aﬁ (Internet-based Learning Technologies: IBLT) lagwuinanaiswala
ﬁ'm/lmﬂﬁwﬁwﬂumsé’@%ﬂﬂ%mmﬂIuIaﬁm‘sﬁﬂuﬁaau"l,aﬁashwimﬁad WITBUDI Wu et al. (2024)
ﬁﬁnmmwmiaLﬁaﬂumﬂfuaﬂwaLﬂ%'uqmmwLﬂﬁau‘ﬁ' (MHASs) mamé’mﬁwﬁmmimqwmu WU Uszan
Po4aMTUFINN (111 Iswsaniandin) unuinlumssmueanuuandrslunisliuadwiiatuadng
daiftas Tapamzmitudunnumeniawszanuionala LLa:LﬁaamﬂLLaﬂwam%’uﬁ%mmauuaﬂwﬁm%’uﬁg
I ldlFuniua wuudrassmstuduanuaiands (Expectation-Confirmation Model: ECM) ﬁx‘lmm:auﬁqﬂ
lunsafuedt dszsuniiniatevesgls (Confirmation) uaz n133uifadszlumil (Perceived Usefulness) nad
ATlE9% d9nade anuNanala (Satisfaction) LLa:ﬁ’]VLiJ;j anuaslaldanuasnsdatitos (Continuance
Intention) 'leatina’ls (Bhattacherjee, 2001)

2.3.1 m33uiselannt (Perceived Usefulness) nsiuiselumiiduilad bR AdIKadanuasly
Iuﬂﬁisl%awus:uuu‘%ﬂwsqmnwwmuqﬂmtﬁmﬁlauﬁ' (mHealth) Q’l"ﬁmuﬁmmm%’uiﬁaﬂsﬂmﬂuudmaamm
szaanaUe Uszaninw uazmsaanalumsiussms wdunbivfeshzuumaianldluiiadseiiu
W1NT% FEAAREINUWITEVEY Song et al. (2021) lddnsWamnaznaseuluiaafiesuisisnnudsaly
mﬂ%m%msqwmwshuaqﬂmtﬁm'é‘law?i (mHealth) aﬂ"lwial,ﬁawaa;jﬁasfl,umi%‘@ﬂ'lﬂiﬂl,'%?a%’aﬁasmmaa
Tutaan118 @819 093U U 3EHING (IS Continuance Model) ka2 1uLA8AINN&L5IVBITZULRIITULNA
(IS Success Model) mmL%amaup&‘lﬁmmwmﬂﬂﬁﬁmiqmmwN"m,ﬁaﬁaazlﬁﬂsxiU"nﬁLLa:ﬁﬂizaﬂ%leu
msﬁ'ﬂmﬂiﬂL%@%@ﬁﬁlﬁLﬁuﬂaﬁuﬁqwaiamaa;ﬂ’l%mu FsgonamadanlFnnuaslafiazldusnsednssiaiias

FOAANDINUINKIILVAY Alalwan et al. (2018) slumu%%'ﬂf':mﬁ'uiﬂsﬂmmﬂuﬂa]'ﬁ'ﬂa%ﬁﬁtyﬁdawa@ia
mwwﬁgﬂﬂumﬂ‘*ﬁdﬂmwuu%m'sqmmwmuqﬂmnﬁﬂﬁau‘ﬁ' (mHealth) ;&'L%muﬁmmiﬂ%ufﬁaﬂsﬂmﬂuud
289AWREAINELIY YsrANTAIN waznisaaaanlunsiuuinms adfiunldafiesihszuumaniiunldle
FAaUsrdriuannin

2.3.2 NM58REWANNAIANII (Confirmation) NUIT8 Akter et al. (2013) HuduauaIanIsT8 19
ﬂi:aummimﬂ%mm'%aaam&aaﬁ'w%aaﬂiﬂﬁ;ﬂfmumwi’ﬂ‘f sana Al FnuioFiuinsgunindu
qﬂmrﬁmfﬁ'auﬁ (mHealth) ﬁﬂszismﬁLLa:ﬁaulﬁuss@i’mqﬂszaaﬁﬁﬁuqﬂumw"ﬁaﬂﬁaﬁﬂi:’%w%mw FOAAN B4
AU9T1UI98 Hsiao and Chen (2019) Lfiaﬂszm_lmsnimﬂ"ﬁmm:uumuu'%msqmmwmuqﬂnsﬁm’é"auﬁ
(mHealth) faaadasnUANIMARTITEIRITIUBBIARNIMINIURNGzT Ui izuudandfidszloiua:
FruL e EnTawlunsvinan 1w 19 Ulﬁ/ﬂ’ﬁ(ﬂuagﬂ’lUﬁﬂ’]’]&lLL&iuﬂ’]LLﬂ:‘n@]L%ﬁ%ﬂ FOAARBINLINUITY
Nie et al. (2023) mmjﬁﬂmadQ’L%\ﬂmﬁmﬂ%ﬂuLﬁUuﬂs:aumiﬂimﬁamﬂifmuﬁ'umwmwi’qﬁﬁvﬁﬁauﬁ
NRUSMI mndszaumssinsldnuasemiafninfieensols dlinuweziuitielomiuaziinanuionels

v a ' e a a &
1umﬂ°nmmiq°umwmuqﬂﬂsmmaau'ﬂ (mHealth) 41N v®



MITNITZVUENITRUNAGIUTIAD (JISB) TN 11 atiuh 2 1@an nIngIax - Funaw wih 105

2.3.3 @auf9nala (Satisfaction) :II8289 Tian and Wu (2022) T2aUANNURIN alwaa;ﬂfmuﬁ
Lﬁﬂ%mnnmsﬂimumirﬁﬁwaamﬂ%mm:uuu’%miqmmwmuqﬂmrﬁmﬁ'auﬁ (mHealth) F9gaandaany
@mumwi'\‘i%%aaﬂhﬂmmmﬂ‘vﬁi’alﬁw;ﬂ%ﬁﬁﬁnﬁawaiaﬁuﬂizaumirﬁmﬂ‘ﬁmuu%msqmmwmuqﬂmtﬁ
Lndauft (mHealth) 3z uwd lsfufiezldsuusnsietnsdatitoslueuina Laza1nudsoves Tian and Wu
(2022) szé’ummﬁawﬂwaqQ’L"ﬁmuﬁLﬁw‘fumﬂmsﬂimumitﬁﬁwaamﬂ"ﬁmmzuuu‘%ﬂﬁﬁﬂmwmu
qﬂmtﬁmﬁauﬁ' (mHealth) s'fidaa@ﬂﬁadﬁumwmmwfaw%aﬁn'jmamm@mi’dLﬁu@%ﬁiﬁﬂﬁdwaiaﬁ'u
ﬂizﬁmmszﬁmﬂ‘*ﬁmuu’%msﬁgmmwshuqﬂﬂsnim‘é‘auﬁ (mHealth) a8 umwi Tiudiasldouusnsiieedatiios
luauaa

234 a1 uaslalFenuadrsdalitas (Continuance Intention) $1%3 3889 Gupta et al. (2021)
lunsldguniniaulddaaios smart fitness wearables ﬂmuﬁg\ﬂaﬁl"ﬁmuaﬂmﬁ@iaLﬁaaﬁlzgﬂﬁwwuﬂi@] HANNNS

walaasglidansldnunaznaawiduguniwildiuanmisldnugdniol uazanauidoves Jiang and

] @
va A g

Lau (2023) §lenfianuaslazldnurinisguniwdiugdniolindeud (mHealth) adnsdaifiasdumaliunaz

(7

o a =) Y qzﬁ' J = Ql/ = V Y a & 1 a v
LL%:%’IU?T]'I?%I%HUNQ%&I’IT]‘II% LWT]Z&I@]’J’]&I&I%SLE] LLG:ﬂ')']&IWGWﬂSLﬁ]ﬂ‘Uﬂ'ﬁSL?I U3INIT TIDI ﬂl%ﬂ’]ﬂﬁi&lﬁﬁ’ld

U
%

mﬂm%aﬁalﬁﬁ‘mﬁmmlmj §89AR0INUWITY Hartono et al. (2021) aueslaldsuasnsdoiiosiiin
am’a:mﬁ@laﬁazﬁauﬁdmwﬁgﬂwaaQ'Iﬂumﬂ**ﬁmuuaﬂwaLﬂ"ﬁ'uiml,'mmiumuqﬂﬂ'mim?iauﬁ (Mobile
Telemedicine) 88n9daLitas ﬁ’ﬂ‘*ﬁmu@ia%%mmqﬂl%muﬁaLﬂﬁlﬂuvlﬂsl'*ﬁu%m‘iﬁlul,ﬁa;jﬁl%muﬁﬂ‘smumﬁﬁ
faanmisldam ﬁ]:ﬁLLmIﬁuqdﬁa}:LLu:ﬁwLLaﬂwaLﬂ%'ufﬁﬁﬁ'mmauiN 1T ATaUATIWILR

2.3.5 N133U33z821Ia130A8Y (Perceived Waiting Time) 91439883 Feng et al. (2016) ladns
1238614 9 ﬁﬁawa@iamﬁufnmiumﬁamaa;ﬁmmma:Nammmiamwﬁuwﬂwau;ﬁ@Umﬂuﬁaanm
lun1sve luifiesanitu Uszinedu nsfuiinanlunissefinadeanuisnalavesglasans n1sdanis
snwuaadeyluniise malidayauuuiFoalng LRENIFILES N ANTINNMTIENG N0 TBRAMITUF
Ryl LLazLﬁwmmﬁawﬂwau;ﬁ@ﬂms WAZNNNBITLVDI Li (2010) ANWINANTZNLVEINNITOABLGD
mmﬁawalwaaﬁfnviadLﬁﬁ'ﬂumum&ﬂimﬁau%m%u Yszinain laglddradraaning asifisr wan133ss
Wy M3Tuiiaanlunise (Perceived Waiting Time) Tayann3a (Waiting Information) Laz&nIWIWIaR0N1T
38 (Waiting Environment) ﬁNﬂﬁ%’]ﬁty@iammﬁawalﬁmaaﬁfﬂﬁauﬁm

=

2.3.6 A113AI 19719211187 (Intention to Recommend) 91433884 Olaru et al. (2008) Anwifadun

'
A

ﬁwa@iaqmﬁwadgﬂﬁﬂ ANAIlaNnazDaTn meﬂmwé’ﬂaﬁamu:ﬁ’]ﬁmﬂuqmm%mmmﬁ%’mmzﬁ'@um
a ' & A o adl v a A a ' 1% o A
(R&D) °11aaaammmzlwmwmmmﬂammu:mEau"l,muamwamnmsﬂizmuqmmmm;‘qjﬂm I@mg}ﬂmﬂ
Evﬁﬂ'h‘u%msﬁ “AmiAIfNIIAN” a:ﬁumiﬁu«%asﬁﬂLLa:LLuzﬁm%mﬂﬁ;jﬁu FOAANDINLINTWIALVBY Hartono et
al. (2021) @nwifvivifinadenslinudaiiosveslsuadwiadulnanonssuiiuguniniiafansl (Mobile
Telemedicine) wazad1uaslanazuuziuaUndinduilinudou anaaslalumsldnunadwiiaduatiig
oA a ' & A ° Aa o A9 oo o ' &
doliaddnalayaisdaninuadbanazwusiin LLaﬂwaLﬂmuuiﬂﬂu;dau Taganz I uT 198U IRINITTZUIN VD9

1a3a-19 wadwalatuitiss1wisanugzaInlumsdnfiusmsmansunng

3. ANNAFIWNTIVLURLNTOUURIAANITIVY
3.1 ANNAFIWNTIVY
% o 6 1 -~ o [ o Y 6
3.1.1 @NaFNRKEITRIMIERIRANNAIARIILaTMITU IS laa
WITBT89 Nie et al. (2023) AnmnsaraseviiivNdsnadaanuaslalunmslinuuinisgunin
Hiwgunsalinfaud (mHealth) daifiasluizozany wudinsduduanuaands sswaidsvindanssug



MITNITTVUENTRUNAGIUTIND (JISB) TN 11 aliuh 2 1@aw nIngIax - Funau ni 106

Uszlpmil Semaanaasnuiwisuuns Akter et al. (2013) ﬁﬂmﬂa?ﬁ'ﬂﬁdma@iamﬂ%muu’%miqmmwmu
qﬂnsrﬁmﬁlauﬁ (mHealth) aﬂ'w@ial,ﬁaﬂumjuﬂszmmﬁaQlugmmwaaﬂmﬁmﬂmgﬁa (BOP) %amulmyj
Lﬂumjmjﬁﬁﬂﬁﬁaﬂ WU IEBEBANINAIANRII fs'mNaL%umn@iamﬁuiﬂiﬂmﬁ LRZITWILVBY Gu et al.
(2018) ﬁﬂmﬂaﬁ'ﬂﬁdawa@iamwaJéiy'alasluﬂﬁsl%muu‘%msqmmwmuﬁumaiﬁ@uuﬁaﬁa (Mobile Internet-
Based Health Services - MIHS) amwial,ﬁadmﬂ;ﬂfmu (Hihe) maaisdwmma*‘nm@slmy'ﬁslﬁu‘%msqmmw
sawulail wudniBuduanuaanisdnaidivindenisividzlomivesgie wana Nt Hsiao and Chen
(2019) Ansufpanuilasoidsnadansldnuagnssatiias (continuance) °1Jaas:uuu’%miqmmwmuqﬂmrﬁ
\nRandl (mHealth) waztszAntnawlunisldnuainyuueszasyaaininianisunng wodinabuduaiia
aanBsNaEaIndem Uit lomiuaayaanamenmsunng %aﬁﬂﬁg&awagmﬁaﬁ

FuNATIUA 1 matuduanumenissanaiiuandamauislomilumsld uedwdediudinoaawua

3.1.2 anudnnus sz ssuilsslarduazanaionale

I8V Akter et al. (2013) ﬁﬂmﬂa%’ﬁﬁdaNa@iamﬂ’ﬁmuu’%msqﬁlmwmuqﬂmrﬁm%"auﬁ
(mHealth) aﬂ"m@imﬁaﬂumjwﬂi:mmﬁagiugmmwaﬂﬁﬁ@Lﬂiﬂgﬁfﬂ (BOP) %aﬁmlm&iﬂumjwjﬁﬁﬂﬁ
won wuhmssuidszlomidnaidinandaanufianala FamannsasnuITwisuues Hsiao and Chen (2019)
FAnmanusuRusIzrniiaNAnAdalsawenuna (hospital loyalty) m’mLﬂuﬂsﬂmﬁmﬁ'ujmaaLLaﬂwaLﬂ%'u
vuiatia anndelunsldanu uazanuianalalunsldnuuauniiadsu lulssnanuraninawnitavas
"Lﬁwi'uwuhmﬁ'ujﬂiﬂmﬁmwaL%amﬂ@iammﬁuwalﬁ) WS89 Gu et al. (2018) Anmiladufiains
@iam'laJéiv‘aslﬂun'ﬁslfo'mu%miqmmwmu'éumaiﬁ@muﬁaﬁa (Mobile Internet-Based Health Services -
MIHS) aﬂ"lwial,ﬁaw'm;ﬂ%mu (W1lae) maﬂia‘wmmawumivﬁnjﬁiﬁu%miqmmwaau"l,aﬁ wudnug
ﬂiziwﬁﬁe‘mwav’?jamn@iamwﬁawaiwaogﬂasJ WaNINNIINUITBVD9 Song et al. (2021) TN IINWWILAE
Wﬂaauimmm%awqwﬁLﬁa‘?@mmﬁwL%ﬁﬂumﬂ%u%miqmmwsimaqﬂmrﬁm%uﬁ (mHealth) agnsdafiasln
msdanslsaBasanuimsuisslomiasnadsondaanufionels S lgaundgiudsi

sunfigiuil 2 mssuilstlemisonadsuindaanuianelalunmslfueuwiindudSnonauiue

3.1.3 ANNANNHEIEHINTERTHAMNAIAKTILAzANANINE D

NUIBVad Nie et al. (2023) ﬁnwﬂﬂﬁmmaauﬁmﬁ'ﬂﬁdwa@iam'luéﬁzaslﬂuﬂ'ﬁsl‘*ﬁmuu%miqmmw
muqﬂﬂ*m)fm?iauﬁ (mHealth) douitasluszozeny wuimituduenumandsidinaiiiuindaanuionala
FomannRoIn LS9 Akter et al. (2013) ﬁﬂmﬂﬁlﬁ'ﬂﬁldaNa@iamﬂ‘*ﬁmuﬁmsqﬂlmwmuqﬂmtﬁmﬁawﬁ'
(mHealth) asm@imﬁaulunéwﬂa:mmﬁayjlugmﬁmmaoﬂﬁﬁmm@ﬁa (BOP) %oﬁaulmg’ﬂun@ugﬁiwvlﬁ
woy wudnsiuduanumanissanadiuindannuionele uszauisuaas Gu et al. (2018) dnmiladui
daNa@iaﬁmuGf;lv'alasluﬂ'lﬂﬁa'mu%ﬂﬁqmmwmuﬁumaiﬁ@uuﬁaﬁa (Mobile Internet-Based Health Services -
MIHS) ashwial,ﬁaamm;ﬁfmu (Hilan) maaiiawmma’um@lvﬁajﬁlﬁu’%maqmmwaaﬂaﬁ wWuInsEuE
ﬂ'mm'lwi'qﬁamm%au’m@iammﬁawaiaﬂuaagﬁjﬂ’m waNNHIWITLVe9 Hsiao and Chen (2019) @nmn
\feniuispfiginadamslouagisdaiio (continuance)maau’%msgmmwmuqﬂﬂsnimﬁauﬁ (mHealth)
LLa:ﬂi:ﬁﬂ%mwlumﬂ%mumﬂguuawmqﬂmmmmﬁuwwszudwmsﬁuﬁumwmwi’aﬁdawm%ummia
anufiawela Folugaunfigmesit

suudguil 3 mibuduanumenidsnaidiandaanuiawalalunsld wolwAlatudinoaauwun

3.1.4 m'lué’uﬁu§smﬁwnﬁ%‘nﬁﬂsz‘[ﬂ%ﬁuaxmwG‘fe‘lﬂ%’muash\wial,ﬁ',aa

UITVB4 Nie et al. (2023) ?mmmsmwaauﬁa%’uﬁdma@iamwaJﬁgﬂﬂumﬂﬁmuﬂ%miqmmw

| AR P oA ] o o & a ' & ) '
NquqﬂﬂﬁmLﬂﬂauqﬂ (mHeaIth) @laL%aﬂl%izﬂzﬂq'J Wﬂjqﬂqiiugﬂiziﬂ"ﬁuﬁﬂwaLmﬂu’]ﬂ@lE]ﬂ')']&l(ﬂ\‘]lﬁ]l"ﬁ(ﬁ%aﬂfm
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doiflas sannR0IUITHVaY Song et al. (2021) maaﬂm@m%amﬁﬁLﬁai’@mqmﬁwﬁaﬂumﬂ%&mﬂ%mi
qmmwchuqﬂmtﬁmﬁauﬁ (mHealth) ?JEi’]x‘l@iaLﬁ@dl%ﬂ?iﬁ?ﬂﬂ’]ﬂiﬂL%ﬂ%dwujﬂﬂﬂi§ﬂiﬂiziﬁﬁﬁddNEIL‘TJG‘]_I’Jﬂ@i?J
anumilalduadndaiiias uazeuITeuas Gu et al. (2018) Anwilassfisinadanuaslalunisldom
u’%msq"umwmuaum asiiauniaiia (Mobile Internet-Based Health Services - MIHS) ag19datitos a1n
dlg9u (e °1Jaa‘[wwmmamm@lmy’ﬁlﬁu‘%miqmmwaauvlaﬁ wumsiuilszlomissnaiuanda
ﬂmuﬁy'uslﬂ%muamo@imﬁawaapjﬂ’m wanaNiIuIse Hsiao and Chen (2019) fnwnipnuiasefigonade
mslfnanisatiio (continuance) maai:uuu'%miqmmwmuqﬂmrﬁmﬁauﬁ (mHealth) uazyszansawlu
M3lFuaINYINBITBIYARININIINITUNNE wuiwmﬁufﬂiziwﬁdaNal,%dmn@iamméﬁ%lﬂ‘ﬁmuaﬂn
@iaLﬁawamﬂmmmdmnmwsT ﬁdﬁwqﬂgauuagwuﬁaﬁ

FuNATINA 4 mi%'uﬁﬂ‘sﬂwﬁdwal,%amn@iamwéﬁgﬂﬁﬂfmuashwi auftaalunsld uetwaindudsne
ADULIA

3.1.5 AAFNNBSIzn Il sEANS A nuazAaNnala

3T%338289 Leonnard (2019) ﬁmsmLﬁ'mﬁ"umwué’uﬁuﬁﬁ:wj'mqmmwmm’%m‘smaﬁLﬁﬂmaﬁﬂﬁ
(e-Service Quality) a3 3n9lamediannsefing (e-Trust) anudswalansdiinnsadfing (e-Satisfaction) uaz
ANANG (Loyalty) luuSunaasanidunisanmszaugandns lunjaniniion dszinedulailifo wuin
UszanTnnassuadnfiatuainaliiuindaanuiinela saansadnuiNwITuvad Sheu and Chang (2022)
anwu1aiB09muNINYTNIT (Service Quality Dimensions) @iamwﬁuwahua:mmﬁ'ﬂﬁmadgﬂﬁwau
uwaanedy Faunuindssaninndssansnmwussnedwiiatussnaiiiuindennuisnels nananil
%338 San et al. (2020) ?ma:nmam:wwaaqmmwmw%nﬁmaﬁLﬁnmaﬁﬂﬁ (e-Service Quality) a3
#awalavasgndnluaaasanlaivesdszinauiade laslfluaanisiagmawdidnniafing (E-5-QUAL)
Lﬁa’?@qmmwmiu’%mima'ﬁL§ﬂmaﬁﬂ§ wudseEninwsesnainaan laidsnalisuindannunanala
Jomnlugaunfigmesit

auNdgIud 5 UnAnmwiselwitedusdsnaidndaanufiswelalumslfuewinduinonomua

3.1.6 ANAFANWEsTRIIANNU LT B auazanafenale

W8V Meesala and Paul (2018) ﬁnwﬂﬂaﬁﬂéwﬁ@ﬁ'ﬁwa@iaqmmwmiﬁms anuNInalavad
ngu%Inﬂ LLa:mmaﬁﬂﬁﬂamm;ﬁﬂmlﬂsawmma TasuudnsuSunvesdssinaiaInaul wu dude
wudﬁmwuu’nL%aﬁazs'mwaL%{lmﬂ@iammﬁawalwa@ﬂm Fomanndasnuawisuuas Ali et al. (2017) @nwn
mylienzianuduiuiniugmwwnliinInedianniefindiuanaiiswalavasgne wazmsaslale
vimsdaldluszuumsdaiiun 8818 nnsafing (e-taxation) YBIALNAIINAIRTININTNA (FBR) lutlszing
TR Rt wuiﬂmmmL%aﬁaﬁ'ﬁw%wa@iammﬁawalwaagﬂﬁ'] waNINHIWITY Ali (2019) Anwn133a
ATNINNTLALINIINN9BLANNIRTNT (e-service) uazranIznudanuiinalazasindnmuniingds
utsu wuheanuinigetiefianswadannuewelavasnindnmn Jeilugeundgiudsi

auudguil 6 anuindefiadanaiiundaanuianalalumslfueUndindudinsnauua

3.1.7 ANNANNBEIERINANNLTREIRAILAzAMNNIND 1D

NUIBVBI Ali (2019) ﬁﬂmmsi’ﬂqmmwmﬂﬁu’%mimqﬁLﬁﬂmaﬁﬂé (e-service) LAZNANIENUGD
anusnalazasin@nsuniinenasuidisu woinanudusiuer Vuladuesuniineiasainnsasnm
mwﬂaa@ﬁ'ﬂLLazﬂﬂﬂaﬁaHadauqﬂﬂamm;ﬂ“ﬁﬂ%mﬂﬁ I@ﬂﬁmiﬂﬂﬂaaiagamuﬁwmﬁfﬂ ﬁﬂmvl,aﬂﬁgﬂ
ildlFednslimunzauniagnilamslaslilaiueuna sawadimindennuianelazessinfns seandas

AUIIKITY Andi (2019) ﬁﬁnmuﬂmmaammﬁawalaiumuﬂuﬁ"mmaizqummwmiu’%msma
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8LannIalind (e-Service Quality) AUANUANAVBIANAT (e-Loyalty) uuuwaaWasuya1aiin asnaay
(Bukalapak.com) luiszinadulailids wuitanudusindiginaidsvindannufiawela wonannitnuid
289 San et al. (2020) ANIHANIZNUVBIAMNTWNILININIBIENNTBUNT (e-Service Quality) dannunInala
pasgndnluannsaulaiaslinaniads lasldluaanisiaguniwdianniafing (E-S-QUAL) iadaziliu
AmMWLINMI wuhanudusudlunsinmamaduindaanaimwala e ldgaundgiudai
sundgIui 7 anudusrudrsnaiisuandaanuianalalunisliuelwietudinsaauiue
3.1.8 AMNFNNHSITHINAMUNIDNVDITEULRAZAINNIND 1D
%338 San et al. (2020) ?mmwamz‘nwauqmmwmsu’%mimdﬁLﬁﬂmaﬁmff (e-Service Quality)
danuiinalavesgndluasinasuladvasdzinanuaido laslsluaanisiagmuaind idnnsaiing
A o a a A € ' o ' A ' =
(E-S-QUAL) i@ 1aqmnwmItimimididnniafing wuhanunieavasszuusnaidinindaanuiiinala
FAAANAINLIIWITLYBY Sheu and Chang (2022) ANw1TaT8VBIMNTWLINNT (Service Quality Dimensions)
@iammﬁawalmm:mmﬁﬂamaagnﬁwaaLL‘wacﬂwa%m%aﬂ’ﬂwu'j'lmmw%waos:uumwmﬁamn@iammﬁa
wa'la #anaNRHINUIL Ali et al. (2021) ?lm:nNaﬂsz‘nmjaaqmmwmsu'%mwiamwﬁawasl,waaﬁﬂﬁwaa
LLWa@mla%umiﬂi:ﬂqmaaﬂaﬁmn;ﬁ%\muuwamwa‘?umsﬂ‘s:ﬂ;uaaﬂaﬂunﬁﬁmmma%@amu Uszinadin
wudwmmw%amadi:uufs'(awaL%umﬂeiammﬁawalwad;ﬂ%&mﬁuﬁﬂﬂﬁamagmﬁaﬁ
RUNGATIUN 8 ANUNTONYBITUUEINATIUINdaanuNInalalunsls waUnALaTuAsTI TR0 WU
[ % 6 1 ~ GE: v [ 1 d:
3.1.9 ANMNENNHSIzHIANNNIND lanazanualaldowadrsnatites
NWIT8VI Nie et al. (2023) ﬁﬁﬂmmimmaauﬂa%’mﬁfs'mwa@iammé’ulﬁlluﬂwﬂﬁmuﬁmiqﬂlmw
Hiugunsniiafann (mHealth) daiiiasluszozony wodanudawelasnasnindannuaslaldiuadng
doLitey RaaAaadwIE Tian and Wu (2022) ‘ﬁ"‘aLﬂi’l:ﬁﬂﬁﬁﬁﬁNa@iam'luﬁﬂﬂumﬂ%ﬂ%msqmmwmuﬁa
flaadadaliiosvasdgeangiiiliniteds lasldnsaunnuf ECM-ISC uaz UTAUT wuiianudanaladanals
mn@iam'luﬁﬂﬂumﬂ’ﬁu’%ﬂﬁqmmwquqﬂﬂsrﬁLﬂﬁauﬁ (mHealth) agnvdalitos wananhinuiIae Song et
v A a A o o & o ’~ ' ¢ A A
al. (2021) ‘weumLLa:‘maaqumama‘nqwgLwa’mm’mmLiﬁ]hﬂ']ﬂ%’mmmsqmn’lwmuqﬁnimmaawﬂ
(mHealth) agnsdaiitaslunisdanislsasaTonuinanuninalagsnaideuindaanuaslalunsldusang
' ¢ A A ' oA 2 o ' a o &
gunWeugUnIniiaRaui (mHealth) agddaiitas muﬂﬂgaumgmmu
sUNAZIUN 9 anwiswalasinadiuandannuashaltnuednsdaitaslunmsliueUniinTudsnnauue
3.1.10 m’mé’uﬁu§5mi’10n’n%’ui’h‘s:ﬂzna'ﬁaﬂa21LLazmwﬁawa‘h
MUITBV84 Hussain et al. (2019) Anwin1iaauianalavasdioluunungiaouan (OPD)
Tulsswenwasgunaiithfiaou edsafiunansznudeanufiswalazesdihe woimsiufszeznasenasd
dawm%amn@iammﬁawa%maa@ﬂw ROAARBINUINUIIY Li (2010) ANMINANIENLVBILIANTENDLABAINN
=< o A A o & a ' o o
Niwalavasnnviad msl,umum‘gﬂ sl,umumgml,aﬂﬂ 818 (Happy Valley) dszineiu wudnmstujsseziom
1 a 1 =< £ ] d' dq' = a nll| ] o @
JonaUEINALTILINAaANNNINalavaIRnNTiadiud wanandk Feng et al. (2016) anwniadunsINadanIIu]
nalunisenssuaznanIznudannuiiwalazasglasmslunisrenasinlasasluiios anidu dezinaiu
wudwms%’ug?s:mnmsaﬂam&awm%amn@iam’mﬁawahmawaa;ﬁmms LRZ9THIBVBY Lahap et al. (2018)
AnwkavadIzziaaInITTanasfignd1iug deanuiiswalazesgndluviunvasiuemiiniadia
Twwady wohmsiudszeznasenessnaidinindaanuiswalazasgndld o lgaunfgiudad
suudgIud 10 n3iuiiszszmsenssannIlinuuandinaidiuandannufanalalunisld

LOUNRLATUATINTADULUA
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a a 4 1 n’: L4 1 1 4' 3’: n:: o

3.1.11 ANUFNNBS I2NHI9ANNAS I IFnat 9L taIuazANAe lanazu i

91w338284 Jiang and Lau (2023) Anwiisanuwgdnssuvasdlduinsguniwdiugdniniindaud
(mHealth) K& T FFNWIUTIMTUNITZUNAVRILATA-19 W danuaslaldnuetisdaiilasgenadouin
daanuaslafazuuzsihunaanasuildnuienussnfzennsasnuuwiae Hartono et al. (2021) Anu1ilade
A ' % oA A o Aa A A & A o o sl @ '
naawadamilinudaifiassauadniintwmawdduuniens uszanuaslanazuusshlddauls wohana
aslalfuatndaiiasganaiiiuindaanuadlanazuusinniawdduuniiaia wanandt Khayer et al. (2023)
fnsnAenefszuutetuinuiiafienlfuaUniatu wuinanuadlaldnuatnsdatiiasssnaliiuinds

& A o o om v a AR o ' a o &

anuadlafazuusibhszuulinugaulfuinmi Sah lgeundauasi

sundgiun 11 anwaslaldnuedrvdatiiassnaiuandaainuaslanazunssilunsld waUwaie
TUAIINTADULIA
3.2 N32UUKIAANTIVY

ATUUIIAANTITIFLINULLLULLUINNBIANUANARIILAZNNTANTUNT LTI UaaLiias (Expectation —
Confirmation Model: ECM) léun mﬁ‘ujjﬂ‘s:lm*ﬁﬁ (Perceived Usefulness) N38 e hAI1UATARI9(Confirmation)
anufianala (Satisfaction) anuadlaldanuetnidaiites (Continuance Intention) LLa:LLu’Ja@qmmWU%MS
BLlannTedingd (E-Service Quality) lélA anNsinLTaiia (Reliability) ANl uainar (Privacy) aanunwsanvas

321U (System Availability) Lazl5z&nTAn (Efficiency) uaadlaasning 1

4. 75015398

MMT0aNULLIWITY 91wITuihTuuITeiFeUSu o (Quantitative Research)lugﬂuuumﬁ’%’n
\3981523 (Survey Research) laglFuuugauany (Questionnaire) n"flum%'aaﬁaéw%'mfm'nwﬁaga@m 9 970
ULHLPRHAN LLa:ﬁ'r’iTaQamsl,%LﬁamﬁLm’]:ﬁmmﬁ?ﬂumiﬂ@aauauuﬁg’m

mjuﬁ’samwaamuﬁsﬁ fa qﬂﬂa‘ﬁ'mﬂl%uaﬂw'ﬁm%’uﬁ%ﬁmﬂamuﬂmaﬂiuwmmaﬁ%i'wj LLazﬁmq
WnnIrsayinnu 18 U ‘[@mﬁu"ﬁagamﬂmjwﬁaamﬂ@sl’ﬁmuaaumu'ﬁLﬁnmaﬁn&mumwaamaaauvl,aﬁ
\ 1% Facebook , Line tHudu 1itasannlainsuiiuindszansiusinesn Qﬁiﬂﬁaﬁmuwummjuﬁmm
MANTIATTAAE 1Ml wAITNARBY (Power Analysis) ﬁm%’uﬁﬂmmnﬁjuﬁ'saﬂ’mﬁaﬁ’m’mﬁnnul@:

3Lmﬂ:ﬁ°ﬁaa&m%mﬁa I@]Ul‘ﬂﬂﬂmiuﬁ’]ﬁ‘ﬂgﬂ G*Power Version 3.1 LﬂuLﬂ%ﬂdﬁ ?]luﬂ’]’iﬁ’]%’lm LazinMIiNnuaaa

AvuauasBnina (Effect Size - f2) ludnafiadlfuanuianiiueie ieranmaseuauaAzIL
dneruatnafiinidnaada lasinuafiszaunans 0.15

ﬂ"]mmL%aﬁuﬁizﬁuﬁfﬂéwﬁzymmﬁa (Level of Significant - ) %38 A1uU19zLwv0IAITN
amawadauluniInagay (Error Probability) lagfimuafissdu 0.05 (0L = 0.05) whiuszauanuidaiusooas
95

Adruransnasay (Power of Test - 1-P) lagmnualdnad1svasnnuRanaawinny 0.05 wazdn
m'lsJuwazLﬂquﬂWiﬁmﬁulaﬁgnﬁaa = 0.95 (1-f3 = 0.95) $7wruaLs (Number of Predictor) = 10 @auis

HRINNNIANI UIUIAVDINANAIBENT 172 A% veilasiuanufansnalunsdiaauuuuseunia'ly
ATUNIW ;ﬁ%’ﬂ'fﬁaLﬁwﬂm@maaﬂﬁéwﬁaama%ﬁam: 20 ﬁafummmaméuﬁaaﬂw fia 206 au laugiTudaLiy

LUURAUDIN 31421 206 A%
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dfiunsiianzianuesiuazanuisaielilddnun faaunazasuiiuanuiaglszaidues

NWITY NIz RaIALznay (Factor Analysis) LHBQANUFNNUTLAZNTIANANVBITILLT UAS
fruwaininaulsaen i neiasnsznauiEed1saa (Exploratory Factor Analysis: EFA) #n@N1i1ssin
a9 sznauvaIdinlsdindt 0.5 diTsazianIandadinuuuean 8nNIITuIATIERNAIINULLFALNA

g v o Y Qs a Af { a 1 {

\asduduau 30 7a lasldedudszdniuaanizasasauuns (Cronbach’s Alpha) 1ivadiaTzianantaiia
o 1 a 1 o v & v a 1 a a ¢§ A ' =S A Aa e ‘;‘v
pasdnnlundazdinds deunainldlfiindayasss ddndszandazlidnzning o s 1 Seluawidnil

'
oA

anoausuladasninnin 0.7
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E-Service Quality

Aranidede
{Reliability)

AT

(Privacy)
. ALY
gz@ninm

System Awailability)
(Efficiency) Gy vaabiy

H
o o H7() He(+)
e s I
___________________ e N N
Expectation-Confirmation Model (ECM) :
mrfuileslond H4(+) I
(Perceived Usefulness) I
5 H2(+) \" |
3 |
" . | —
auvanels A la i uetnrie ding I H11(+) Aruslafiazuusin

H1(+) (Satisfaction) (Continuance intention) I (Intention to Recommend)
|
H3(+) }
- e e l
n3EufuAIA AW |
(Canfirmation) H10(+) :

msfufrsznanteasy

(Perceived Waiting Time)

MWD 1 NIDULNAANWILVAINIANBNTRT N FINAFaANNAS 1 LTI UWRLATUAT I TAMUA DL 6 BLTha9
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mﬁLﬂiﬂ:ﬁﬁagaﬂi:maNamaaﬁ?}ﬁaUmﬁmiw:ﬁﬁdmimm (Descriptive Statistics) N153LATIZH
ﬁagmﬁaaﬁu‘naaﬂ&jwﬁmﬂn Iml‘f@haﬁa‘ﬁugm l&un Auady (Mean) dnAud (Frequency) Anfouas
(Percentage) LLaszﬁmmummgm (Standard Deviation) #au33e1 O AN BHULYDININGIDENS Faltluns
ﬁwmuaﬁagaém%'uLLuuaaumulumuﬁ 1 ﬁmmﬁ@maamjuﬁ'sa;;hﬂumﬁ%'ﬁ wazsIud 3 ﬁayaﬁ"avlﬂmad
nguAIa9 uazlinssauniutaya ‘[mm'saaauﬁagaﬁmmmﬂﬂ (Missing Data) WaZ3LATIZANTUINLA
wUUUNG (Normality Test) Lﬁamaaumsmzmsﬁagamaaé"suﬂsu@iazﬁq (Univariate Outlier) lagasiagauen
ALl (Skewness) Ndenannin +3 wistasnin -3 Wwnmsilumifiansan lagldsdanisuanuasanud
(Frequency) ﬂ@laauamuagﬁuﬁﬁﬂmﬁmiﬁ:ﬁn@maﬂWﬂQm (Multiple Regression Analysis) L'ﬁl A%1A
anuFuRREsEnIeeLdsBaseAlnnnin 1 7 fudaudsana 1 67 1ReaTuneanswafiinduiududsany
wazltlumsnennsaidneudsauaindinisdas: lagauispitldd pvalue Aasniwiawinty 0.05 1w
IR NI ATEALREEIATUNIEDAA (Significance Level)
LLmJaaumulugﬂuuu&ﬁﬂmaﬁﬂé Lﬁa'{'fmﬁuﬁaga I@ﬂ;ﬁ%’ﬂ"lﬁ@‘hLﬁuﬂ’ﬁﬁmuuaaumu
sisnnsafndriusessanaonlard leun woUwaindwlal (LINE) uaztwWenijn (Facebook) LLa:ﬁ%mﬂmngﬂm

#ANLIINLNUNRAI T

5. HaN132398 wazanlsaua
5.1 NM133ANzHTByanI8aAAIBINTINW (Descriptive Statistic)
ﬂajm“f’;aii'msl,mmﬁ'cﬁ'ﬂﬁﬂmé'ﬂwm:muﬂ‘i:mmma@? Usznaueie Lwe ang FLAUNNTANBN ANTN

' o ' 13

Fnsanudainningnumslduadwantuiiaaauua wudn Indualaiiesiwin 210 au dawlngilu

q
a & 12

wends Aatduasaz 69.05 Htvangdiulnnjadszning 26 - 35 U Aailuesaz 40 Toriwirsamy
winiuiIamiannnga Aeuiosas 45.24

5’@1qﬂi:mﬁiumﬂf@muaﬂwﬁﬁuﬁ’%ﬁmamuﬂ 3 auau (aanTaidenaau lananadliian yAaanT3
wifewianans Aaiduiasaz 100 gnmsudafaudadnesaa Aalduiasss 99.05 gnsudafeudanTi
o1 Aetdufanaz 94.29 n3TuTeystiasiivinuedwiindudinsaeuiua faavuuusauniuli
anuimdg i wnaniga 3 auau fa Wimihinolulsiweua@ing u uwnd wena Wudu dadu
Souar 42.38n50aUszmaniolulsineuiadine Aadusouaz 40.95 Juloduadlsineuia Aallusesas
31.90 mslFnulunaUwdtudinraawuafivihudoinslilivdguasiam gaavnuusaunulianuddy
Fwnuniiga 3 duau Aa liuTaIMINIAadal i NiBLeUNEIATY Aailuiasas 97.14 MIvalToaLLY

v o ) a & a & o a o o o a o A o '
Idumuazldnuazainadu Aadusasar 56.19 thunadenlosdayanuuaUwiinduniaszunan itu naa
wiaw Wauellsziugunw Aailluiasas 29.52
5.2 nMsnadaulasasilalagliA1inntinuasasdilsznay (Factor Loading)
P = & AV v, o a A A o
a9 1 lunsensaesad laviniesaseuifedifiugmainvaaeiasiiota lasnanis

Janeiansinvnnadsnlsznay (Factor Loading)
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= : = \ oA s a | a £
AINN 1 AUKXREY ALUEILLBNIAIZU frhnnnasndiznay AauUszAnduean11InToULNTUAS

AANNLYTUTINVILATIN AN LT b Aazad

A0 Mean | Std Deviation | Factor Loading

ﬂ13%ﬂ§ﬂi$&lﬁ%§ (Perceived Usefulness) (Cronbach’s alpha = 0.788)

PU1 thif?mdﬁl,l,aﬁw'ﬁLﬂfuﬁ%iwﬂaumﬂLﬂuﬂiﬂwﬁ@ia 4.44 0.602 0.796
ulunsanlssneuna
PU2 ﬁmﬁﬁﬂﬁmaﬂw'ﬁLﬂ%'uﬁ'%wmaumaﬁmwwmnwmﬂ 452 0.588 0.771

TunsIAUSNNT 139 NMITUHARNIINL AN T HIBWIINTHAATI
dald nmsuSnrsinsnanssanislng (Telemedicine), $13e
FAUIMTHAINRAI83T, F1N1IDATIVRDUTUADWAIIEINTY

a U J
USNT IO TALIUT

PU3 viuiEninuadwiindudinoaeuuaidunisdivlye | 447 0.620 0.744
vimindegidun 13w miaatuaauludiuds 9 nsldyans

BSunAITueN ﬂ’]ﬂ"ﬁ"].!ﬂﬂﬂﬁilﬂ”ﬁ’liu?ﬂu

PU4 ﬁmj?ﬁn’huaﬂw'ﬁLﬂfuﬁ%ﬁmamuﬂ“ﬁasﬂﬁmsm 454 0.604 0.729

' @ o a =&
Ii\'ﬁN mma‘uadmugﬂmaammuummzazmn‘nu

N38RIUAINAIAKI (Confirmation) (Cronbach’s alpha = 0.778)

CF1 YiuAa IS AL MU0 a U N R A TUATINTA L LA 4.41 0.614 0.790
Wuldaaunriiuaiands

CF2 rinuAaindszaunmyaivasvinulunslituad watatuds 4.34 0.583 0.803

TIBADWWATNINNYINUANARII LT

CF3 riuaanUszlaminrinwlasuanmaltua UnaiaTuds 4.40 0.666 0.675
BRI L auNTIuaIarIT 1Y

CF4 YiNuAnaNUIeauUNIIaiuadring mybiuoUnainTud 4.39 0.595 0.746
STrRamwaanINNviTuaanIs L ivinldvinuun lsaweuiale

ATINNIUIARNE

anunsnala (Satisfaction) (Cronbach’s alpha = 0.800)

ST1 vihuianawelanunssimaesuelnintudinoaawua|  4.43 0.601 0.722
ST2 thjﬁﬂaLfialifmmaﬂwaLﬂ“fi’%ﬁ%‘iwmaul,uﬂluﬂﬁm 4.47 0.620 0.748
T5aWenLa

ST3 vuiswalanumslfnuuadnaiaTudsNraawiug 4.47 0.572 0.734

NUITAUNTANI LTI RN

ST4 Vimﬁmﬂé’@%ﬂagﬂﬁaamﬁﬁmw I UNALATY 4.49 0.581 0.802

CepRb ) amualummﬂww HIUR

AN LR 1T et BLTa (Continuance Intention) (Cronbach’s alpha = 0.784)

cl1 vnuianuaslaiazlduoUwainsuisnoaawuadaly 4.39 0.633 0.769

LA ININLLAN ETL%IEG‘W IR

CI2 YnuwazltuaUnaatuasnonawuada bludn 5 1 4.31 0.608 0.825
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A ' A oA s o o a £
@19197 1 dnady andeauwuaIgn diinesalsznoy MsNUsEENTuaaNNTaINIaULNTUAS
fanuudsdnuvesaIasiatanlsluidazilady (da)

A0 Mean | Std Deviation | Factor Loading

cI3 ez laianlFuuawaatuas A nualunsIN 4.29 0.631 0.839
T53weunads N

AMNAILINDL U (Intention to Recommend) (Cronbach’s alpha = 0.811)

IR1 thamm:w‘l@]a:vl,sl,%amnLﬁmﬁ'um{l,%l,l,aﬂwal,ﬂ%'u 4.26 0.613 0.806
AINTADWLIA

IR2 ¥iua mmumzﬁwLLmJ‘w'ﬁLﬂﬁuﬁ’%ﬁmaumﬂlﬁﬁmﬁ 4.24 0.678 0.806
IR3 vinmazmivayuliidonua gl fuedwitadu 4.29 0.696 0.801
AINTADULIA

IR4 'Yhm:l,m:ﬁ,’]LLaﬂwaLﬂ%’%ﬁ%ﬂ"ﬁﬂamuﬂmﬂﬁ;ﬁumma 4.22 0.725 0.790
AU 1NTITH

1J32@Nn5aN (Efficiency) (Cronbach’s alpha = 0.701)

EF1 vinusnunsaldian lsmadn lsnuie U waasuds e 4.11 0.740 0.676
AOULUA bABENITIALSY

EF2 thﬁm’m,aﬂwaLﬂ%’%ﬁ?ﬁ’mﬂaummmmwaé’wﬁagah 4.11 0.714 0.774
udazduaeanldatneTiag

EF3 vinusnunsamanudnlansltnuuednae s uds e 4.20 0.722 0.661
AEUUA LFBENITING

EF4 vinusansaduwmnudsivnudasmsluwedwiiasuds 419 0.718 0.733

i’mﬂaumﬂ"lﬁasi'mmL‘%’JLLa:Qn@Tm L% MITHARNLATI
e b FauNIaRI FaunIuen udn

AMNUTaNo (Reliability) (Cronbach’s alpha = 0.750)

RE1 vinuAainuwadwansudsnoaauiualnil aaﬁagaﬁa 4.33 0.687 0.842
v v U v { a l§ 1 g: )
szuulvxmminmﬁa"lmmww:;dﬁﬁammmu LT

MITMTITNTA IO UNELATH ﬁﬂ'ﬁmuqun'ﬁlﬁ'}ﬁa

RE2 ﬁmﬁwjmaﬂw'ﬁm%’uﬁ%ﬁmaumﬂﬁmmgﬂﬁama: 4.33 0.701 0.800
LL&ius‘]ﬂumsLLamﬁaga Wi @1TIINTHARNIY ANLLRVA?

s = & v
N1ITUUINT LD wew

RE3 YINuAaIuaUnWaLasudI N TaamualIsuuInen 4.26 0.642 0.756

ANNUaaan N Rz FY

AMANLTHEINA (Privacy) (Cronbach’s alpha = 0.719)

PC1 ¥INuAaINwaU W AT uAI TR WUANNNTINEAINN 4.39 0.641 0.719
Uasans sansa dnilesdayadmanineanuyvinu i Uszia
MITNB, FINTNMIINE Ansidsvanawd lTnuwaynae

Fuuazlimavaayanaihfdoyavadinuian

PC2 YNWAAILaUWALATWAIINITA WL LA bt TlaLN ﬂiagamu 4.45 0.603 0.661

uqﬂﬂmjawi'm"l,ﬂ51'\1Lma'aﬁulﬂﬂvlsjvl,@i”%'ummﬁwam
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A ' A oA s o @ a £
@19197 1 auady andeauwuaIgn eininesndsznay MmsuLsEENsuaannTaInIauLNTUAS
fanuudsdnuvesaIasiatanlsluidazilady (da)

A0 Mean | Std Deviation | Factor Loading

PC3 thﬁmmaﬂwamfuﬁ%‘nmaumm:vl&il,l,ﬂaﬂuﬁaga 4.43 0.616 0.745
quﬂﬂamammlﬁﬁ'uqﬂﬂaﬁu B} m‘smmﬁa;&ammﬁm

@ a N v A a a
1‘1&%;3%%';:1@1 F9TN

PC4 vhufainualnaiatudsnanauualni] au“ﬁagmﬁ PNy | 4.44 0.641 0.778

woanTIuMIlTuaUnRLATUDEIYNK 1TW MIRaUMIUARINE

AANITONVDITEUY (System Availability) (Cronbach’s alpha = 0.825)

SA1 ﬁwuﬁﬁﬂdmaﬂwﬁ WATUASTI TR W UWARINTDLD AT

NWERIN LU NRLAT LR EI WA lanIwi

SA2 Yhuiﬁﬂd’m,aﬂwaLﬂ"ffuﬁ%’mﬂauLuﬂvl;imeaﬁ@wm@ 3.64 0.924 0.824
FLRIIMITEIH

SA3 Yhuiﬁﬂd’m,aﬂwam"ffuﬁ?ﬁ‘maumﬂvlaiﬁws:vsd'mﬁvhu 3.38 1.136 0.860
Iu

SA4 Yinusnu TN fI M I uLeUNEnTUAS TR MUALE | 3.90 0.711 0.704
ARDALIAN

ms%’ufizﬂznm‘saﬂaﬂ (Perceived Waiting Time) (Cronbach’s alpha = 0.719)

PWT1 thjﬁﬂ'jﬁw:naﬂums‘saﬁmﬂm avinuld 4.26 0.651 0.775

LAUNRLATUAIITITADULUA

PWT2 Vi'mf'éﬂ'j'mﬂmmlumﬁiaﬁ'sa@m WauaUwalaTw 4.29 0.682 0.764
Tu FanTaounalnsudaaurinwiduizas 9 15w N

A a YR A v A A & a o a
L@]a%LNalﬂﬂﬂGﬂﬁJ@ﬁ'Jﬂ NIILLAILADWLNUBDDIAIDIISELI W

PWT3 thf'éﬂ'j'mﬂm N UN1370AI8089 L awaUNRLATH 4.35 0.641 0.784

FINTABUUA FNITUTITNWIUAUMTTONTALAN

5.2 NMINAFDUANNAFIHINNIY

5.2.1 N133LATIZRNIINANBULBILAWALN991Y (Regression Analysis)

5.2.1.1 anudunniszninennuaslaldiuagidaiiiosazanuaslafiazunssir navasmsdemey
mMynanes wuin ulidasy fa anuaslaldiuagisdaiias uazdaudsany de anumilafiazunsii e
AsandlszautpiAumiada p = 0.000 (F1, 208) = 19.301 lasdudsanuashaldnuaidaiiiasluns
I dudimuannuinudsesdulsnnuasafiazuusinlasfidnanuduuyssassaudsany (Adjusted R?)
{Hlufouas 22.10 (Adjusted R? = 0.221, F1, 208) uaziArdudszdntnisnanasvaisaudsdass (Beta) winriu
0.201 tadtazfiuaziBua vasdndsdaszwuin anuaslelfuegnsdatiioslunsldsonanisinde

anuaslanazuuzin
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AN 2 MTIATITAHNANFDANNVBYTUTIUVBIANNRNANWTIzRI9TadAN N lal T uasdaLitasn

FINRGDAINNAIbINATUIN

Model Sum of Squares df Mean Square F Sig.
Regression 5.233 1 5.233 19.301 0.000
Residual 56.391 208 0.271
Total 61.624 209

TR 3 MIeTiRanIEDATsInNNENRHE TRt uanuaslalEuagasaties
fisanadaninuailafiazumnsiin
Variable anaaslenazuuzii (IR)
B SEB B T Sig.
anueslalfiuagodaiios (Cn 0.303 0.069 0.291 4.393 0.000**

*p < 0.05, **p < 0.01

5.2.1.2 @m11é’uﬁ’uﬁ‘ﬁ?w’mmiﬁuﬂ’ummmwi’aLLa:mﬁuﬁﬁJiﬂmﬁ NRUBINTAATEANNTNAN DY
Wy daudsBase fia matiuduanuaands uazdaudsana da mysuidselomt afinsanfiszauivinday
M9RHA p = 0.000 (F1, 124) = 19.387 lasdudsmsbuduanuaanislunmsitiduarmnuannuiuudsvas
éT’JLLaJimi%‘ugTﬂi:Iwﬁ lasfifanunuidswesniudsay (Adjusted R? = 0.232, F1, 208) 1iuTasas 23.20
wasfidndulsraninisnanasvasaaudsdase (Beta) 1riniu 0.292 etk oasidon vasdaudsdasy

WU MIDHTUANANARII Iumﬂ%ﬁdNamdmﬂ@iamﬁufﬂsﬂmﬁ

AN 4 MFIATIZRNANIIRDAANVLLTUTIUTIANN RN AW TERIN9A 8N UG UAIMNANATII

a ' o o (4
NRINNG am’a":‘ugﬂiﬂﬂ"nu

Model Sum of Squares df Mean Square F Sig.
Regression 3.969 1 3.969 19.387 0.000
Residual 42.586 208 0.205
Total 46.555 209

AN319N 5 MIATTANRNIRD AVAIANU TN AT T INIMTE I UANNANARIINFINAG ams%’ug?ﬂsﬂﬂ"ﬁﬁ

Variable ananslanazunzsin (IR)
B SEB B T Sig.
M3EBEUANNAIARII (CF) 0.289 0.066 0.292 4.403 0.000**

*p < 0.05, **p < 0.01
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5.2.2 N13ILATILRN50AND BNRA (Multiple Regression Analysis)

5.2.2.1 ANUFNABTIIANUNINE L LLazmi%'uj’iJi:Iwﬁ@iamméﬁlﬂ"ﬁmuammmﬁaa NATBINTT
Jenzimsnanas Wi daudsdase fa anudanela LLﬂZﬂWi§U§ﬂiZIU‘Hﬁ wazdudsanu da anwuaslald
Nmaddaiias Lﬁaﬁawsmﬁﬁszﬁuﬁfﬂﬁ%’lﬁm p = 0.000 (F2, 207) = 13.710 lagaaudsanuienala uazns
Jujuszlony dudrinuaanuiuidsasdudsanuaslaldnuatnsdaidiasiiszduinindny p wihiu 0.000
WAz 0.807 MUAIAL UaANuRwLU VIR LUIANN (Adjusted R?) LiuTasas 20.80 (Adjusted R? = 0.208 ,
F2, 207) uazfldndudszaninisannasvasaiulsdase (Beta) LYinfL 0.336 was 0.017 awdey tiodases
eazBuauesdnlsiasznuin anafeneals sswamsuandeanuaslaldnuasnsdatiio wazifednnaiug

Uszlouwil hssnasdannuadlaldinuagisdatiios

A3 6 MINATRRKNANMIRRAANULLTUTINTBIANURURUT serIITaduanudanale

LLa:nﬁ%‘ugﬁJiﬂwﬁ@i aanuaslaltuatndaiias

Model Sum of Squares df Mean Square F Sig.
Regression 6.661 2 3.331 13.710 0.000
Residual 50.287 207 0.243
Total 56.948 209

390 7 MIAATRNANIRRATasnNUFNNUE erIetladuanuianala

LLa:nﬁ%‘ugﬁJiﬂwﬁ@i aanuaslaltuatndaiias

Variable anuaslefiazunziin (IR)
B SEB B T Sig.
anuswala (ST) 0.374 0.077 0.336 4.846 0.000**
mysuidselomt (PU) 0.019 0.077 0.017 0.244 0.807

*p < 0.05, **p < 0.01

52.22auFuRusraIn1ITuitzozanveass nssulazlosd n1sduduaiiuaiands
Usgansnw anwihidefia anududines uazanansanvesszuy daanafianels narasmsdiasizims
aanaswudl dudidasr fa nsTuiazzinansenss mtuiUslomd nsbuduanuaiands dezaninw
anurdaiia anuluginga wazanunionuassuy wasdaudsau fa anadanela WeRansondiszau
Wo&1A7Y p = 0.000 (F7, 202) = 10.263 I(ﬂUéf'al,uhﬂ'rs%'uii:ﬂ:nmiaﬂaﬂ n’m%’ujﬂsﬂmﬁ ANIEUEUAIY
mawis anuidefia uszanulududniudmimuannuduulasdudsanufionela Asdutibiay
p L¥iNNL 0.011 0.001 0.044 0.040 Waz 0.026 aNa1aU AA1aNuRNLUTVaIaLLTL (Adjusted R?) 1TuTae
a2 23.70 (Adjusted R? = 0.237, F7, 202) uasJenauszansnisnanesvosdiudsdes: (Beta) (i 0.164
0.223 0.138 0.136 WAz 0.142 au&1aL SuaudsUsesantanuazanundavaasszuy tdanunsariu
fatmue AnuRuLlItaImnlsanaRnela e nfisdutoddn p AL 0.241 uaz 0.938 anwdey
(W1nni1 0.05 ﬁLﬂuﬁ’;ﬁmu@ﬁUéﬁﬁqmmﬁa) wasfldndulssansnsaanesuesfanlsaase (Beta) inriy
0.079 1az 0.005 MURIAL
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TN 8 ﬂ’]i%Lﬂiﬁzﬁwa‘ﬂ’mﬁﬁaﬂ?’]&lLL‘lJi‘]Ji’J‘WDadﬂﬁi%ﬂii:ﬂtlﬂﬂ’]iaﬂﬂﬂ ﬂﬁi%ﬂiﬂ seluaid

MITUTUANNANATII UTZRNTAW ANULTaT0 AN TURINGD LazANUNTaNVBITZUY GanNNNINa ke

Model Sum of Squares df Mean Square F Sig.
Regression 12.063 7 1.723 10.263 0.000
Residual 33.919 202 0.168
Total 45.982 209

AN319N 9 M Lﬂfmﬁwamaaﬁamaammé’uWufizmwﬂa%'ﬂmﬁuﬁixUmmsaﬂaﬂ nﬁ%’uiﬂiﬂmﬁ

MIBRTUANNAIONRII UTENTAN aNNUBatie AU udIndd wazaNUnToN8ITTuUL daanuiinal

Variable anuaslenazuuzii (IR)
B SEB B T Sig.
MITuIzuzIATenay (PWT) 0.146 0.057 0.164 2.553 0.011*
mﬁujﬂsﬂwﬁ (PU) 0.222 0.064 0.223 3.473 0.001**
MILBIBANANARII (CF) 0.136 0.067 0.138 2.026 0.044*
13eENTNIW (EF) 0.070 0.060 0.079 1.175 0.241
anwindeiia (RE) 0.115 0.056 0.136 2.066 0.040*
anutdusiuar (PC) 0.145 0.065 0.142 2.241 0.026*
ANNNTNVBITZLY (SA) 0.003 0.042 0.005 0.078 0.938
*p < 0.05, **p < 0.01
5.2.3 HANTINAFDUANNAFIHITHIVY
HANINARDUANNAFTIUINUIIY LEAIANTI97 9
3197 9 WAMINeRELFNNATIWIUITE
GlatT] AUNAZ 1 HANINATDU
H1 msﬁuﬁummmw‘ﬁﬁ«iamaL%amﬂ@iaﬂﬁ%‘uﬁﬂsﬂwﬂumﬂ’ﬁuaﬂ‘w'§mifu GBI
AINTADWLIA
H2 | mysujuslomisonaBanindannudanelalunsld uedwdiadudsse GISTEN
ABULULA
H3 | msbuguanumanisgsnaidsvindannuianalalunsltuo Unaatsudsny GISTEION
ABULULA
H4 ﬂﬁ%’ﬂfﬂsﬂmﬁdwmﬁamﬂ@iamméiy'ﬂaﬂ‘*ﬁmuashwimﬁaﬂumﬂ‘ﬁ LHEDSIT N
LOUNRLATUAIINTAB LA
H5 | UszanSnmwuaduaUnwaiatugsnatidsuindannuiinalalumsls weUwiiatu Tuauayu
AINTADWLIA
He | anuwidadedinaiisuindonnuienwalalunsld walwiindudsnonauiun aﬁfumgu
H7 | eanudusiumasnaidivindaanuianelalunmsluaUnaiagu GBI

FAINTADULIA
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@3N 9 HANINAFOUFNNAFIUIIUIIY (D)

Glal] ANNAFIN HAN1INATAY
H8 | annunianvadTsuusinalisuIndaanufinalalumsls wedwaintudssnes laiastuayu
ABULUA
Ho | anuitswelassnaBsvindannuaslaldnuassdaiiioslunslduatwatasu GISTEION
AINTADULIA
H10 | mIsuazaznasenasannalinuuandinaidinindannaufawalalunsly GO
LaUNRLATUAIIITAB LA
H11 | anwaslaldauetedaiiiosdonaiisuindannuaslafazupsiinlumsls GO
LaUNWRLATUAIIITAB LA

5.2.3.1 mmé’wﬂ'uﬁsmdwmﬁuﬂ'ua'num@%i’ma:mﬁujﬂiﬂwﬁ NANIINAFOUROAANDINL
1w3TB284 Nie et al. (2023) TzyiIbuduanuaanisaanInguasansivilslomivesninisguniw
muqﬂmnimé"auﬁ (mHealth) luszpz17 vaefiawdsouas Akter et al. (2013) AdnsiTasefigonadansld
NuuIMIgIAIWHBilata (mHealth) an’wwimﬁaﬂudmimyjLﬂumjugﬁﬁﬂﬁﬁas WUIINTEWEUAIN
mwi’afﬁ'sﬂL‘ﬁ11mi%'ujﬂsziMﬂumﬂ%ﬁ%m‘sqmmwmuqﬂmrﬁmﬁaw?i (mHealth) wana1niéi Hsiao and
Chen (2019) fnsuipnuilasoidsnasansldnuegisdatiios (continuance) maau'%miqmmwmuqﬂnmi
\nRaufl (mHealth) NBIINYUYANINITN UM IUNNINLIIMITUTUANUAaR TIFIBNTNALTILINda N TTUS
ﬂiﬂwﬁmaa;ﬂ%@mu’%miqmmwmuqﬂﬂitﬁmﬁ'auﬁ (mHealth) 1TnN%

5.2.3.2 m’méfuﬁufszmnmﬁ'ujﬂsﬂmﬁua:mwﬁuwah NANIINAROUROAARINLINBIFLVDY
Akter et al. (2013) ﬁ?iﬂmﬂa%'ﬂﬁe'mwa@iamﬂ“ﬁmuu’%ﬂﬁqmmwmuqﬂﬂmimﬁauﬁ (mHealth) aghssatiiag
lugrulngiiungud@neldien wodinsivilslomiawmadinindeanuiisnelalumslduinmgunn
muqﬂﬂ*mimﬁlauﬁ (mHealth) 48N31NHNWITHUBS Gu et al. (2018) AnwniTaspidsnadanuelalunsld
NuuInIgrnIwdInduineiilauuilania (Mobile Internet-Based Health Services - MIHS) ag19aoLiies
Lﬁuﬁagamﬂ@”ﬂamJaﬂia‘wmmaﬁﬁu’%miqmmwaauvl,aﬁmuﬁaﬁa Adudwihmsuilslomitntuana
ﬁawalwaa;j’l%a’mu’%msqmmwuuﬁaﬁmﬁuﬁ‘u wuiwnwﬁug‘?ﬂsﬂwﬁdaNaL%amr\@iammﬁawasl,aﬂuaa;jﬂ'sﬂ

5.2.3.3 ANUFNNHBEIZRINNTERITUANUAIARIILAZAMUNINE]Y HANTTNARILRDAARDIND
INHIT8Va9 Nie et al. (2023) ﬁﬂmmﬁmmaauﬂaﬁ'ﬂﬁdwa@iamﬂaJézaslaslumﬂfmuu%miqmmwN'Tu,
qﬂmzﬁmﬁ'auﬁ (mHealth) datftasluszazeny uaasliiAninmstiuduanumanistosanaianalalums
19w u’%miqmmwmuqﬂmtﬁm?iauﬁ (mHealth) 3282817 TIg0AndaINLINWIsHV0I Akter et al. (2013)
ﬁﬂmﬂ%ﬂ?ﬁ'ﬂﬁdawa@iamﬂ:ﬁmuﬁmiqﬂlmwmuqﬂmnﬂﬂﬁauﬁ (mHealth) azha@imﬁaﬂumulmyﬂumjugﬁ
Melaras wuintmIbnguaNuAaRIsFEINaIEIuINdanNuNInela LaziuITBad Gu et al. (2018) ANMA
ﬂa%’yﬁeiaNa@iamm@“T'aslaeluﬂ'miﬁmuu%ﬂ’nqmmwmu’éumaiﬁmuuﬁaﬁa (Mobile Internet-Based Health
Services - MIHS) aghssiatiias Lﬁuﬁagmrm;&”ﬁamjaaTsawmmaﬁﬁu’%miqmmwaauvl,aﬁmuﬁaﬁa At W
msﬁuﬁum’mm@m’fdLﬂuﬁaﬁ'ﬂﬁ'mm@iammﬁawa‘lwaa;ﬂ"ﬁam

5.2.3.4 m'laJé’uﬁ'uﬁ’izwmnﬁ%’ufﬂiz‘[wﬁua:mﬁué?ﬂﬂ%dmaﬂﬁa@imﬁaa NAMINARALENNAF I
myitpuaasliiduniimsivisloninnnildnuuedniintudinsaewua lilasinad sanwaslaldam
atdaLiles TeganndadnuaIwdTuued Lew et al. (2019) dnsindasusuanusuninlfnulafisonade

anuaslaltauagisatitas aas:uumsﬁfwj mmzuuaLﬁﬂmaﬁn?T'uumﬂiuhﬁmiﬁ'ﬂuf&hm:um 8126
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(Cloud e-learning) 284tin@numIIneaslulsanaaniaids wuiwms%’uj’ﬂsﬂwﬁ (Perceived Usefulness)
Vlaivlﬁdwal,%amnasmﬁﬁfﬂéwﬁ'fy,@iamwé'?ﬂﬁlﬁﬁ]zl%mumaﬁwﬁsﬁmwuﬂanﬁ (Cloud e-learning)
agadaiiiaslwindnmled luuuniasuedwiniudinoaeuuaglinusmlngldnuuetniiaduiie
AanTauianz 1 nIanasauiwianany nIgdndhiuuImIniimunnd wisfaum Fofudanssud
duiiumslusnuazdudszsuasldnaan s9o9laildRasandsdninueundesuiuselomiognglsde
NIZUIUNTIGUATTNTWTBIA LAY siawaslﬁms%'ujﬂiﬂﬂ"}juwl&islfﬁﬁﬁ]%'wé’ﬂ“?‘ifs'mwa@iamsé’@%ulﬁmé’umi"ﬁmu
weUwdintuadnadalitos ;ﬂfmuﬁﬁmmﬁumﬂﬁumﬂIuIaﬁ Hum lultnuuadnaiatudsNraawuaaing
@iaLﬁaaﬁwmqwaﬁmmmms%u awiulalunsldom uazauszaanguie vanniinisdseingg
worwatasuindUse lomilumenisldan wi ez laduedfidszlomiluniwau udwinszuuiidadnna
B Toyaliasudan niad asldwmnetuaaulumadn s msuedsann 7 a1 Wl I 3Fnduadwaiadu
BrvaowmaddslomiiReaneiasldrnuagradaiiios

5.2.3.5 AnuFUNUTznIvUszEnT M nuazanufisnels nanImesausunfignunidusadliin
Iszaminwlisonadannuianale dseradumazflFnwlildlianuindyiudasaniam lums
gonadonnuianala iiasnnuuussumuludasouiertudssaninm Sazuuudasoanuiafiuaag
Tasusulssinsaniidandnedn Teseansdasiumuiseuas Herington and Weaven (2009) AN ININ
IRUSMINNIBLENNIaRNS (e-service quality) VosuanIAIRLSNsHINT a9 Iaewla senadenuRinele
vasgndadngls woh Uiza‘n%mwLﬂ%ﬁ?}ﬁ@ﬂﬁﬂﬁmwéﬂﬁmLLa:ﬁmmiﬁﬁvL@T@iauiTn?l UANANNTILATIZA Lol
WuANNFNRURLTIaddlasasaiuszauanuiinalazasgnd gﬂé"]uaa’hﬂi:'ﬁ?ﬂ%mwLﬂummg'mﬁugmﬁ
mands mavhldeauanasgiu 39ldlanelwiiennudsenulaluduan

5.2.3.6 ANUFNRUEITRIIANNTL T A auarauiowels namInasausaaadIfUIIRITHVaS
Meesala and Paul (2018) ﬁﬂmﬂaﬁ'ﬂﬁ'ﬁwa@iaqmmwmsﬂ%mi mmﬁawalwmﬂuﬂnﬂ LRZAINNIITNANG
vosgtholulssweuna wuiwﬂaa‘i’ﬂmmmL%aﬁaﬁawa@iammﬁawalwmﬁﬂaUl%ﬂ%ﬂﬂiidWﬂwuwaﬂszLﬂﬂ
MRIRAW (1% Duwdle) TexaandasiuMuiseuas Al et al. (2017) finuhanuideiioduiasofisinada
anuanalavasliluszuy e-taxation vas1fignu

5.2.3.7 ANNFNABTITRI9ANUTURIUAILAZANUANING LY HAMINAREUFDAASBINLINUIIBUB
Ali (2019) wm’wmmLﬂumué‘sua:mmﬂaa@ﬁwaaﬁagad’mqﬂﬂaﬁwm%amn@iammﬁawahmmﬁfﬂﬁﬂm
Tuusun qmmwu’%mi'ﬁlﬁﬂmaﬁﬂé e-service U lwduasuminenasauimainsanudasansuazlnilas
Tayadiuyanarasgliuinsld lasiinaUnilasdayadudrvasindnm lildgnunldlfadnsldmunzaunie
anfawslasldldTuaunie saandasnunuids Andi 2019) wuianaududiuarvasgliuuunaanasy
Bukalapak.com ginagannuianalavasgnd

5.2.3.8 AUANWUTIZHINIAMUNIBNDDITZUDUAZANNNIND 1Y NANIINAROUENNAZINNNITITY
waaslAnianunianvesszuyliginadannufonale dsoradwmnzflinulildlianuindyiuia
ananeuvasszuulumssonadeaaiionala ilesnnlunmsdnmil nguglfnusiulng a1y 26 -35 1
fanuduiasiumildinaluladualwiindu wszarnuuusaumaludadionuisrnuanunsenedszuy
fazunnaaioanudainsasfadoanuniansesrzuudaudnedn laanamiisesannsasnuawisoyes
Mahadevan and Joshi (2022) ﬁﬂmLﬁaﬂiuﬁuwaﬂszﬂumaaﬁE?]Qmmwms‘lﬁu'%msmaﬁlﬁﬂmaﬁnﬁ
(e-service quality) @iammﬁawalwaag}ﬂﬁ’]LLazmmﬁ'ﬂﬁmaagﬂﬁﬂuu’%umama’mﬂ%’aulﬁiamﬂaauvl,aﬁ‘lu
Uszinadulae wu’j'lmmw%”amaai:uuvl,&iﬁiawa@iammﬁawahﬂumgnﬁ'\ a’mLﬁaGNWQWﬂQU’%Inﬂiuﬂﬁjuawqﬁ
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Anwn 6’1’%\‘1Lﬂ%;ﬂ’ﬁmuﬁuma‘iﬁmﬁﬁmmﬁjmﬂﬂagl,l,ﬁa Vl,livl,é’l,ﬁmmﬁﬁﬁngﬁ'umﬁm:mnamﬂﬁaizﬁuﬁm:éju
AnuRInala

5.2.3.9 anudunuisznitsenuionalauazanuaslaldnuednadaiiias namsnasausanadoeny
%3988 Nie et al. (2023) wuhmwﬁdwala}sidNa@iamwﬁgﬂﬂﬁmuu‘%msqmmwmuqﬂmrﬂmﬁauﬁ
(mHealth) datilasluszuzenn soaadasi1udsn Tian and Wu (2022) fBtazAiasefiinadonnuaslaluns
Iuinsgumwinudefisatnadaifiasasdgsorgiiflsnizoss lanldnseungus ECMAISC uas UTAUT Wi
mwuﬁawalﬁ]dawaL%amn@iamwuéiy'ﬂﬂumﬂ%u%miqmmwmuqﬂmrﬁmﬁ'auﬁ (mHealth) agiadaLilas
waNINANUISY Song et al. (2021) ﬁ'@umua:maauiumm%wqwﬁLﬁai’@mmmL‘%ﬂlumﬂf@mu'%ms
q‘umwmuqﬂmiﬁmﬁauﬁ (mHealth) agsdaitaslunissanslsatesinuinanuiswelagsnaiisuinde
anuaslalunslgusnms mHealth agnsdaiias

5.2.3.10 AnwNNuiEnivmITuiiszsznasenssuazanuiinela nanInaseuranasadIny

%

9398289 Hussain et al. (2019) wuin Jileluunungdaouan (OPD) maﬂiuwmma%’gmaﬂwﬁamu%’ug
szozianTenspi lddInadiuIndeanuisnalavesgiin seandaanunuide Li (2010) wodinsiud
s:m:nmiaﬂaﬂﬁwaL%amﬂ@iammﬁawalwaaﬁfﬂﬁaqL‘ﬁ'msl,umumgﬂ sl,umumgml,aﬂﬁ 18188 (Happy
Valley) 3zina3u %ana1nii Feng et al. (2016) Wuhmiuiszezasenssdinainindaanuianalazed
dlasaslunssenesinlasasluilesanitu dszine@u uaziuiduvas Lahap et al. (2018) AnwIna0d
iwma’m’maﬂaﬂﬁgﬂﬁw%’uj@iammﬁawalawu'jﬂmﬁuiiw:nmsaﬂaﬂe'mwaL%umﬂ@iammﬁdwalwaa
anén laluuIunzasimanmsmadilaluaniaige

5.2.3.11 anudunuisznitsanumlaldiusdisdaiiiosnazanuaslafiasunsiin wanisnasay
FOAARDINLINTWITLVAY Jiang and Lau (2023) ‘wu'j'l;j‘ﬁ'ﬁﬂ'swﬁy‘ﬂﬂ%\ﬂuﬁmiqmmwmuqﬂﬂiﬁﬁmﬁauﬁ
(mHealth) daldagsdatilasmastae Ta%a-19 senasuindeaumlafiesuusinausoudrsldusnagi
FOAAABINUINKIAE Hartono et al. (2021) wuanumlaldiuadnidaiiiassinaouandannuaslefias
LLu:ﬁ,’]LLaﬂwaLﬂ%'uimrmﬂﬁumuqﬂmtﬁmﬁaw?'i (Mobile Telemedicine) lﬁé’éuiﬁ wananit Khayer et al. (2023)

A o & o a o . oA a ° o ol o o
Lua;ﬁmumwmlﬂmmuaﬂwam‘ﬁmamm mammm:uﬂm&aﬂ@amh

6. a‘gﬂwams’ﬁﬂ

v
Aav AR

nuwiseianentasufidaninadennumlaldnuualniiniudsnoaewuaagridaios lagld
LUUF1IR0INITEBEUAINUANANIY (Expectation — Confirmation Model: ECM) Usznauaae mﬁ%‘uﬁﬂiﬂwﬁ
nsfuiuauaianss auionals aumlaldmuagredaiiios LLa:LLmﬁ@]Lﬁm’ﬂaaﬁuqmmwﬁmi
31anNN3ading (E-Service Quality) Usznauds Uszansnw anusinidaia audusings anuniauvas
52uu F91dun13AnB1398159U5u1 0 (Quantitative Research) ludnsmz89n13535815981579 (Survey
Research) %ﬂﬁmuaaumuaau"[aﬁl,‘flum%a{lﬁalumuﬁummamﬁ’agamnﬂa;ué'aasiwuﬁl,ﬂu;ﬁ“ﬁmu
LOUWRLATUWAI N TAD LA I@ﬂﬁﬂﬁagam%mm:ﬁwamaaﬁ@mum:mumﬁ%’mﬁaUT&JSLLmuéWL%ﬁ]gﬂmd
i@ iNaneasauaNATUYIN AL TagfduuuuuraUmuIES 210 70

HaM Tl snIaaaAga s e idaninadaanuasleldnuned waatuasnaouwuaagg
dauilas wansiemzdnsaififeanudesslunuusisesnnuaianisuaznssansunisldudaiilas
(Expectation — Confirmation Model: ECM) Wui1 338N THUIUANNAIANII LazANNNINDLY FINALTILIN
dannuaslalunsliuanaiatudssoaanun suilsofililddmadannuaslalunsliuadwiiatudsss
AaMUA lawd ﬂaé’amﬁuiﬂs:‘[wﬁ ﬁauﬂa%’ﬂuumﬁ@L?im?]”aaﬁ'uqmmwu’%ms’él,ﬁﬂmaﬁnﬁ (E-Service
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